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Preface

In this book, we fully develop and compare two approaches for the numerical
approximation of exact controls for wave propagation phenomena: the continuous
one, based on a thorough analysis of the continuous model, and the discrete one,
which relies upon the analysis of the discrete models under consideration. We do it
in the abstract functional setting of conservative semigroups.

The main results of this book end up unifying, to a large extent, these two ap-
proaches yielding similar algorithms and convergence rates. The discrete approach,
however, has the added advantage of yielding not only efficient numerical approxi-
mations of the continuous controls but also ensuring the partial controllability of the
finite-dimensional approximated dynamics, i.e., the fact that a substantial projection
of the approximate dynamics is controlled. It also leads to iterative approximation
processes that converge without a limiting threshold in the number of iterations.
Such a threshold has to be taken into account, necessarily, for methods derived by
the continuous approach, and it is hard to compute and estimate in practice. This
is a drawback of the methods emanating from the continuous approach that exhibit
divergence phenomena when the number of iterations in the algorithms aimed to
yield accurate approximations of the control goes beyond this threshold.

We shall also briefly explain how these ideas can be applied for data assimilation
problems.

Though our results apply in a wide functional setting, our approach requires a
fine analysis in the case of unbounded control operators, e.g., in the case of boundary
controls. We will therefore show how this can be done in a simple case, namely the
1 — d wave equation approximated by finite-difference methods. In particular, we
present several new results on the rates of convergence for the solution of the wave
equation with nonhomogeneous Dirichlet boundary data.

Toulouse, France Sylvain Ervedoza
Bilbao, Basque Country, Spain Enrique Zuazua
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Introduction

Motivation

Let €2 be a smooth bounded domain of R” and consider an open subset ® C €.
We consider the controlled wave equation in €2:

Oy — Ay = V), (t,x) ERy x Q,
y:()v (t,x)€R+><8.Q, (D
(3(0,x),9:(0,x)) = (yo(x),y1(x)), x € Q.

Here, y, the state of the system, may represent various wave propagation phenom-
ena as, for instance, the displacement for elastic strings and membranes or acoustic
waves. The control function is represented by v which is localized in the control
subdomain w through x4, the characteristic function of @ in £2.

This work is devoted to discuss, analyze, and compare two approaches for the
numerical approximation of exact controls, the continuous and discrete ones.

System (1) is said to be exactly controllable in time 7 if, for all (yg,y;) €
H}(Q) x [*(Q2) and (y],y") € H} () x L*(Q), there exists a control function
v € L?((0,T) x @) such that the solution y of Eq. (1) satisfies

(T, ¥(T)) = (5,31 )- )

Such property is by now well known to hold under suitable geometric conditions
on the set @ in which the control is active, the domain €2 in which the equation is
posed, and the time 7' during which the control acts.

In the seminal work of Lions [36], in which the Hilbert uniqueness method
(HUM) was introduced, the problem was reduced to that of the observability of
the adjoint system and multiplier methods were derived for the latter to be proved
under suitable geometric restrictions (see also [27, 31] for other types of multipli-
ers). Later, in [3, 5] it was shown that system (1) is exactly controllable in time
T > 0 if and only if (w,2,T) satisfies the so-called geometric control condition
(GCC). Roughly speaking, this condition states that all rays of geometric optics—

Xiii



Xiv Introduction

which in the present case are straight lines bouncing on the boundary d€2 according
to Descartes law—should enter into the control subset @ in a time less than 7.

All along this work we shall assume that (@, €, T) fulfills the GCC. In that case,
for all (yo,y1), (v5,yT) in H} (£2) x L*(£2), the existence of a control function v €
L?((0,T) x @) such that the corresponding solution of Eq. (1) satisfies Eq.(2) is
guaranteed.

The question we address is that of building efficient numerical algorithms to
compute such a control.

Control and Numerics

Of course, this problem is not new, and many articles have been devoted to it.

In the pioneering works [21-23] (see also the more recent book [24]) it was
shown that high-frequency spurious solutions generated by the discretization pro-
cess could make the discrete controls diverge when the mesh size goes to zero.
These results have later received a thorough theoretical study (see, for instance, [28]
in which the finite-difference and finite element methods in 1 —d on uniform meshes
were addressed and the more recent survey articles [16, 52]).

The analysis developed in these articles leads to the necessity of distinguishing
two different approaches, the continuous and the discrete ones. In the continuous
one, after characterizing the exact controls of the continuous wave equations, the
emphasis is placed on building efficient numerical methods to approximate them. In
the discrete one, by the contrary, one analyzes the controllability of discrete mod-
els obtained after discretizing the wave equation by suitable numerical methods and
their possible convergence towards the controls of the continuous models under con-
sideration when the mesh-size parameters tend to zero.

In other words, to compute approximations of controls for continuous models,
there are mainly two alternative paths:

first CONTROL and then NUMERICS

or
first NUMERICS and then CONTROL.

In this book we first focus on the continuous approach, the key point being to
build an iterative process in an infinite-dimensional setting yielding the control of
the continuous wave equation, to later approximate it numerically. To be more pre-
cise, we approximate numerically each step of this iterative process. Of course, this
generates error terms in each iteration that add together and eventually may produce
divergence phenomena, when the number of iterations goes beyond a threshold.

One of the most natural manners to derive such an iterative algorithm is in fact
the implementation of the HUM method that characterizes the control of minimal
norm, by minimizing a suitable quadratic functional defined for the solutions of the
adjoint system. The minimizer can then be approximated by gradient descent algo-
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rithms. This leads naturally to an iterative algorithm to compute the control of the
continuous model that later can be approximated by standard numerical approxima-
tion methods, such as finite differences and elements.

Recently, a variant of this continuous approach has been developed in [9] fol-
lowing Russell’s technique [47] to construct the control out of stabilization results.
According to Russell’s approach, the control can be built as the fixed point of a con-
tractive map, whose contractivity is ensured by the stabilizability of the system. This
leads then naturally to an iterative method for approximating a continuous control.
Note, however, that the control obtained in this manner is not the one of minimal
norm (the one given by HUM) but rather that obtained through Russell’s stabiliza-
tion implies control principle. A similar method has been numerically implemented
successfully in [1] in the context of data assimilation problems for some nonlinear
models as well.

As we shall see, once the iterative algorithm that the continuous approach yields
is projected into the finite-dimensional numerical approximation models, we end
up with a method that is very similar, in form and computational cost, to the one
obtained by means of the discrete approach. The latter consists of building discrete
approximation models whose controls converge to the one of the continuous dy-
namics usually after filtering the spurious numerical components.

The first main advantage of the discrete approach is that it yields approximate
controls that control, at least partially, the approximated numerical dynamics. But
this is done to the price of carefully analyzing the control properties of the finite-
dimensional dynamics, an extra and often complicated task that is not required when
developing continuous methods. As we shall explain, developing the discrete ap-
proach is also computationally relevant since it allows to use much faster iterative
algorithms. The continuous approach is conceptually simpler, however. Indeed, it
superposes the continuous control theory to build an iterative algorithm in the con-
tinuous setting and classical numerical analysis to approximate it effectively, with-
out getting involved into fine controllability properties of the discrete dynamics.

The results we shall present below apply in the much more general setting of
conservative semigroups, for which the wave equation (1) is the most paradigmatic
example. Most of the presentation will then be done in this abstract unifying frame.

Our main results on the comparison of both approaches in the abstract setting are
presented in Chap. 1.

On the Convergence of the Numerical Schemes

Though the results of Chap.1 apply in a very general setting, one of our main
applications is the boundary control 1 —d wave equation discretized using finite-
difference (or finite element) methods; see Sect. 1.7. In such case, the unbounded-
ness of the control operator makes it hard to check the convergence assumptions of
Chap. 1.
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We therefore provide a fine analysis of the convergence properties of finite-
difference methods that do not seem to be available in the existing literature. Thus
in Chaps. 3 and 4 we develop some new technical results on the convergence of the
finite-difference approximation methods for the wave equation and, in particular, on
nonhomogeneous boundary value problems that are necessary for a complete analy-
sis of the convergence of numerical controls towards continuous ones. These results
are of interest independently of their control theoretical implications.

The main difficulty to obtain convergence rates for numerical approximations is
that solutions of the (even in 1 — d) wave equation with nonhomogeneous boundary
data are defined in the sense of transposition.

To be more precise, following [36] (see also [33, 35]), if v belongs to L? (0,7),
the solution y of

atty_axxyzou (tu'x)ERJrX(Oul)u
y(#,0) =0,y(t,1) =v(), t€R,, 3)
(y(O,x),a,y(O,x)) = (070)7 X € (07 1)7

in the sense of transposition lies in C([0,T];L*(0,1))NC!([0,T]; H~1(0,1)).
The proof of this fact is based on a hidden regularity (or admissibility) result for
the solutions ¢ of the adjoint system

att(P_axx(P:fv (I,X)G (OvT)X (071)7
o(t,0) = @(r,1) =0, t€(0,7T), 4)
(@(T,x),drp(T,x)) = (0,0), x € (0,1),

with source term f € L'(0,T;L?(0,1)) (and for f = d,g with g € L' (0, T; H} (0, 1))),
which should satisfy
9e(1,1) € L*(0,T). )

Note that, with these regularity assumptions on the initial data and the source term,
solutions ¢ of Eq. (4) belong to the space C([0,T];H.(0,1))NC'([0,T];L*(0,1)),
but this well-known finite energy property does not guarantee Eq.(5) to hold by
classical trace inequalities. In fact, Eq.(5) is a consequence of a fine property of
hidden regularity of solutions of the wave equation with Dirichlet boundary con-
ditions, both in the 1 —d and in the multidimensional case. Thus, for the analysis
of the convergence of the numerical approximation methods these hidden regularity
properties have to be proved uniformly with respect to the mesh-size parameters.

Hence the sharp analysis of the convergence of the finite-difference approxima-
tions of the solutions of Eq. (3) will be achieved in two main steps:

e In Chap. 2 we study the behavior of the finite-difference approximation schemes
of Eq. (4) from the point of view of admissibility. In particular, we prove a uni-
form admissibility result (already obtained in [28]) that will be needed for the
convergence results. Our proof relies on a discrete multiplier technique. We also
explain how this can be used to obtain sharp quantitative estimates for a uniform
observability result within classes of filtered data.
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e In Chap.3 we present the convergence of the 1 —d finite-difference approxi-
mation schemes with homogeneous Dirichlet boundary data and establish sharp
results about convergence rates. Most of these results are rather classical, except
for the convergence of the normal derivatives.

e In Chap.4 we derive convergence results for the finite-difference approximation
on the 1 —d wave equation (3) with nonhomogeneous boundary data, based on
suitable duality arguments.

Further Comments

In Chap. 5, we conclude our study with some further comments and open problems.
In particular, we comment on the consequences of our analysis at the level of optimal
control problems or the extension of our results to the fully discrete context.



Chapter 1

Numerical Approximation of Exact Controls
for Waves

1.1 Introduction

We present an abstract framework in which our methods and approach apply, the
wave equation being a particular instance that we present in Sect. 1.7.

1.1.1 An Abstract Functional Setting

Let X be an Hilbert space endowed with the norm ||-||y and let T = (T;),cr be
a linear strongly continuous group on X, with skew-adjoint generator A : Z(A) C
X — X, satisfying A* = —A. We shall also assume that A has compact resolvent and
that the domain of A is dense in X.

For convenience, we also assume that O is not in the spectrum of A, so that
for s € N, we can define the Hilbert spaces X; = Z(A°) of elements of X such
that ||A%x||y < e endowed with the norm |||, := ||A®:||x. Note that this does not
restrict the generality of our analysis. Indeed, if O is in the spectrum of A, choosing
a point B € iR which is not in the spectrum of A and replacing A by A — BI, our
analysis applies.

For s > 0, we also define the Hilbert spaces X; obtained by interpolation between
2(AL)) and 2(Al1), which we endow with the norm ||-||,. For s < 0, we then
define X; as the dual of X_; with respect to the pivot space X and we endow it with
its natural dual norm.

We are then interested in the following equation:

y =Ay+Bv, t>0, y(0) =yo € X. (1.1)

Here, B is an operator in £(U,X_), where U an Hilbert space. This operator deter-
mines the action of the control function v € L2, ([0,0);U) into the system.

S. Ervedoza and E. Zuazua, Numerical Approximation of Exact Controls for Waves, 1
SpringerBriefs in Mathematics, DOI 10.1007/978-1-4614-5808-1_1,
© Sylvain Ervedoza and Enrique Zuazua 2013



2 1 Numerical Approximation of Exact Controls for Waves

The well-posedness of Eq. (1.1) can be guaranteed assuming that the operator B
is admissible in the sense of [49, Definition 4.2.1]:

Definition 1.1. The operator B € £(U,X_;) is said to be an admissible control
operator for T if for some 7 > 0, the operator %#; defined on L>(0,T;U) by

T
Ry = / T;_sBv(s)ds
JO

satisfies RanZ; C X, where RanZ%; denotes the range of the map %;.
When B is an admissible control operator for T, system (1.1) is said to be
admissible.

Of course, if B is bounded, i.e., if B € £(U,X), then B is admissible for T. But
such assumption may also hold when the operator B is not bounded, for instance
when considering the wave equation controlled from its Dirichlet boundary condi-
tions. There, the admissibility property follows from a suitable hidden regularity
result for the adjoint equation of (1.1), see [36].

To be more precise, B is an admissible control operator for T if and only if there
exist a time 7' > 0 and a constant C,q 7 such that any solution of the adjoint equation

¢'=Ap, te(0,T), @0)=q (1.2)

with data ¢y € Z(A) (and then in X by density) satisfies

T
| 1B ar < Curligol (13)

Note that the semigroup property immediately implies that if the inequality (1.3)
holds for some time 7*, it also holds for all 7 > 0.

In this work, we will always assume that B is an admissible control operator
for T. As explained in [49, Proposition 4.2.5], this implies that for every yg € X
andv € leoc([O, );U), the solution of Eq. (1.1) has a unique mild solution y which
belongs to C([0,0); X).

Let us now focus on the exact controllability property of system (1.1) in time
T* > 0. To be more precise, we say that system (1.1) is exactly controllable in time
T* if for all yp and yy in X, there exists a control function v € L%(0,T*;U) such that
the solution y of Eq. (1.1) satisfies y(T™*) = yy.

Since we assumed that A is the generator of a strongly continuous group, us-
ing the linearity and the reversibility of Eq.(1.1), one easily checks that the ex-
act controllability property of Eq.(1.1) in time 7* is equivalent to the a priori
weaker one, the so-called null-controllability in time 7*: system (1.1) is said to
be null-controllable in time 7* if for all yp € X, there exists a control function
v € L*(0,T*;U) such that the solution y of Eq. (1.1) satisfies y(T*) = 0.

In the following, we will focus on the null-controllability property, i.e., yy =0,
and we shall refer to it simply as controllability.

In the sequel we assume that system (1.1) is controllable in some time 7* and
we focus on the controllability property in time 7 > T*. To be more precise, we
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are looking for control functions v such that the corresponding solution of Eq. (1.1)
satisfies

y(T) =0. (1.4)

According to the so-called Hilbert Uniqueness Method introduced by Lions
[36, 37], the controllability property is equivalent, by duality, to an observability
inequality for the adjoint system (1.2) which consists in the existence of a constant
Cobs,7+ such that for all ¢y € X, the solution ¢ of the adjoint equation (1.2) with
initial data ¢y satisfies

T*
I olly < Crar [ 1B (0} o (15)

Now, let T > T* and introduce 6 so that 26 = T — T* and a smooth function
n = n(¢) such that

nsmooth, n:R—1[0,1], ()= {(1) 22 I[S\T(o_z(?)]f (1.6)

Of course, using Egs. (1.3), (1.5), and the fact that A is skew-adjoint, one easily
checks the existence of some positive constants C,g > 0 and Cyps > 0 such that for
all initial data @y € X, the solution ¢ of Eq. (1.2) with initial data ¢y satisfies

T
| @15 01 ar < vl (a7

T
Iollx <o [ () 1B (1)} ar (18)

Based on these inequalities the Hilbert Uniqueness Method yields the control of
minimal norm (in L2((0,7),dt/n;U)) by minimizing the functional

1 T
Jp) =5 [ ) 18" 0(0)IF dr+ o, 0, (19)

for ¢y € X, where ¢ denotes the solution of the adjoint equation (1.2) with data ¢y.

Indeed, according to the inequalities (1.7) and (1.8), this functional J is well
defined, strictly convex, and coercive on X. Therefore, it has a unique minimizer
@y € X. Then, if @ denotes the corresponding solution of Eq. (1.2) with data @y,
the function V() = 1(¢)B*®(t) is a control function for Eq. (1.1). Besides, V is the
control of minimal L?(0, T';d¢/n; U )-norm among all possible controls for Eq. (1.1)
(i.e., so that the controlled system (1.1) fulfills the controllability requirement (1.4)).

In the sequel, we will focus on the computation of the minimizer @y of J
in Eq. (1.9), which immediately gives the control function according to the formula

V(t) =n(t)B*D(z). (1.10)
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1.1.2 Contents of Chap. 1

Based on this characterization of @y as the minimizer of the functional J in Eq. (1.9),
one can build an ‘“algorithm” to approximate the minimizer in this infinite-
dimensional setting. For, it suffices to apply a steepest descent or conjugate gradient
iterative algorithm, for instance.

Of course, this procedure can be applied in the context of the example above
in which the wave equation (1) in a bounded domain €2 with Dirichlet boundary
conditions is controlled in the energy space H{ (€2) x L(£2) by means of L? controls
localized in an open subset @. This will be explained further in Sect. 1.7.

Once this iterative algorithm is built at the infinite-dimensional level one can
mimic it for suitable numerical approximation schemes. In this way, combining
the classical convergence properties of numerical schemes and the convergence
properties of the iterative algorithm for the search of the minimizer of J in the
functional setting above, one can get quantitative convergence results towards
the control. Roughly speaking, this is the continuous approach to the numerical
approximation of controls.

Recently, as mentioned above, a variant of this method has been developed and
applied in [9] in the particular case of the wave equation. Rather than considering
the HUM controls of minimal norm, characterized as the minimizers of a func-
tional of the form J, the authors consider the control given by the classical Russell’s
principle, obtained as limit of an iterative process based on a stabilization property.
This iterative procedure, based on the contractivity of the semigroup for exponen-
tially decaying stabilized wave problems, applied into a numerical approximation
scheme, leads to convergence rates, similar to those that the iterative methods for
minimizing the functionals J as above do. Thus, the method implemented in [9] can
be viewed as a particular instance of the continuous approach, see also Sect. 5.2.

The first goal of this paper is to fully develop the continuous approach in a general
context of numerical approximation semigroups of the abstract evolution Eq. (1.1)
based on iterative algorithms for the minimization of the functional J. Explicit
convergence rates will be obtained. These results are of general application for nu-
merous examples, including the wave equation mentioned above, see Sect. 1.7. As
we shall see, these general results are similar to those stated in Theorem 1.3 obtained
in [9] in the specific context of Russell’s principle for the wave equation. However,
the continuous approach we propose, based on the minimization of the functional J,
has several advantages, and in particular the one of being applicable to non-bounded
(but still admissible) control operators B and in particular in the case of boundary
control for the wave equation.

The second goal of this paper is to compare these results with those one can get
by means of the discrete approach which consists in controlling a finite-dimensional
numerical approximation scheme of the original semigroup, in the spirit of the
survey article [52] and the references therein.

To be more precise, let us consider a semi-discrete approximation of the Eq. (1.2).
For all 4 > 0, we introduce the equations
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O =Anpn, 1€ (0,T), @(0)= o, (1.11)

where Ay, is a skew-adjoint approximation of the operator A in a finite-dimensional
Hilbert space Vj, embedded into X. In practice one can think of finite-difference or
finite-element approximations of the PDE under consideration, for instance, 4 being
the characteristic length of the numerical mesh.

We shall also introduce B}, an approximation of the operator B*, defined on V},
with values in some Hilbert spaces Uj,.

Here, we do not give yet a precise meaning to the sense in which the sequence
of operators (A, B;,) approximate (A, B) and converge to it as 7 — 0. We will come
back to that issue later on when stating our main results in Sect. 1.2.

Once the finite-dimensional approximation (1.11) of Eq. (1.2) has been set, one
then introduces the discrete functional

1T .
Do) =5 [ O 1B, dt+ o un)y, (1.12)

where ¢, is the solution of Eq. (1.11) corresponding to data ¢g, € V}, and yy;, is an
approximation in Vj, of yg € X.

Of course, the functional J;, is a natural approximation of the continuous
functional J defined by Eq. (1.9). One could then expect the minima of Jj, to yield
convergent approximations of the minima of the continuous functional J. It turns
out that, in general, this is not the case. Even worse, it may even happen that, for
some data y( to be controlled, the minimizers of these discrete functionals are not
even bounded, and actually diverge exponentially as 7 — 0, see [16, 17, 24, 52].
This is an evidence of the lack of I'-convergence of the functionals J;, towards J.

This instability is due to spurious high-frequency numerical components that
make the discrete versions of the observability inequalities to blow up as 7 — 0,
see, e.g., [38, 48, 50].

However, once we have understood that these instabilities arise at high
frequencies, one can develop filtering techniques which consist, essentially, in re-
stricting the functionals Jj, to subspaces of V}, in which they are uniformly coercive
and so that these subspaces, as & — 0, cover the whole space X, thus ensuring the
I'-convergence of the restricted functionals. These subspaces can be chosen in var-
ious manners: we refer to [12, 28, 41, 51] for Fourier filtering techniques, [42] for
bi-grid methods, [43] for wavelet approximations, and [6, 7, 10, 13] for other dis-
cretization methods designed to attenuate these high-frequency pathologies. In this
way one can obtain the convergence of discrete controls towards the continuous one
and even convergence rates, based on the results in [15], see [16, 17].

But, it is important to note that the minimizers obtained by minimizing the
functionals Jj, on strict subspaces of Vj, do not yield exact controls of the finite-
dimensional dynamics but rather partial controls, in which the controllability
requirement at time t = 7 is relaxed so that a suitable projection of the solution
is controlled. In other words, relaxing the minimization process to a subspace of the
whole space V}, yields a relaxation of the control requirement as well.
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This discrete analysis is based on a deep understanding of the finite-dimensional
dynamics of Eq. (1.11) in contrast with the continuous approach that uses simply the
control results for the continuous system and the classical results on the convergence
of finite-dimensional approximations.

The third and last goal of this chapter is to compare the convergence results
obtained by the continuous approach with those one gets applying the discrete one.
As we shall see, finally, the filtering methods developed in the discrete setting can
also be understood in the continuous context, as an efficient projection of the nu-
merical approximation of the gradient-like iteration procedures developed in the
continuous frame.

Our main results end up unifying, to a large extent, both the continuous and the
discrete approaches.

1.2 Main Results

1.2.1 An “Algorithm” in an Infinite-Dimensional Setting

In the abstract setting of the previous section, let us introduce the so-called Gramian
operator Ar defined on X by

(o, w0) € X*, (Ar¢o, Yo)x = ./(;Tn(f)<B*(P(f)aB*‘l/(f)>Udfa (1.13)

where @(¢), y(z) are the corresponding solutions of Eq. (1.2).

Obviously, this Gramian operator is nothing but the gradient of the quadratic
term entering in the functional J and therefore plays a key role when identifying the
Euler-Lagrange equations associated to the minimization of J and when building
gradient-like iterative algorithms. In particular, @y € X is a critical point of J (hence
automatically a minimum since J is strictly convex) if and only if

Ar@y+yo = 0. (1.14)

Note that this Gramian operator can be written, at least formally, as
T
Ar = / n(r)e " BB*e dr.
0

Under this form, one immediately sees that Ar is a self-adjoint nonnegative operator,
and that it is bounded and positive definite when Eqgs. (1.7) and (1.8) hold.

Of course, estimates (1.7) and (1.8), which guarantee that J is well defined, coer-
cive, and strictly convex, and hence the uniqueness of the minimizer to J, also imply
the existence and uniqueness of a solution @y € X of Eq. (1.14).
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Before going further, let us explain that, when assuming Eqs. (1.7) and (1.8), if
s > 0, for yg € X, the solution @, of Eq. (1.14) also belongs to X and there exists a
constant C; such that

[ Dolly < Csllyolls- (1.15)

This is a consequence of the regularity results derived in [15] obtained for abstract
conservative systems in which the fact of having introduced the time cutoff function
n in Eq. (1.6) within the definition of the Gramian Ar plays a critical role. Other-
wise, if N = 1 our analysis would have to be restricted to bounded control operators
such that BB* maps X, to X, for each p € [0, [s]], see [15].

Note that the results in [15] can also be seen as an abstract counterpart of the
results in [11], which state that, in the case of the wave equation with distributed con-
trols (hence corresponding to the case of bounded control operators), the Gramian
with this cutoff function 1 = 1(r) in time and a control operator BB* € M,~0£(X),)
maps X to X, for all s > 0. The results in [11] are even more precise when work-
ing on a compact manifold without boundary, in which case it is proved that the
inverse of the Gramian is a pseudo-differential operator that preserves the regularity
of the data.

To fully develop the continuous approach to the numerical approximation of
the controls, we implement the steepest descent algorithm for the minimization of
the functional J in Eq. (1.9). But for doing that it is more convenient to have an
alternate representation of the Gramian.

Let ¢p € X and ¢ be the corresponding solution of Eq. (1.2). Then solve

v =Ay—-nBB'g, 1€(0,T), y(T)=0. (1.16)
Then, as it can be easily seen,

Argo = y(0),

where y solves Eq. (1.16) and ¢ is the solution of Eq. (1.2).
The steepest descent algorithm then reads as follows:

e [nitialization: Define
@ =0. (1.17)
o lteration: For ¢f € X, define ¢} "' by

k+1

05" = o5 — p(Areh + o), (1.18)

where p > 0 is a fixed parameter, whose (small enough) value will be specified
later on.

We shall then show the following results:

Theorem 1.1. Let s > 0. Assume that the estimates (1.7) and (1.8) hold true.
Let yo € X5 and @y € X be the solution of Eq. (1.14).



8 1 Numerical Approximation of Exact Controls for Waves

Then setting po > 0 as

2
PO= s (1.19)
ngCZ

obs

forall p € (0,py), the sequence (p(’)‘ defined by Egs. (1.17) and (1.18) satisfies, for
some constant & € (0,1) given by

§(p) = \/1—2C%+p2cgd, (1.20)
obs
that for all k € N,
|0t — @0 <8 lyolly - (1.21)

Besides, @y € X, and for all k € N, the sequence (p(')‘ belongs to X;. The sequence
(p(l)‘ also strongly converges to @ in X and satisfies, for some constant Cs indepen-

dent of @y € X5 and k € N:
H<p{§—<poH <C(14+K)8 yoll,, keN. (1.22)
s

The first statement (1.21) in Theorem 1.1 is nothing but the application of the
well-known results on the convergence rate for the steepest descent method when
minimizing quadratic coercive and continuous functionals in Hilbert spaces [8].
However, the result (1.22) is new and relies in an essential manner on the fact that
the Gramian operator preserves the regularity properties of the data to be controlled,
a fact that was proved in [15] and for which the weight function n = 1(¢) plays a
key role.

Also note that the results in Theorem 1.1 are written in terms of the norms of yy,
but we will rather prove the following stronger results (according to Eq. (1.15)):

o= o < & llaully. (1.23)
and’ if )’0 € XY’
o= | <c+r)8 @), kew. (1.24)
N

Of course, these convergence results also imply that the sequence v* = nB*¢*,
where ¢@* is the solution of Eq. (1.2) with initial data (p(’)‘, converge to the control V
given by Eq. (1.10):

Hvk—V < C8* [lyolly - (1.25)

L2(0,T;dt/n;U)

Note that, in general, Eq. (1.22) also gives estimates on the convergence of V¥ to-
wards V in stronger norms when the data yo to be controlled lies in X; for some
s> 0.



1.2 Main Results 9

1.2.2 The Continuous Approach

Following the “algorithm” developed in Theorem 1.1, we now approximate the
sequence (p(’)‘ constructed in Eqgs.(1.17) and (1.18). A way of doing that is to in-
troduce operators A, and By, as above and to define the discrete operator

T
ATh = / n([)eilAhBhBZetAh dr.
0

To be more precise, we shall assume that we have an extension map Ej, : V), = X
that induces an Hilbert structure on V;, endowed by the norm || ||, = || Ep,- ||x. We
further assume that, for each 2 > 0, Aj, is skew-adjoint with respect to that scalar
product, so that Ay, is self-adjoint in V,.

Classically, for the numerical method to be consistent, it is assumed that for
smooth initial data @ € Ng=0X;, (EpR; — Id)@ strongly converge to zero in X as
h — 0, where Ry, is a restriction operator from X to V},. But for our purpose, we need
a slightly different version of it (though of course they are related), see Assumption 2
in Eq. (1.29) below.

Here, we shall rather assume the two following conditions:

Assumption 1. There exist s >0, 6 > 0 and C > 0 so that forall z >0

IExRr@olly < Cllgolly, ¢€X, (1.26)

[(ExRy —1dx) @olly < Ch® [lpols, @ €X,, (1.27)
|ExArnRreollx < Cllgolly, @ €X, (1.28)

| (EpAriRy, — ExRWAT) @ollx < ChO ||l@oll,, @ € X, (1.29)

Assumption 2. The norms of the operators Az;, in £(V},) are uniformly bounded
with respect to & > 0:

G = Sup [ Azn| oy < =, (1.30)
h>0

where, when i = 0, we use the notation Vy = X and Arg = Ar.

Before going further, let us emphasize that Assumption 2, though straightforward
when the observation operators are uniformly bounded with respect to the £(X;,,Uj,)
norms, is not obvious when dealing with boundary controls, for instance. Indeed, in
that case, one should be careful and prove a uniform admissibility result (here and in
the following, “uniform” always refers to the dependence on the discretization pa-
rameter(s)). Also note that Assumption 2 together with Eq. (1.26) implies Eq. (1.28).

We now have the following result:

Theorem 1.2. Assume that Assumptions 1 and 2 hold. Define p; by
p1 = min{pg,2/%2}, (1.31)

where py is given by Theorem 1.1.
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Let p € (0,p1). Let yo € Xy and (yon)n>0 be a sequence of functions such that for
allh >0, yop, € Vj,.

For each h > 0, define the sequence (p(])‘h by induction, inspired in the statement
of Theorem 1.1, as follows:

9, =0, ke N, gl = gl —p (Arnohy+yon) (1.32)

Then consider the sequence (p(')‘ defined by induction by Egs. (1.17) and (1.18)
with this same parameter p.
Then there exists a constant C > 0 independent of h > 0 such that for all k € N,

| Bl — 08| < k11 Exson = volly + Clr® ol (1.33)

Then, using Theorems 1.1 and 1.2 together, we get the following convergence
theorem.

Theorem 1.3. Assume that Assumptions 1 and 2 hold.
Let yo € Xy and p € (0,p1), p1 given by Eq. (1.31). Let (yon)n>0 be a sequence
such that for all h > 0,

| Enyor —yollx < Ch® ||yoll; - (1.34)

Then, for all h > 0, setting

e | olog(h)
K¢ = {elog@J, (1.35)

where 0 is given by Eq. (1.20), we have, for some constant C independent of h,

K(,’
| Exeni — @] < Cltog(m™h o], (136)

where (péi’({ is the Kj -iterate of the sequence (p(])‘h defined by Eq. (1.32).

This is the so-called continuous approach for building numerical approximations
of the controls.
At this level it is convenient to underline a number of issues:

e The approximate controls we obtain in this way do not control the discrete
dynamics or some of its projections. They are simply obtained as approxima-
tions of the continuous control by mimicking at the discrete level the iterative
algorithm of Theorem 1.1.

e The result above holds provided the number of iterations is limited by the
threshold given by Eq. (1.35). Indeed, in case the iterative algorithm would be
continued after this step, the error estimate would deteriorate as the numerical
experiments show; see Sect. 1.7.
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As mentioned above, the algorithm above and the error estimates we obtain are
similar to those in [9] where the iterative process proposed by Russell to obtain con-
trollability out of stabilization results is mimicked at the discrete level. The number
of iterations in [9] is of the order of | 6|log(h)|m], where m is a constant that en-
ters in the continuous stabilization property of the dissipative operator A — BB*, and
the error obtained that way is 4%|log(h)|>. But the results in [9] apply only in the
context of bounded control operators and they do not yield the control of minimal
L?-norm, whereas our approach applies under the weaker admissibility assumption
on the control operator and yields effective approximations of the minimal norm
controls (suitably weighted in time).

Note that estimates (1.36) also imply that the sequence vh =nB; (ph, defined for

k >0 with @f(¢) = exp(tA,) @k, satisfies that vh is close to V in Eq. (1.10) with
some bounds (usually the same) on the error term. We do not state precisely the
corresponding results since it would require to introduce further assumptions on the
way the spaces Uy, approximate U.

1.2.3 The Discrete Approach

As we have mentioned above, the discrete approach is based on the analysis and
use of the controllability properties of the approximated discrete dynamics to build
efficient numerical approximations of the controls.

The main difference when implementing it is that it requires the following
uniform coercivity assumption on the Gramian operator:

Assumption 3. There exists a constant ¢ such that for all 2 > 0 and ¢, € V;,

lponlli < € (Aznon, Pon)» (137)
where, for 1 = 0, we use the notation V) = X and Arg = Ar.

Note that Assumption 3 states the uniform coercivity of the operators Ay, or
equivalently, the uniform observability for the approximated semigroups. This as-
sumption often fails and is only guaranteed to hold in suitable subspaces of V,
after applying suitable filtering mechanisms (see [16, 23, 24]). Indeed, the classi-
cal numerical methods employed to approximate Ar by Az, that are usually based
on replacing the wave equation by a numerical approximation counterpart usually
provide discrete operators Az, that violate this uniform observability assumption.
Hence providing a subspace V}, satisfying Eq. (1.37) requires a careful analysis of
the observability properties of the discrete dynamics, a fact that is not necessary
when developing the continuous approach.
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In any case, under Assumption 3, we can prove the following stronger version of
Theorem 1.2:

Theorem 1.4. Assume that Assumptions 1, 2, and 3 hold. Define

2

S — 1.38
e =8

P2

and consider p € (0,p2). Let yo € 2(A*) and (yon)n>0 be a sequence of functions
such that for all h > 0, yo, € Vj,.

For each h > 0, define the sequence (p(])‘h by induction as in Eq. (1.32). Then con-
sider the sequence @ defined by induction by Eqs. (1.17) and (1.18) with this same
parameter p.

Then there exists a constant C > 0 independent of h > 0 such that for all k € N,

| Enel, — 0b, < (1Ewyon —ollx +4° 3ol ) - (1.39)

Then, using Theorems 1.1 and 1.4 together, we get the following counterpart of
Theorem 1.3:

Theorem 1.5. Let us suppose that Assumptions 1, 2, and 3 hold.
Let yg € X; and p € (0,p3), p2 given by Eq. (1.38).
Let (yon)n>0 be a sequence such that Eq. (1.34) holds.
Then, for all h > 0, setting

Kl =[O0 — (o) Lol | o)

where § is given by Eq. (1.20), we have, for some constant C independent of h and k,

| Eaely— || < cn®lyol,, k> K, (141)
where (p(l)‘h is the k-iterate of the sequence (p(l)‘h defined by Eq. (1.32).
Note that, under Assumptions 1, 2, and 3, for all yy;, € V}, the equation
Arn@on + yor =0 (1.42)
has a unique solution @, on which we have a uniform bound:
1ol < € [lyonl (1.43)

where % is the constant in Assumption 3.

Now, since k can be made arbitrarily large in Theorem 1.5, if yg € X; and yqy,
denotes an approximation of yg that satisfies Eq. (1.34), setting @, the solution
of Eq. (1.42), we have

I En®on — Dol < CR® [yl (1.44)
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where @y is the solution of Eq. (1.14). Indeed, in that case, it is very easy to check
that at 2 > 0 fixed, as k — oo, the sequence q)(’)‘h converges to @y ;, given by Eq. (1.42)
in Vj, see, e.g., Theorem 1.6.

This is the convergence result obtained in [16], using another proof, directly
based on the smoothness of the trajectory of the minimizer @, when yy € X;. We re-
fer to [16] for numerical evidences on the fact that the convergence rates (1.44) are
close to sharp. We will also illustrate this fact in Sect. 1.7.

1.2.4 Outline of Chap. 1

Chapter 1 is organized as follows. In Sect. 1.3 we prove Theorem 1.1. In Sect. 1.4
we give the proofs of Theorems 1.2 and 1.3. In Sect. 1.5 we prove Theorems 1.4
and 1.5. We shall then compare the two approaches in Sect. 1.6. In Sect. 1.7 we
present some applications of these abstract results, in particular to the wave equa-
tion. In Sect. 1.8 we show that some data assimilation problems can be treated by
the methods developed in this book.

1.3 Proof of the Main Result on the Continuous Setting

This section is devoted to the proof of Theorem 1.1. We shall then fix 7 > 0 so that
estimates (1.7) and (1.8) hold. Given yy € X, @y € X is chosen to be the unique
solution of Eq. (1.14).

Let then (p(’)‘ be sequence defined by the induction formulae (1.17) and (1.18).

1.3.1 Classical Convergence Results

First we prove Eq. (1.23) which is classical and corresponds to the usual proof of
convergence of the steepest descent algorithm for quadratic convex functionals. We
provide it only for completeness and later use.

Proof (Proof of estimate (1.23)). Using Eq. (1.18), and subtracting to it @y, we get
90— @0 = @ — Po— p(Arg) +y0) = @ — Do — pAT(9f — Pp),  (1.45)

where the last identity follows from the definition of @, in Eq. (1.14).
But, for any y € X,

11— pA)Wx = vk —2p ATy, w)x +p? | Ar vk -
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Hence, using that Eqgs. (1.7) and (1.8) can be rewritten as

1/2

Ap <C
cgbs”‘””" [a2v][} < clviz.
we get that
- parwli < (1-25-+p%Ck ) vl (1.46)
obs

Note that, according to Egs. (1.7) and (1.8), C% .C2, > 1 and thus for all p > 0, the
quadratic form 1 —2p /C%  + p*C,; is nonnegative.

Thus, for any p > 0 such that p € (0,pg) with pg as in Eq.(1.19), and setting
6(p) as in Eq. (1.20), 6(p) belongs to (0, 1) and

(I = pA7)|l ¢(x) < 8(P)- (1.47)

From Eq. (1.45), we obtain
H(P —@p| < Q) — Dy (1.48)

Of course, Eq. (1.48) immediately implies Eq. (1.23). a

1.3.2 Convergence Rates in X;

Here, our goal is to show the convergence of the sequence (pg constructed in
Egs. (1.17) and (1.18) in the space Xj.

Proof (Proof of the convergence in X;). When s € R, the convergence esti-
mate (1.24) is deduced by interpolation between the results obtained for |s| and [s].
Hence, in the following, we focus on the proof of Eq.(1.24) for integers s € N.
Besides, the case s = 0 is already done in Eq. (1.23) so we will be interested in the
case s € Nand s > 1.

Step 1. The Gramian operator maps 2(A*) to (A*). For y € X, introduce the
function ¥ € D(A) defined by A¥) = yp. Then the solutions ¥ and v of Eq. (1.2)
with corresponding initial data ¥ and yy satisfy, forallt € (0,7), W' (1) = AV (r) =
y(r).

Hence, if @y € Z(A) and y € X, denoting by ¢ the solution of Eq.(1.2) with
data ¢,

(AT o, vo)x =/ n(t 1),B*Y 1))y dt
= —/O n(t)<B*<p’(t),B*‘P(t)>udt—/OT n'(t)(B*(t),B*¥(t))y dr.

Of course, using Egs. (1.7) and (1.3), this implies that
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[(Ar g, yo)x| < ChallAgnlx 196 1x + | '[] - Char loollx ¥l
< Aol 4~ volly (Gt Clar 111 14 L)) -

Therefore, Ay maps Z(A) to itself.

Of course, the case of an integer s € N strictly larger than 1 can be treated sim-
ilarly and is left to the reader. Then, by interpolation, this also implies that for all
s > 0, Ar maps X; to X;.

This step already indicates that for each k € N, (p(’)‘ constructed by the induction
formulae (1.17) and (1.18) belongs to X, provided that yg € X;.

Step 2. First estimate on the commutator [Ar,A). Take @p and yp in Z(A). From
the previous step, we know that [A7,A]@y € X, and we can then take its scalar prod-
uct with yp € Z(A):

([AT,A] @0, Wo)x = (ATA@o, Wo)x — (AAT o, Wo)x
= (A7A@o, Yo)x + (A7 @0, AWo)x

T
[ 0005y [ 0 en.sy o
[T By

where ¢ and y are the solutions of Eq.(1.2) with data ¢y and yp, respectively.
Hence, using Eq. (1.3), we obtain

|([A7,Alo, wo)x| < Coar 0[] = @l I wollx (1.49)

and the operator [A7,A] can be extended as a continuous operator from X to X and
ITAT,Alll e x) < Caar [ - (1.50)

Step 3. Convergence in 2(A). Apply A in the identity (1.45):

Aol = @) =A(of — @) —pAAr (g — @)
=4 — @) — pArA(gh — @)+ plAr.Al(9f — @0). (151)

Then, using Egs. (1.47) and (1.50), we obtain

[#(o8" = an)], = 5[ (oh ~av) |, +21Ar Al | (46 - av) .
(1.52)

and, using Eq. (1.23),

4 (o —0)|| <5]a(of—a)| +p8"lAr.All e I@olly-
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Therefore,
[ (ot =), ~ 5 4 (o6~ 90) ], < §0ar Al vl
5k+1 )% (U = g AT Alllex) 1%0llx -
Summing up these inequalities, we obtain, for all k € N,
Alpt— <8 ||AD, PR Az.A D 1.53
P~ )| = [Ady|[x + 5 [[A7,Alll g x) [ Dol ) - (1.53)

Step 4. Higher-order estimates (1.24). They are left to the reader as they are very
similar to those obtained in Eq. (1.53). They are obtained by induction for s € N.
The idea is to write

A* (fp"“ <1>o) = (I—pAp)A® ((p(')‘ - @0) + plAr,A%] ((p(')‘ — qso) ,

and use the fact that [A7,A*] is bounded as an operator from Z(A°~!) to X, which
can be proved similarly as in Step 2. Then one easily gets that

(o)l s o)
+pll[Ar.A%] 1),x) ‘ At (‘Pk+1 q"’) H

An easy induction argument then yields Eq. (1.24) for all s € N.
To conclude Eq. (1.24) for s > 0, we interpolate Eq. (1.24) between the two con-
secutive integers |s] and [s7]. O

Remark 1.1. Note that, actually, the smoothness 11 € C*(R) is not really needed to
get Theorem 1.1. The assumption n € CI*/(R) would be enough.

Also note that, when BB* maps Z(AP) to 2(AP) for all p € N, one can even
choose 1 as being the step function 1(¢) = 1 on (0,7*) (where T* is such that the
observability estimate (1.5) holds) and vanishing outside (0,7*).

These remarks are of course related to the fact that in these two cases, the needed
integrations by parts run smoothly, similarly as in [15].

1.4 The Continuous Approach

In this section, we suppose that Assumptions 1 and 2 hold.
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1.4.1 Proof of Theorem 1.2

Proof (Theorem 1.2). In the following, we use the notations introduced in Theo-

rem 1.2. All the constants that will appear in the proof below, denoted by a generic

C that may change from line to line, are independent of 4 > 0 and k € N.
Subtracting Eq. (1.18) to Eq. (1.32), we obtain

Pon —Ru0g" = 00— Ru0b—p (Yon—Riyo) —p (Arhfpgh—Rh/\T(Pg)

= (1-pArs) (@ly—Ru9) =P Gon—Ruvo) + p (RuAr — AruRy) 9.

Hence,

i !, = - (o~ ),

+p |[yon — Ruyoll, + P H(RhAT —ATth)(Pth- (1.54)

But, for ¢, €V},

1/2
10— pAronll = lowl —20 [ As20| + 0% IArsonl

1/2
= ol 20 [AsZon + 0% NArsonl

ol

< ol —20 [z’ +02 4107,

Hence, if we impose p € (0,p;), where p; = min{py,2/%2} as in Eq.(1.31)
(with @,q given by Assumption 2),

—2+pHA‘/2H S 2HpE <
and then for all ¢, € V,,
17— pAzi)gully < llall7- (155)
Accordingly, for p € (0,p1),
H(I— pA7h) ((p(];h _Rh(P(I){) Hh < H ((P(Ifh —th)(]f) Hh : (1.56)
Equation (1.29) in Assumption 1 also yields

H(RhAT — AraRy) (ngh <ch® Hq)(’; S (1.57)
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Using the fact that, according to estimates (1.15), (1.24), there is a constant C
independent of k and /& > 0 such that for all k € N,

6] < clivoll, (1.58)

we derive

H(RhAT—ATth)<p{§Hh < Ch® |lyoll, (1.59)
Thus, using Eqgs. (1.54), (1.56), and (1.59), we obtain

H‘P{;h+1 —Rh(P(I)(HHh < H‘P(l)(h—Rh(PSHhJFP 1yon — Riyoll, + Cph® [|yoll,,  (1.60)

where C is a constant independent of k and 2 > 0.
Summing up Eq. (1.60), we obtain

|Enely— Eaoof]| = | ol —Ruh | < ko llyon = Ravol, +Cloh? [yol,
Finally, according to Eq. (1.58), estimate (1.27) yields
| Enru— 1)@ || < Il (1.61)

and thus Eq. (1.33) follows immediately. a

1.4.2 Proof of Theorem 1.3

Proof (Theorem 1.3). Using Theorems 1.1 and 1.2 and the estimate (1.34), we
obtain that, for some constant C > 0 independent of 4,

| Eaay— @] < Clivoll, ((1+8)8* +kpn®). (1.62)
We then optimize the right-hand side of this estimate in k, thus yielding approxi-

mately Kj as in Eq. (1.35). Estimate (1.36) immediately follows from the definition
of Kj,. a

1.5 Improved Convergence Rates: The Discrete Approach

In this section, we assume that Assumptions 1 and 2 hold, but also Assumption 3.
Let us recall that Assumption 3, that states a uniform coercivity result for the
discrete Gramians Arj, is not a consequence of classical convergence results for
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numerical methods. It rather consists in a very precise result on the dynamics of the

discrete equations (1.11) which is the key of the discrete approach.

1.5.1 Proof of Theorem 1.4

Proof (Theorem 1.4). It closely follows the proof of Theorem 1.2, except that now,
following the proof of Eq.(1.47), based on Assumption 3, we can prove that, for

p €(0,p,) and
Sa(p) =1/1 —Z%MZ‘K;&,

(I = pAzi)@nll), < 8all@nlly -

we have that

instead of Eq. (1.55).
Consequently, estimate (1.60) can be replaced by

k+1 k+l k k
i, <]

+pHyOh_Rhy0||h+Cph9Hy0||s7 kENu

where C is a constant independent of k and 2 > 0.
Of course, this can be rewritten as

k+1 k+1

5k+1 H‘P Rnpy

1

< —
= Skl
6d

t (pllyon = Riyoll, +Coh 3ol )

SO
k

%H‘P&—Rh(l’th = <Z 51,> (p||YOh—Rh)’OHh+CPh6HYOH )

1

Of course, since d, € (0, 1), by construction, this implies that for all k € N,

[t~ R, < 7= (p von = Rl + Coi® ol ).

I, = 5l -]

(1.63)

(1.64)

(1.65)

(1.66)

Using then Eq. (1.61), estimate (1.39) immediately follows, similarly as in the proof

of Theorem 1.2.

O



20 1 Numerical Approximation of Exact Controls for Waves

1.5.2 Proof of Theorem 1.5

Proof (Theorem 1.5). Using Eq. (1.39), one only needs to find k such that
| ol — 0| < ch lyoll.

Thus, we only have to check that this estimate holds for any k > K¢, K,‘f given
by Eq. (1.40). But this is an immediate consequence of Theorem 1.1. This concludes
the proof of Theorem 1.5. O

1.6 Advantages of the Discrete Approach

When comparing the results in Theorems 1.3 and 1.5, one may think that the con-
tinuous approach, which applies with a lot of generality, yields essentially the same
convergence estimates as the discrete one, more intricate, making the latter irrele-
vant. This is not the case, and we list below an important number of facts that may
be used to compare the two techniques.

1.6.1 The Number of Iterations

A first look on the number of iterations Kj; ,Kff in Eqgs. (1.35) and (1.40) indicates
that they do not depend significantly but only in a logarithmic manner, on the mesh
size h. They rather depend essentially on 6 given by Eq. (1.20), which is close to 1.

To be more precise, formula (1.35) requires to have an estimate on 8(p),
which depends on the observability and admissibility constants in an intricate way,
see Eq.(1.20). However, these two constants are not easy to compute in general
situations and, usually, one can only get some bounds on them.

Assume that Cops is bounded by Cops est and Cyg by Cyg est (here and below, the
index “est” stands for estimated). Then, taking p <2/ (C§d7estC§bs7est), Theorem 1.3
applies, and 8(p) < 8est, where Ocst is defined by

2p
6est = \/1 - 2 +p2C:d,est’

obs,est

and therefore
1 1
< )
[log(6)[ ~ |log(Sest)|

which means that K} in Eq. (1.35) can only be estimated from above
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log(h)
log(est)”

Of course, this Kgst’h can be much larger than K}, but according to Eq. (1.62),
estimate Eq. (1.36) also holds with that stopping time K¢, , instead of Kj.

K} < Keip = 16

S|
Similarly, when applying Theorem 1.5, that is when Assumption 3 holds, one

can bound K¢ in Eq. (1.40) by

log(h)
log(Gest)

log(|log(#)])

_ (s—‘,— 1) 10g(5est)

det,h =0

€

But here, the final iteration time can be any number k larger than Ké’sm, and in
particular it can be chosen to be k ~ oo. Hence, in the discrete approach, we do not
really care about the estimates we have on K,‘f . This is in contrast with the behavior
of the continuous approach in which, taking the number of iterations beyond the
optimal threshold, can deteriorate the error estimate and actually makes the method
diverge, see Sect. 1.7.

Actually, in the discrete approach, we prove a I'-convergence result for the
minimizers of the functionals J;, in Eq.(1.12) towards that of J in Eq. (1.9). Thus,
one can use more sophisticated and rapid algorithms to compute the minimum of J;,
as, for instance, conjugate gradient methods; see Sect. 1.6.3. The convergence will
then be faster and the number of iterations smaller.

1.6.2 Controlling Non-smooth Data

Here, we are interested in the case in which yg € X and we have some discrete initial
data ygy, € V}, such that Ej,yq, converge to yq strongly in X. Then, neither Theorem 1.3
nor Theorem 1.5 applies.

However, in the discrete approach, that is when supposing Assumption 3, simi-
larly as in Theorem 1.1, we have the following:

Theorem 1.6. Suppose that Assumptions 1, 2, and 3 are satisfied. Let h > 0, yo, € Vj,
and Dy, be the solution of Eq. (1.42).

For any p € (0,2/%+%?), and 8(p) as in Eq. (1.63), the sequence @k, defined
by Eq. (1.32) satisfies.

ot — | <& dlly, ke, (1.67)

Of course, the proof of Theorem 1.6 closely follows the one of Theorem 1.1 and
is therefore omitted.

Note that, since @y, is the solution of Eq. (1.42), it coincides with the unique
(because of Assumption 3) minimizer of J;, defined in Eq. (1.12), and the iterates
(p(’)‘h defined by Eq. (1.32) simply are those of the steepest descent algorithm for J;,.
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But, using Theorem 1.6, we can prove that, if yg € X and Ejyo;, converge to yg in
X, the sequence of E;, @, converges in X to @y:

Theorem 1.7. Suppose that Assumptions 1, 2, and 3 are satisfied. Let yo € X and
@Dy € X be the solution of Eq.(1.14). Let yo,, € V), and Dy, € V), be the solution
of Eq. (1.42).

If Epyon weakly (respectively, strongly) converges to yo in X as h — 0, E, @y,
weakly (respectively, strongly) converges to @y in X.

Theorem 1.7 is actually well known and is usually deduced by suitable conver-
gence results, similarly as in [16].

Proof. Since Ejyo, weakly converges to yg in X, it is bounded in X. Therefore,
using Eq. (1.43), E;, @y, is bounded in X. Hence it weakly converges to some ¢
inX.

Using that @y and @y, solve, respectively Eqs. (1.14) and (1.42), for all yp and
WYon, We have

(A1 @0, yo)x + (Wo,y0)x =0,  (A7nPon, Yon)n + (Won, Yor)r = 0. (1.68)
In particular, using that A7 and Ay, are self-adjoint in V and Vj,, respectively,
(@o, ATWo)x + (Wo,¥0)x =0, (Don, ArnWon)n + (WonsYon)n = 0. (1.69)

Let us then fix yp € X; and yy, = R, Y. According to Assumption 1,
Enyon — w0 inX, EpArpWon —> Aryp  inX.
h—0 h—0
In particular,

(G0, AT Wo)x = }lig(l)<¢'0h7AThlV0h>h = —1lim(Won, Yon)
= —(Wo,y0)x = (Do, AT Wo)x -

Using that A7 is an isomorphism on X; and the fact that X; is dense in X, we thus
deduce that (130 = @, i.e., E;, Py, weakly converges to @y in X.

Let us now assume that Ejyo;, strongly converges to yg in X. Set @y, = Afhl Yohs
@) = A; 'yo. Let e > 0. Set 5y € Z(A®) such that ||y — Fo||y < €. The observability
of the continuous model then implies that, setting @y = Ap 150, || @ <Ce.

Dy — Dy
Besides, applying Theorem 1.5 to Jp, there exists a sequence ¥, such that

Ix

|Ex$on —Follx < Ch®, || Ex®on — Bo||y < CR,

where (i)()h = A;hlyOh-
Finally, since A, hl is uniformly bounded by Assumption 3,

|| Ex®on — En@on||y < CIEnTon — Enyonllx -
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But

| Enor — Enyonllx < [|ExSor —Jollx + [0 —Yollx + [[yo — Enyonllx
< Ch® + &+ [|yo — Enyonlly »

and thus

1o — Ex@onllx < || Po — Dol + || Do — EnPon]| + || EnPon — EnPon|
< Ch® +Ce+Cllyo — Enyon|ly -

This last estimate proves that for all € > 0,

1imsup ||(I)o — Eh(DOh”X < Ces.
h—0

This concludes the proof of the strong convergence of E; @, to @y as h — 0. O

Of course, one can go even further and analyze if Assumption 3 is really needed
to get convergences of the discrete minima @y, of J;, towards the continuous one @
of J. It turns out that Assumption 3 is indeed needed as numerical evidences show;
see Sect. 1.7 and [20, 21, 23] and [16, Theorem 8] for a theoretical proof.

To sum up, the discrete approach ensures the convergence of discrete controls
even when the initial data to be controlled are only in X, whereas the continuous
approach does not work under these low regularity assumptions.

1.6.3 Other Minimization Algorithms

So far we have chosen to use the steepest descent algorithm for the minimization
of J in Eq. (1.9). Of course, many other choices yield better convergence results, in
particular the conjugate gradient algorithm, when dealing with quadratic coercive
functionals.

However, if one uses the conjugate gradient algorithm to minimize the functional
J in Eq.(1.9), we do not know if, similarly as in Theorem 1.1, the iterations con-
verge in X; when the initial data to be controlled are in X;. To our knowledge, this
is an open problem. This is related to the fact that the conjugate gradient algorithm
strongly uses orthogonality properties in the natural space X endowed with its nat-
ural scalar product (-,-)x and with the scalar product adapted to the minimization
problem (A7, -)x.

This prevents us from using the conjugate gradient algorithm when following the
continuous approach.

However, when considering the discrete approach, since we proved (Theorem
1.5) that the minimizers @y, of Jj, in Eq. (1.12) converge to the minimizer @y of J
when Ejyq, converge in X, there is full flexibility in the choice of the algorithm to
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effectively compute the minimizer of Jj,. In particular, we can then use the conjugate
gradient algorithm, for which we know that the minimum of Jj, is attained in at most
dim(V},) iterations and in general much faster than that.

As shown in the applications below, this makes the discrete approach more effi-
cient for numerics.

1.7 Application to the Wave Equation

Below, we focus on the emblematic example of the wave equation controlled from
the boundary or from an open subset.

In particular, we will focus on the case of the 1 —d wave equation controlled from
the boundary, in which case we can easily illustrate our results with some numerical
simulations since the control function will simply be a function of time.

We then explain how our approach works in the context of distributed controls
so to compare it briefly with the results in [9].

1.7.1 Boundary Control

1.7.1.1 The Continuous Case

Let us consider the 1 — d wave equation controlled from x = 1:

Iy — duy =0, (t,x) € Ry x (0,1),
¥(t,0) =0, y(z,1) = v(r) (t,x) e Ry, (1.70)
(y(oax)vaty(ovx)) = (yo(x)vyl (x))’ X € (O’ 1)'

Then, set X = L2(0,1) x H~1(0,1), A the operator defined by

a= (o). F@=H0.1) <00
XX O

where 92 is the Laplace operator defined on H~'(0,1) with domain 2(92) =

HJ(0,1) (in other words, @2 is the Laplacian with Dirichlet boundary conditions)

and B the operator defined by

0 o . -0y =0, x
Bv= _ ], withysolvin - .
(—9§y) Y & {y(O)—O, 3(1)

Here, endowing L?(0,1) with its usual L?-norm and the space H~'(0,1) with
the norm H(—@g)’l/z- HLZ’ A is skew-adjoint on L2(0,1) x H~'(0,1) and B is an
admissible control operator. We refer to [49, Sect.9.3] (see also [33, 35]) for the
proof of these facts.

I m

(0,1),



1.7 Application to the Wave Equation 25
We can then consider the adjoint equation

i — @ =0, (t,x) €Ry x (0,1),
0(t,0)=0=10(t,1), (t,x) € Ry, (1.71)
((p(O,x),a,(p(O,x)) = ((PO(X)v(Pl ()C)), RS (07 1)7

with (¢° @') € L?(0,1) x H~'(0,1). The corresponding admissibility and observ-
ability properties (1.3) and (1.5) we need read as follows (see [49, Proposition 9.3.3]
for the computation of B*):

1 T -
& 1,00l a1 < [ 10(=02) 7390, )P dr < €00, 1) 72,51

Of course, when considering these estimates, one easily understands that rather
than considering trajectories @ of Eq.(1.71) for initial data (¢g,¢;) € L*(0,1) x

~1(0,1), it is easier to directly work on the set of trajectories (—d2)~'d,¢. But
this set coincides with the set of trajectories ¢ of Eq.(1.71) with initial conditions
(% ") € H}(0,1) x L*(0,1).

Therefore, in the following, we shall only consider solutions ¢ of Eq. (1.71) with
initial data in HJ (0,1) x L*(0,1).

Also note that this space is the natural one when identifying L?(0, 1) with its dual
since the control system (1.70) takes place in X = L?(0,1) x H~'(0, 1), and there-
fore X* = HZ(0,1) x L2(0, 1). This is the usual duality setting in Lions [36], but the
above argument ensures that all the results of this article, which have been obtained
within the setting of abstract conservative systems on Hilbert spaces identified with
their duals, can also be applied in the context of the usual duality pairing between
X =1%0,1)x H 1(0,1) and X* = H}(0,1) x L*(0, 1).

Also note that the duality then reads as follows:

(0,1), (90, P1)) (12011 (1 x12) /)’O(PH-/ (=92) " y19:90.

In that context, the relevant counterparts of Eqs. (1.3) and (1.5) are then given by

1 T
oy < [ 10 DPa <Cllign @)l (172

Such a result is well known to hold if and only if 7 > 2; see [36]. This can
actually be proved very easily solving the wave equation (1.71) using Fourier series
and Parseval’s identity.

Therefore, in the sequel, we take 7 > 2 and 1 as in Eq. (1.6) with 7* = 2. To be
more precise, 1 will be chosen such that 1 is C' ([0, T]) and satisfies n(0) =1 (T) =
n'(0) = n'(T) = 0.

The corresponding functional Eq. (1.9) is then defined on H{ (0,1) x L*(0,1) as
follows:

1 (T
J((POJPI):E/O n(f)|ax¢(l71)|2df+<(y0,y1)a((P07<P1)>(L2Xg—1),(ydez)- (1.73)
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The corresponding Gramian operator Ay is then given as follows: For (¢g, ;) €
H(0,1) x L*(0,1), solve

att(p_axx(P:()a (tv-x) (OuT) (0 1)
@(t,0)=o(r,1) =0, t€(0,7), (L.74)
((P(O,'),az(P(O,')):((PO,(Pl), X € (071)

Then solve
oY — Oy =0, (t,x) € (0, )X(O, )s
y(t,0)=0, y(t,1) = —n(t)oe(t,1), t€(0,7T), (1.75)
(W(T,)781W(T7)) = (050)3 (071)

Then

AT((p()v(Pl) = ((_83)7latW(07')7 _W(Ov)) (176)

Note that the solution y of Eq.(1.75) is a solution by transposition and belongs
to the space C°([0,T];L*(0,1))NC'([0,T]; H~'(0,1)) since its boundary data only
belongs to L*(0,T). Therefore, when computing Az, we have to identify L?(0, 1) x
H~'(0,1) as the dual of H}(0,1) x L?(0, 1) as explained in the previous paragraph,
i. e., using the map

L2(0,1) x H™1(0,1) = Hy (0,1) x L*(0, 1) = (yo, y1) = ((—35) w1, —n).

The Continuous Setting

We are then in position to write the algorithm of Theorem 1.1 in the continuous
setting:

Step 0: Set (97, ¢) = (0,0).

The induction formula k — k+ 1: For k > 0, set (@5 ', @) as

KL bt = (1— p A7) (96, @) — p((—9B) " y1,—0). (1.77)

(90

Note that the control function is then approximated by the sequence

V() = n(t)owe*(,1), t€(0,T), (1.78)

where ¢@* is the solution of Eq.(1.74) with initial data ((p(’)‘ , (p{‘) Indeed, formula
(1.10) then reads as follows: if (@y, @) denotes the minimum of J in Eq. (1.73),
then the control function V that controls Eq.(1.70) and that minimizes the
L*(0,T;dt/n)-norm among all admissible controls is given by
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V(t) =n(1)ds®(1,1), 1€(0,T), (1.79)

where @ is the solution of Eq. (1.74) with initial data (®y, @y ).

1.7.1.2 The Continuous Approach
Theoretical Setting

Here, we discretize the wave equations (1.74) and (1.75) using the finite-difference
approximation of the Laplace operator on a uniform mesh of size & > 0, h =
1/(N+1) with N € N. Below, @; 5,y are, respectively, the approximations of
¢, y solutions of Eq. (1.74)-(1.75) at the point jh. We shall also make use of the
notation @, y, to denote, respectively, the N-component vectors with coordinates

@iy Wi
We shall thus introduce the following discrete version of the Gramian operator.
Given (@op, ¢11,), compute the solution @, of the following system:

1 .
i Pjn— 2 ((Pj+l,h =205+ (ijlyh) =0, (t,j) € (0,T) x {1,--- N},
Po.n(1) = on1,4(1) =0, 1€ (0,T), (1.80)
(©1(0), 0 @(0)) = (Pon, P11)-

Then compute the solution y;, of the following approximation of Eq. (1.75):

1 .
attlIIj,h_ ﬁ (Wj+l,h_ZWj,h+ ll/j*l,h) :07 (ta]) S (OuT) X {17 7N}7

Wou(t) =0, Yy 1 a(t) = m(r) 2L t€(0,T),
(Win(T), 9 win(T)) = (0,0). (18D

Finally, set Az, as

Azn(@on, P1r) = ((=An) ™' 3y (0), —yr(0)), (1.82)
where u;, = (—Ay,) ! f;, is the unique solution of the discrete elliptic problem
1 ;
{ ) (ujprp—2ujp+uj1p) = fin j€{1,-- N},
uo, = uns1,, = 0.
The continuous approach then reads as follows:
. O,c O,y

Step 0: Set (@, ,¢,; ) = (0,0).
The induction formula k — k+ 1: For k > 0, set ((pgzl’c, (pf;“l’c) as

(<P§,,“’C7<pi‘,fl’“) = (I—PATh)((Pg;’,Ca(Pi{;’,C) —p (=) Y1ns—yon)- (1.83)
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The superscript c is here to emphasize that this is the sequence computed by the
continuous approach.

Let us check that this scheme fits the abstract setting of Theorem 1.3. In particu-
lar, to use Theorem 1.3, V},, Ej,, and R, need to be defined and Assumptions 1 and 2
verified:

e V, =RY x RY, where the first N components correspond to the approximation
of the displacement and the last N ones to the velocity.
e To adiscrete vector ¢, € RY, there exists a unique family of Fourier coefficients

(@x[@n])ken such that
N
Qjin= \/52 aglop) sin(kmjh), je{1,---,N}.
k=1

This is due to the fact that the family of vectors
wh = (V2sin(k7jh)) jeq1.. vy

forms a basis of RY endowed with the scalar product (-, -)gn; see Chap. 2, Sect. 2.2.
Then we introduce the following continuous extension:

enon(x \/_Zak [@n] sin(kmx), x€(0,1)

and set E;, = diag(ey,e;). This extension will be extensively studied in Sect. 3.2,
where it is denoted by F,.
The corresponding norm on Vj, is given by

[E

which is equivalent (see Chap.3, Sect.3.2) to the classical discrete energy of
Eq. (1.80), given by

(k2 2|ag[oon]|* + axl @il ?) (1.84)
1

N N2 N
[ @n] = 2 <—(pj+10h (P']’Oh> +h2|q)j71h|2~ (1.85)
=0 =1

The operator A;, defined by

o OId]RN
Ah_<Ah 0 >7

where A;, denotes the N x N matrix taking value —2/h* on the diagonal and 1/h?
on the upper and lower diagonals, is skew-adjoint with respect to the scalar product
of V. Of course, this operator A, is the one corresponding to system (1.80) in the
sense that ¢y, solves Eq. (1.80) if and only if
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On '\ _ ()
a’(&(ph)_Ah(a,(ph)’ 1€ (0,7).

Also note that the fact that Aj; is skew-adjoint implies that solutions ¢ of
Eq. (1.80) have constant (with respect to time) Vj, norms. This quantity is usually
called the discrete energy of the solutions of Eq. (1.80).

The operator BB} is now simply given by

" 0
BhBh(iTZ) B (fh)’

where f;, € RV is such that its N — 1 first components vanish and whose N-th com-
ponent is — @y o5/ h3.

The operator R, on X = H}(0,1) x L*(0,1) has a diagonal form diag(ry,ry),
where 7, : H~'(0,1) — RY is defined as follows: for ¢ € H~1(0, 1), expand it into
its Fourier series

@(x) = V2 @sin(knx), x€(0,1),
k=1
and then set 7, € R as

N
(rn@); = V2 Y asin(knjh), je{l,---,N}.
k=1

Let us now check Assumptions 1 and 2.

Assumption 1. Estimates (1.26)—(1.27) are very classical with s =1 and 6 = 1 (see,
e.g., [4]): There exists a constant C such that for all (¢o,¢;) € H>NH}(0,1) x
H(0,1),

[(EnR —1d) (90 @)l 1y 22 < ChI (@05 @Ol 20 e - (1.86)

As already mentioned, estimate (1.28) is a consequence of Assumption 2 with
Eq. (1.26).

To show Eq. (1.29) we take the initial data (@9, 1) € H>NHL(0,1) x H'(0,1)
and denote by ¢ the corresponding solution of Eq. (1.74). Then, taking (@op, @15) =
Ry,(@o,¢1) and ¢y, the corresponding solution of Eq. (1.80), from Proposition 3.7 in
Chap. 3, we get
PN .h

ax(P(t71)+_

. <O (00, 0 gy - (187)

L2(0,T)

Thus, according to the convergence results of the numerical scheme (1.81) to
Eq. (1.75) in Proposition 4.8 in Chap. 4, setting y}, the solution of Eq.(1.81) with
boundary data ¢y ,/h and y the solution of Eq. (1.75) with boundary data —n0Jk
o(1,), we obtain

1Cen(wn(0)). en (@ yn(0))) — (w(0), W ()l 2csr1 < CH (@0, 01) 2oyt gy -
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Then, since (y(0),9,w(0)) € H(0,1) x L*(0, 1) because of the fact that (¢o, ¢1) €
H?*NH}(0,1) x H}(0,1), see Sect. 4.2 in Chap. 4,

en(0r i (0)), en((=24) "y (0))) = (3 y(0), (=02~ AW (O)) | 12
< 1P (190, @0) s iy

which proves
[(ExAznRn = Ar) (90, 01)l| 1 12 < Cr*|(go, Ol 2 <

and then Eq. (1.29) with & =2/3 and s = 1 since Az (¢o, ¢1) € H*NH} x H} and
then Eq. (1.86) applies.

Assumption 2. The uniform admissibility result is ensured by the fact that the map
(@on, P11) € Viy = —@yu/h € L*(0,T), where ¢, is the solution of Eq.(1.80), is
bounded, uniformly with respect to 2 > 0. This is a simple consequence of the mul-
tiplier identity given in Lemma 2.2 in [28], see also Chap. 2, Theorem 2.1.

Besides, for by, € L*(0,T), the solution y, of

I Wjn— % (Wit —2Wjn+Wj—14) =0,

(tvj) € (OvT) X {17"' 7N}7
Vou(t) =0, Yny14(t) = by, t€(0,7),
(Win(T), 0 yi(T)) = (0,0),

is such that the L?(0,1) x H~'(0, 1)-norm of (e}, (y;(0)),e,(3,w,(0))) is bounded,
uniformly with respect to 4 > 0, by the L?(0, T )-norm of its boundary term by, see
Chap. 4, Theorem 4.6.

Finally, one easily checks that, for some constants C independent of 4 > 0, see
Chap. 4, Sect. 4.2,

H(eh(_Ah)71W1haehWOh)"Hd w2 S Cll(en(won)sen(win))ll 2 g1 -

Assumption 3. Note that, in that setting, Assumption 3 does not hold. Indeed, the
numerical scheme under consideration generates spurious high-frequency waves
that travel at arbitrarily small velocity (see [16, 21, 28, 48, 52]) that cannot be ob-
served. Therefore, the discrete systems (1.80) are not uniformly observable, what-
ever T >0 is.

We are thus in a situation in which Theorem 1.3 applies with s = 1 and 6 =2/3.
We now illustrate these results by some numerical experiments.

Remark 1.2. Using Propositions 3.7 and 4.9 and Theorem 4.4, one can prove that
Assumption 1 actually holds for any s € (0,3] with 8 = 2s/3 and thus Theorem 1.3
applies for any s € (0,3].
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Numerical Simulations

To apply our numerical method, we need estimates on Cops and Cyq. In this 1—d
context, it is rather easy to get good approximations, since for any solution ¢
of Eq. (1.74), using Fourier series and Parseval’s identity, we get

2
100 0P ar =2 (g0, 01) 12

Therefore, we can take T* = 2, and we choose T = 4. We then have the estimates
C2,=1/2and C2, = 4. With p = 1/8, we have §(p) = v/3/2 ~ 0.86.

But p should also be smaller than 2/ ‘tfazd, where ‘fazd is the uniform constant of
admissibility in Assumption 2. Using the multiplier method on the discrete equa-
tions (1.80) (see Chap. 2, Theorem 2.1) we have (fazd < 6 (actually (fazd(T) <T+2).
Since 1/8 <2/6, p; in Eq.(1.31) is greater than 1/8 and then p = 1/8 is admissible.

In order to test our numerical method, we fix the initial data to be controlled as
yo = 0 and y; as follows:

—1on (0,1/4),
yi(x) =< 1on(1/4,1/2), (1.88)
2(x—1) on (1/2,1),

so that we obviously have (yo,y1) € H}(0,1) x L*(0,1). In Fig. 1.1, we plot the
graph of the initial velocity y;.

In the numerical simulations below, we represent the functions vﬁ’c given, for
k e N, by

k,c
: o
V]; (t):_n NZ()v t€(074)7

where (p,lf’c is the solution of Eq. (1.80) with initial data ((p(l)‘,’f, (pf;f), the k-th iterate
of the algorithm in the continuous approach.

-0.8
-1

0 010203040506070809 1
X

Fig. 1.1 The initial velocity y; to be controlled.

For = 1/100, the number of iterations predicted by our method is 21. In Fig. 1.2
(left), we show the control this yields.
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To compare the obtained result with the one that the discrete approach yields, we
have computed a reference control vif, using the discrete approach (see Fig. 1.10
for further details) for a much smaller 2 = 1/300. The obtained reference control is
plotted in Fig. 1.2 (right).

To better illustrate how the iterative process evolves, we have run it during 50,000
iterations and drawn the graph of the relative error

[ = v, / el
This is represented in Fig. 1.3. As we see, the error does not reach zero but rather
stays bounded from below.

When looking more closely at the evolution of the error, we see that it first decays
and then increases.

The smallest error (among the first thousand iterations) is achieved when k = 13,
which is close to the predicted one. The control obtained for k = 13 is plotted in
Fig. 1.4, the corresponding error being 6.18%, to be compared with the error at our
predicted iteration number (k = 21), which is 6.24%.

0.05 0.05
0.04 0.04
0.03 0.03
0.02 0.02
0.01 0.01
0 0
-0.01 -0.01
-0.02 -0.02
-0.03 -0.03
_0'040 05 1 15 2 25 3 35 4 _0'040 05 1 156 2 25 3 35 4

Fig. 1.2 Left, the control obtained by the continuous approach at the predicted number of itera-
tions, 21, for h = 1/100, p = 1/8. Right, the reference control vy computed through the discrete

approach with 2 = 1/300. The relative error HVZZZI’C ~Vref|| /| Veet || 2 18 6.24%.
0.12 0.12
0.1 0.1
5 0.08 5 0.08
it it
2 0.06 2 0.06
s k&
& 0.04 & 0.04
0.02 0.02
0 0
0 05 1 15 2 25 3 35 4 45 5 0 5 10 15 20 25 30 35 40 45 50
Iterations x 10* Iterations

Fig. 1.3 The relative error ’ vﬁ"c — Vyef

for h =1/100, p = 1/8. Left: iterations from 0 to 50,000. Right: zoom on the iterations between
0 and 50.

» / ||Veet|| ;2 for the continuous approach at each iteration



1.7 Application to the Wave Equation 33

The algorithm produces similar results for different values of p. For instance,
taking p = 0.01, the predicted iteration number is k = 156, and the best iteration
turns out to be k = 180, yielding a control that looks very much as the one before,
the relative error being 6.19%. This confirms, in particular, that the smaller p is, the
larger is the number of iterations.

It is important to underline that the limit of the iterative process as the number
of iterations tends to infinity, k — oo, converges to the control of the semi-discrete
dynamics, minimizer of the corresponding functional Jp,, defined by

1T oy ? N N
Jh((POha(Plh)ZE/O W’T’ dr—h Y yion®jin+h Y, yiin®jn
- =l

where ¢, is the solution of Eq. (1.80) with initial data (@op, @11,)-

0.05 0.05
0.04 0.04
0.03 0.03
0.02 0.02
0.01 0.01
0 0
-0.01 -0.01
-0.02 -0.02
-0.03 -0.03
O s T s 2 25 5 a5 4 "% 05 1 15 2 25 3 35 4

Fig. 1.4 Left: the best control obtained by iterating the algorithm of the continuous ap-
proach with A = 1/100, p = 1/8 and k = 13. Right: the reference control. Relative error:

e el 2 = 6.18%.

—V
ref 2

The exact control of the semi-discrete dynamics is given by the minimizer
(@, Pf,) of the functional J, above through the formula

Py
n’

Vip=-1 1 €(0,4),
where @ is the solution of Eq. (1.80) with initial data (®f,, ®f,).
Note that the Gramians Ary,, defined by

(Azn(@on, @11), (Pon, Q1)) 0 = /n‘(p“‘ dr,

are not uniformly coercive with respect to £ > 0 and their conditioning number de-
generates as exp(c/h) (¢ > 0) as h — 0 (see [39]) and thus the functionals J, are very
ill-conditioned. Therefore, the conjugate gradient algorithm for the minimization of
Jj, ends up diverging when 4 is too small.
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We take N = 20 so that the conjugate gradient algorithm converges. This might
seem ridiculously small, but as we said, the conditioning number of the discrete
Gramian blows up as exp(c/h), and numerical experiments show that the conjugate
gradient algorithm completely diverges for N > 30.

For N = 20, we can compute the minimizer of the functional J, using the con-
jugate gradient algorithm. The corresponding discrete exact control v{ , = n®yg,, /h
is plotted in Fig. 1.5 (right). As one sees, this exact control v{ , has a strong spu-
rious oscillating behavior, see for instance the reference control in Fig. 1.4 (right).
The relative errors between the iterated controls VI;; and this limit oscillating control
v{ ;, is plotted in Fig. 1.5 (left), exhibiting a slow convergence rate due to the bad
conditioning of the Gramian matrix.

These facts constitute a serious warning about the continuous algorithm. In par-
ticular, if the algorithm is employed for a too large number of iterations k, something
that can easily happen since the threshold in the number of iterations may be hard
to establish in practice, the corresponding control may be very far away from the
actual continuous one.

1 0.2
0.9 0.15
0.8
0.1
5 07
2 0.05
= 06
205 0
Ed
2 0.4 -0.05
0.3
-0
0.2
0.1 -0.15
0 -0.2
0 05 1 15 2 25 3 35 4 45 5 0 05 1 15 2 25 3 35 4

Iterations x 10* t

Fig. 1.5 Left, the relative error Hvﬁ‘c -, ‘
from k=0 to k = 50,000 for /1 = 1/20, p = 1/8. Right, the discrete exact control v{ , for h = 1,/20.

/ Hvi hH for the continuous approach at each iteration k

We conclude illustrating the convergence of the continuous algorithm as 7 — 0.

In Fig. 1.6, we plot log (va’(’ Vet ) versus |log(h)|. By linear regression we get
the slope —1.01, which is better than the predicted one, —0.66. This is due to the
fact that y; is in H~'+5(0,1) for all s < 3/2; hence the convergence is expected to

be better than h>/3 for all s < 1 /2 see Remark 1.2.

1.7.1.3 The Discrete Approach

The Theoretical Setting

To build numerical schemes satisfying Assumption 3, one should better understand

the dynamics of the solutions of the discrete numerical methods. As observed in
[28] and in the numerical tests above, Assumption 3 does not hold when simply
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-4.5

-6
34 36 3.8 4 4.2 4.4

Fig. 1.6 Convergence of the continuous approach as & — 0: log (thk’S o Vrer

> versus |log(h)],
with vyer as in Fig. 1.10 (right). The plot is done for i € (1/100,1/30), the slope being —1.01.

discretizing the wave equation using a finite difference space semi-discretization.
As one sees in Fig. 1.5, the discrete exact control vfﬁ)h is very far away from the
control of the continuous wave equation, for which a good approximation is given
by vrf, see Fig. 1.4 (right).
This phenomenon is due to spurious high-frequency numerical waves. To avoid
these spurious oscillations one needs to work on filtered subspaces of Vj, = RN x RV,
For instance, for y € (0, 1), consider the filtered space

Yu(y/h) = {((poh, ®11), 8-t Qon, Py € Effn{(Sin(knjh))je{l,-..,zv}}} :
=Y

Of course, 7;,(y/h) is a subspace of V. Since the functions (w¥); (defined by w’j‘. =

\/zsin(kn jh))) are eigenfunctions of the discrete Laplace operator (see Sect.2.2),
we can introduce the orthogonal projection PJ of Vj, onto ¥,(v/h) (with respect to
the scalar product of Vj, introduced in Eq. (1.84)) and the Gramian operator

A, = PlApyP]. (1.89)

The filtering operator P}? simply consists of doing a discrete Fourier transform
and then removing the coefficients corresponding to frequency numbers k larger
than y/h.

Assumptions 1 and 2 then hold for any y € (0, 1), with proofs similar to those in
the continuous approach. Furthermore, using the results of [28], it can be shown that
Assumption 3 also holds when the time T is greater than 7, := 2/cos(ny/2). Note
that this is not a consequence of the convergence of the numerical schemes, and this
requires a thorough study of the discrete dynamics. The proof of [28] uses a spectral
decomposition of the solutions of the discrete wave equation (1.80) and the Ingham
inequality for nonharmonic Fourier series. We shall revisit and slightly improve
these results in Chap.2, Theorem 2.1 to get better estimates on the observability
constant.
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The algorithm that the discrete method yields can then be developed as follows:

0d 0d
Step 0: Set (@, , @, ) = (0,0).
The induction formula k — k+ 1: For k > 0, set (@}, @}, ) as

k+1.d

kld
(®on '

N ):(I—PA%/h)((Pg;’,d,(Pf},d)—PPZ((—A/;)AYM,—)’O;:)- (1.90)

The new algorithm is very similar to the one that the continuous approach yields.
The only essential difference is that, now, we have introduced a filtered Gramian
matrix A}/ ,, instead of the operator A7, used in the continuous approach, in which
no filtering appears. However, as we shall see below, this new algorithm is much
better behaved.

From now on, we set the filtering parameter y = 1/3 and T = 4, which is larger
than the minimal required time 2/ cos(7y/2) = 2/cos(r/6) = 4//3 to control the
semi-discrete dynamics. The controls that the discrete iterative algorithm yields are

k,d
e (1) _n(,)%Tm, re(0,4). (191)

Numerical Simulations

We first need an estimate on the constant of uniform observability. The most explicit
one we are aware of is the one given by the multiplier method, given hereafter in
Chap. 2, Theorem 2.1, which yields

%OZbS,T* = (Tcos2 (g) —2cos (%/) — %)1, (1.92)

where hj is the largest mesh size under consideration, and thus, since the function
n(t) equals to 1 on an interval of length close to 4, one can take the approximation:

1
V3(3-1)

Of course, %,q can still be approximated as before by 6% < 6.

Therefore, p, in Eq. (1.38) is greater than (2/67) x v/3(v/3 —1) ~0.035. Observe
that this is much smaller than the value of p = 1/8 = 0.125 we employed in the
continuous approach.

We run the discrete algorithm with the initial data (yo,y1;,) given by the natural
approximations of yop = 0 and y; as in Eq. (1.88).

Our first simulations are done with the choice p = 0.035 for 2 = 1/100. There,
the estimated optimal number of iterations is 95 (see Eq. (1.40)), which is much

CHT =4) ~
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larger than in the continuous approach (where it was 21) due to the fact that p is

much smaller. In Fig. 1.7 (left), we represent the control v];l:%’d. When compared

with the reference control computed for 42 = 1/300 by the discrete method (repre-

sented in Fig. 1.10), the relative error Hvl;l:%’d — Vref|| /| Veet|| 2 18 5.82%.
L

In Fig. 1.8, we represent the relative error Hv';l’d — Vref 2 / ||Vret|| ;2 for k between

1 and 50, 000. The best iterate is the 54-th one, which corresponds to a relative error
of 5.80%. It is represented in Fig. 1.7 (right).

It might seem surprising that the sequence v];l’d does not converge to vyef as k — oo.
This is actually due to the fact that vyr corresponds to the control computed for
h = 1/300. Indeed, setting v:’d the limit of vl;l"d as k goes to infinity, we represent

the relative error Hvi’d — v:’d’

oo,d . . .
12 / th HL2 in Fig. 1.9. We shall later explain how

to compute v‘;’d, represented in Fig. 1.10 (left).
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0055 T 15 2 25 8 85 4 % 05 1 15 2 25 3 a5 4

Fig. 1.7 Left, the control vl;fgs’d obtained by the discrete approach at the predicted iteration num-
k=54,d

ber 95 for h =1/100, p = 0.035. Right, the control v, corresponding to the iterate k = 54 that
approximates vyr at best.
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0.9 0.9
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Fig. 1.8 The relative error Hvi"d — Vref

h=1/100, p =0.035. Left, for iterations from 0 to 50, 000. Right, a zoom on the iterations between
0 and 150.

, / Ivret[| > for the discrete approach at each iteration for
L
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Note that the previous computations are done for p = 0.035, but as we said, this
is only an estimate on the parameter p we can choose. In particular, one could also
try to take p = 1/8, which is admissible for the continuous wave equation, though
it is a priori out of the valid range of p for the semi-discrete equation according
to our estimates. For 7 = 100, the estimated iteration is then 42. The corresponding

control vi:42’d is such that the relative error Hvﬁzn’d — Vref ’LZ /| Veet |2 18 0f 5.83%.

The best iterate is the 14-th one, for which the relative error Hvﬁ:M’d — Vret|| / || Vret]| 2
is of 5.81%. The corresponding plots are very similar to those of the case p = 0.035.

We only plot the relative error Hv];l’d — Vref

2 / ||vret]| ;2 versus the number of itera-

tions in Fig. 1.11.
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oo.d
2 / th
h=1/100, p = 0.035 and for k from 0 to 150. The relative error is of order 2.10™* at the estimated
iteration k = 95.

Fig. 1.9 The relative error Hvl;l‘d - v;”d

) for the discrete approach at each iteration for
L
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Fig. 1.10 The relative error Hvi"d ~Veet ||, / ||Veet|| ;2 for the discrete approach at each iteration for
h=1/100, p = 0.125 for k from 0 to 50.
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The Discrete Approach: The Conjugate Gradient Method

In previous paragraphs we underlined the difficulty of estimating the parameters
entering into the algorithm. But, as we have explained, in the discrete approach, we
also have Eq. (1.44), ensuring the convergence of the minimizer of the functional J 2:
over ¥;,(y/h):
y 1T oy ? y J
g, (@on, P11) = 5 /0 n ‘T‘ dt—h _Zlyj,Oh(Pj,lh +h z,lyj,lh(Pj,lha (1.93)
Jj= Jj=

where @y, is the solution of Eq. (1.80) with initial data (o, @15) € ¥4(y/h). In other
words, the discrete approach consists in looking for the minimizer of JZ over
Tl/h).

Since the functional J, 2: is quadratic and well conditioned according to Assump-
tion 3, one can use the conjugate gradient algorithm to compute the minimum
(@¢,, @) of J! over #,(y/h). Doing this, we do not need any estimate on the
admissibility and observability constants to run the algorithms. Besides, this algo-
rithm is well known to be much faster than the classical steepest descent one, but
with exactly the same complexity.

We therefore run the algorithms for 2= 1/100 and 2 = 1/300, y = 1/3, and the
initial data (yg,y;) with yo = 0 and y; as in Eq. (1.88). The algorithm converges
very fast and it requires only 10 and 9 iterations for ~ = 1/100 and i = 1/300,
respectively.
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t t

Fig. 1.11 The controls v:"d for h = 1/100 (left) and h = 1/300 (right). We have set ver = v;:’d for
h=1/300.

In Fig.1.11, the control v];l:w’d has been computed using the conjugate gra-
dient method as indicated above. The reference control is the one computed for
h=1/300.

In Fig. 1.12 we finally represent the rate of convergence of the discrete controls
(to be compared with Fig. 1.6). Here again, the slope is —0.97, i.e., much less than
—0.67, the slope predicted by our theoretical results in Theorem 1.5. This is
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again due to the fact that y; is more regular than simply L*(0,1), almost lying in
H'/2(0,1); see Remark 1.2,

In higher dimension, there are a few results which prove uniform observability
estimates for the wave equation: we refer to [51] for the 2-D case on a uniform mesh,
which yields a sharp result. We refer to [41] for the n-dimensional case under general
approximation conditions. To our knowledge, the result in [41] is the best one when
considering general meshes in any dimension. Still, a precise time estimate for the
uniform observability result is missing and whether the filtering scales obtained in
[41] are sharp is an open problem.

1.7.2 Distributed Control

System (1) fits in the abstract setting of Eq. (1.1) with X = H} (Q) x L*(£),

A= (2 (I)) P2(A)=H’NHNQ) x H} (Q)

and

B= (}CO(D), U=1*Q).

Indeed, A is skew-adjoint with respect to the scalar product of X = H] (Q) x L*(Q)

-5

-6
34 36 38 4 42 44 46 48

Fig. 1.12 Convergence of the discrete approach: Hv;’d — Vref

versus £ in logarithmic scales. Here,

Vref 18 v;:’d for h = 1/300. The plot is done for 2 € (1/120,1/30), the slope being —0.97.

and system (1) is of course admissible since B is bounded from L?(Q) into L ().
Using the scalar product of X, B* simply reads as B* = (0, xq)-
Besides, it is well known that when the GCC (see [3, 5] and the introduction)
is satisfied for (®,,T*), then the wave equation is observable in time 7*. To be
more precise, there exists a constant Cyps > 0 such that for all ¢ solution of
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o —Ap =0,
¢=0,
((p(O,x),a,(p(O,x)) = ((PO(X), (] ()C)), x € £,

we have
T*
2 2 2 2
||((p05(P1)||Hd(Q)><L2(Q) Scobs/o /Q%wwt(m . (1.95)

This is the so-called observability inequality, corresponding to Eq. (1.5) in the ab-
stract setting.

In the following, we assume that Eq.(1.95) holds (or, equivalently, that the
Geometric Control Condition holds), and we choose T > T* and introduce 1 as
in Eq. (1.6).

Note that we made the choice of identifying H] (£2) x L?(£2) with its dual. Doing
this, we are thus precisely in the abstract setting of Theorems 1.1, 1.2, and 1.3. How-
ever, in applications, one usually identifies L*(£) with its dual, thus making impos-
sible the identification of H] () x L*() as a reflexive Hilbert space. We shall
comment this later on in Remark 1.3.

We are then in position to develop the algorithm in Eqs. (1.17) and (1.18).

1.7.2.1 The Continuous Setting
We divide it in several steps:
Step 0: Set (@7, o) = (0,0).
The induction formula: Compute ¢*, the solution of

ok — Agk =0, (1,0) € (0,T) x 2,
ok =0, (t,x) € (0,T) x 0Q, (1.96)
(0%(0,x),0,0%(0,x)) = (9§ (x), 0} (x)), x € Q.

Then compute y* solution of

3n‘lfk _Al//k = _n(t)x(%)alq)kv (tvx) € (OvT) X Qv
vk =0, (t,x) € (0,T) x 992, (1.97)
(WH(T,x), 09" (T,x)) = (0,0), x € Q.
Finally, set
(0570t = (9 01— p (W (0. AW O) + (o)) . (1.98)

Note that the map (@, ¥) — (y*(0),9,y*(0)) defined above is precisely the
map Ar in Eq. (1.13).
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Remark 1.3. As we have said, here, we identified X = H} () x L*() with its dual.
This allows us to work precisely in the abstract setting of Sect. 1.2.

But our approach also works when identifying L?(£) with its dual. In that case,
we should introduce X* = L?(Q) x H~'(Q) and, though A is still skew-adjoint
with respect to the X-scalar product, we shall introduce A* the operator defined on
X*=L*(Q)x H '(Q) by

A = <2 é) . DA = HY (@) x 12(Q).

The duality product between X and X* is then

() (8= oo [ 7sovcar e

Also, the operator B* now reads as
B*= (X0, 0).
The corresponding algorithm then is as follows:

Step 0: Set (@7, ¢¥) = (0,0).

The induction formula: Compute @*, the solution of

I — APk =0, (1.x) € (0,7) x 2,
¢* =0, (t,x) € (0,T) x 09, (1.99)
((pk(ovx)val(pk(ovx)) = (~(]){(x)7¢{{(x))v xeQ
Then compute y* solution of
att‘T/k—A‘T/k:—n(t)Z(%@ka (t,x)E(O,T)XQ,
k=0, (t,x) € (0,T) x 09, (1.100)
(§(T.x), 9 (T x)) = (0,0), x € Q.
Finally set
(@561 = (66,01 —p (A04(0) +3, AW ©O) +30)) . (110D

Of course, the two algorithms (1.96)—(1.98) and Eqgs. (1.99)—(1.101) correspond
one to another. Indeed, for all k € N,

¢k:at¢k7 'I/k:ll/k,

and so for all k € N, (¢, p¥) = (¢F, A@}). Hence, of course, the convergence prop-
erties of the sequence ((pg ) (p{‘ ) proved in Theorem 1.1 have their counterpart for the
sequence ((Z)(’)‘ , (Z){‘) (they are basically the same except for a shift in the regularity
spaces).
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1.7.2.2 The Continuous Approach

Here we introduce the finite-element discretization of the wave equation. The setting
we present below is very close to the one in [9] in order to help the readers to see
the similarities between the work [9] and our results.

We thus assume that there exists a family (\7;,) n~>0 of finite-dimensional subspaces
of Hg (€2) with the property that there exist 8 > 0 and C > 0 so that

1m0 — 0) 13 (@) < CH 192y - Y0 € H2NH(€2),

1m0 — @)z < CHO [9lyiqy. Vo € HY(S). (1,102
where 7, is the orthogonal projector from H{ (€2) onto V,.

Note that, on a quasi uniform triangulation .7}, see, e.g., [4], one can take 6 = 1
in Eq. (1.102).

We then endow V), with the L?(2) scalar product.

We then define the discrete Laplace operator Ay, as follows:

V(o vn) € Vi (~Ar0n Vi (@) = (O Vi)t )

The operator —A4y, is then symmetric and positive definite.

We then set B the operator corresponding to the multiplication by the character-
istic function ¥ and set U, = B{V},, which is of course a subset of U = L*(Q). We
then define the operators By, by Bo,u = 7;,Bou, where 7, is the orthogonal projector
of L?(Q2) onto V,.

The adjoint of Byy, is then given by B}, ¢ = B, ¢ for ¢ € L%(Q), which easily
implies that the operator norms HBOhB(’ghﬂ e2(q)) e uniformly bounded.

To fit into our setting, we thus introduce

0 Id 0 ~
Ah:(AhO)’ Bh:(B()h>, Vh:(vh)27

with Ej, = Id and
[ T 0
Rh—(o nh).

Assumption 2 immediately follows from the stability of the scheme and the fact
that the norms HBO;,BE‘)h e(12(@)) e uniformly bounded.

Then, to prove Assumption 1, we refer to [2, 9]: Assumption 2 holds with 6 as
in Eq.(1.102) and s = 2. Remark that this corresponds to a choice of initial data
in H(30> (Q) x H*N H} (L), where H(30> (Q) is the set of the functions ¢ of H3(Q)
satisfying ¢ = 0 and A¢@ = 0 on the boundary 9.

Theorem 1.3 then applies and yields the same convergence results as the one in
[9, Theorem 1.1].

To develop the continuous method we need to compute the iteration number K,
in Eq. (1.35), and this turns out to be a delicate issue. As explained in Sect. 1.6.1,
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this requires the knowledge of an approximation of the observability and admissi-
bility constants. Here, the admissibility constant can be taken to be simply 7. But
evaluating the observability one is a difficult problem.

Very likely, when (@, Q,T) satisfies the multiplier condition (requiring that ® is
a neighborhood of a part of the boundary I" of © such that {x € dQ, (x —x°)-n >
0} C T and T > 2supg{|x —x°|} for some x°), one can get a reasonable bound on
the observability constant. Note however that, even in that case, the observability
constant is not explicit since the arguments use a multiplier technique and then a
compactness argument, see [31, 36]. Otherwise, if only the GCC is satisfied (see
[3]), such bounds on the observability constant are so far unknown.

Let us also emphasize that Assumption 3 does not hold in general, see [16]. This
is even the case in 1 —d on uniform meshes. However, by suitably filtering the class
of initial data, variants of Assumption 3 can be proved. We refer the interested reader
to [12, 41, 44, 51] for some nontrivial geometric settings in which Assumption 3 is
proved. We shall not develop this point extensively here.

1.8 A Data Assimilation Problem

In this section, we discuss a data assimilation problem that can be treated by the
techniques developed in this paper.

1.8.1 The Setting

Under the same notations as before, we consider a system driven by the equation
O =AD, >0, D(0) = @y, m(t) = B*D(r). (1.103)

We assume that @y is not known a priori but, instead, we have partial measure-
ments on the solution through the measurement m(¢) = B*®(¢). The question then
is the following: given m € L%(0,T;U), can we reconstruct @?

This problem is of course very much related to the study of the observation map:

2 .
0 {X_>L (0.7:U) (1.104)

©o— B g

where ¢ is the solution of Eq. (1.2) with initial data ¢y.

Note that this map & is well defined in these spaces under the condition (1.3).
Also note that the observability inequality (1.5) for (1.2) is completely equivalent to
the fact that the map ¢ has continuous inverse from L?(0,7;U) NRan(&) to X.

Therefore, in the following, we will assume the admissibility and observability
estimates (1.3)—(1.5) so to guarantee that & is well defined and invertible on its
range.
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Of course, this is not enough to obtain an efficient reconstruction algorithm,
which is an efficient way to compute the map &~!.
In order to do this, the most natural idea is to introduce the functional

. 1T
J(o) = 5/0 n||B @ —mlf;, dr, (1.105)

where 7 is as in Eq. (1.6), or, what is equivalent at the minimization level, since m
is assumed to be known,

7/ 1T * 2 1T 2
Tw) =5 [ niEe-ml a3 [ nimlia, 106

where ¢ is the solution of Eq. (1.2) with initial data ¢y.
Then J can be rewritten as

4 1 r * r *
Ty =5 [ niB el ar— [ 0 g.mya (1.107)
T
=3 | 0B el ar+ (an.y0))x. (1.108)

where y(0) is given by
y =Ay+nBm, te€(0,T), y(T)=0. (1.109)
Under the form (1.108), the functional J appears as a particular case of the functional
J in Eq. (1.9), and therefore, Theorem 1.1 applies.
In order to write our results in a satisfactory way, we only have to check that the

degree of smoothness of yg = y(0), m, and @y are all the same.
Indeed, if @y € Z(A), applying Eq. (1.3) and Eq. (1.5) to Agy, we obtain

*

| 1B @l < s lagwl.
T*
Al < o [ B9/ .

Therefore, repeating this argument for ¢y € Z(A¥) and interpolating for s > 0, we
obtain

1B 0l 0,7+50) < Caarx 1 @ollss @0 € Xs, (1.110)
l9olls < Cobs.r [IB* @l s, r+) > @0 € X (1.111)

These estimates indicate the following fact: for all s > 0, the map & maps X; in
Ran(0)NH*(0,T*;U) and has a continuous inverse within these spaces. Equiva-
lently, for all s > 0, there exists a constant C; > 0 such that

1 .
¢ ool < UIB* @l 070 < Csll ol @0 € Xs.
s
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Of course, this in particular implies that, if m € H*(0,T;U),
Dol < Csllml| s 0. 7.0 - (1.112)

Let us now explain the fact that, when m € H*(0,T;U), y(0) belongs to X;. If
m € H'(0,T;U), we differentiate in time the Eq. (1.109) of y:

o) =AQ)+nBm' +n'Bm, t€(0,T), y(T)=0.

Therefore, since B is admissible and nm’ +n'm € L>(0,T;U), ¥ belongs to the
space C([0,T];X). Thus, from the Eq. (1.109) of y and the fact that 1 vanishes at ¢ =
0, Ay(0) =»/(0) € X and then y(0) € Z(A). This argument can easily be extended
to any s € N by induction and then to any s > 0 by interpolation.

We have thus obtained that for all s > 0, there exists a constant C; > 0 such that

1YO)ls < Cslimllgs0,70) - (1.113)

According to this, Theorem 1.1 implies the following:

Theorem 1.8. Let s > 0 and m € H*(0,T;U). Let yo = y(0), where y denotes the
solution of Eq.(1.109) and the sequence (p(l)‘ be defined by Egs. (1.17) and (1.18).
Denote by @y the minimizer of J in Eq. (1.106). Then @) € X;.
Besides, for all p € (0,po), where po is as in Eq.(1.19), the sequence (p(’)‘ con-
verges to @y in X and in X; with the convergence rates (1.23)—(1.24), where 6 is
given by Eq. (1.20).

Of course, using Eqgs. (1.113) and (1.24) implies
Hq){; - cDOHS < CE(L+ k) Imll oy KEN. (1.114)

We can then apply the same ideas as the ones used for computing discrete con-
trols.

1.8.2 Numerical Approximation Methods

Let my, € L*(0,T;U,,) and introduce a function yg, = y;(0), where yj, is the solu-
tion of

Vi =Anyn+nBumy, 1€ (0,T),  yu(T)=0. (1.115)
Then the functionals J, defined by

) VT 1T
i) =5 [ 1B =l =3 [ 3, e (1.116)

where ¢, is the solution of Eq. (1.11) with initial data ¢gy, can be rewritten as fol-
lows:
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- 1T
Jn(Qon) = 5/0 n ||BZ(Ph||%]h dt + (Qon, yon) n- (1.117)

1.8.2.1 The Continuous Approach

Here, we only suppose that Assumptions 1 and 2 are fulfilled.
Under Assumptions 1 and 2, using Eq. (1.113), Theorem 1.2 applies and yields
the following version of Eq. (1.33): forall k € N,

| Ealy— ot < CrlEROL— volly +CHH° Il o 1 (1.118)

Therefore, using Eqgs. (1.114) and (1.118) and optimizing in k, setting Kj as
in Eq. (1.35), we obtain, for some constant independent of 4,

HE;,(P&Z B Q)OHX < C| 10gh|max{178}h9 HmHHS(O,T;U)
+C|loghl || Enyon — yol|x - (1.119)

In particular, if ||Ejyon —Yolly tends to zero as h — O faster than 1/|log(h)],
we have a convergence estimate for this data assimilation problem. Of course, a
discrete sequence yqy, such that Ejyq, converges to yo in X can be built by assum-
ing suitable convergence assumptions of m;, towards m and the convergence of the
numerical scheme (1.115) towards the continuous equation (1.109).

Note that it can be necessary to consider the regularity of the measurement m =
B*® in the space variable. Let us give a precise example corresponding to the case
of distributed observation, see Sect. 1.7.2, corresponding to

00
B* =
(o)

on X = H}(£2) x L*(£2). There, B = B* and U can be taken to coincide with X.
If furthermore the function Y, that localizes the effect of the control in @ is smooth,
B (and thus B*) maps X; to itself for any s > O (these assumptions are very close
to the ones in [9, 25] on the control/observation operator). Therefore, in that case,
if @y € X; (k € N), m = B*® belongs to C¥([0, T];X) NC([0,T]; X;). Note that the
H*(0,T;X)-norm of m is then equivalent to its C¥([0,T];X) N C°([0, T]; X, )-norm
by Eq. (1.112) together with classical energy estimates for solutions of Eq. (1.103).
Therefore, a natural space for the measurement m would rather be C*([0,7];X) N
C°([0,T];X;) and one could therefore simply take the approximate measurement
my = Rhm.

The obtained algorithm is actually very close to the one derived in [25] from
the continuous “algorithm” in [29] and suffers from the same disadvantages and in
particular from the difficulty of computing the stopping time.
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1.8.2.2 The Discrete Approach

In this paragraph, we suppose that Assumptions 1, 2, and 3 hold.
Using Theorem 1.4 and Eq.(1.113), one can obtain the following version of
Eq.(1.39): forall k € N,

| Enels— o8| < ke (1Eww = yollx +CH Imllgeory) - (1120)

In particular, based on this estimate and Eq.(1.114), we obtain that for some
constant C independent of k and h, for all k > K/‘f [given by Eq. (1.40)],

HEMP& - ‘POHX < Ch® ml s 0,10y + C Il Enyon = yollx - (1.121)
In particular, similarly as in Eq. (1.44),
1 Ex@on — Dol < Ch® [|ml|gs 0,10y + € | Enyon = yollx » (1.122)

where @y, is the minimizer of J, in Eq. (1.116).

Remark also that, similarly as in Sect. 1.6.2, if one can guarantee that yo given
by Eq.(1.109) and yy;, given by Eq. (1.115) are such that E;yq;, strongly converge
in X to yg, one can guarantee that E, @, strongly converge to @y. Such conver-
gences for the sequence Ejyq, are very natural for sequences of observations my,
that strongly converge to m in L*(0,T;U) (this statement has to be made more pre-
cise by explaining how my, € L*(0,T;Uy) is identified as an element of L?(0,T;U)).

Of course, this implies that, similarly as in Sect. 1.6.3, Jj, can be minimized us-
ing faster algorithms than the steepest descent one and in particular the conjugate
gradient method.



Chapter 2

Observability for the 1 —d Finite-Difference
Wave Equation

2.1 Objectives

In this chapter, we discuss the observability properties for the 1 — d finite-difference
wave equation.

For the convenience of the reader, let us recall the equations, already introduced
in Eq. (1.80).

Let Ne N, h =1/(N+1). Given (@op, ¢1), compute the solution ¢ of the
following system:

1 )
I Pin =75 (@jr1h =200+ @j1n) =0, (/) € (0,T) x {1,--- N},
Po4(t) = Ony14(1) =0, t€(0,7), 2.1)
(0r(0), 90 (0)) = (@on, P11)-

Here, we will not be interested in any convergence process, but rather try to prove
some estimates uniformly with respect to 4 > 0, and in particular uniform admis-
sibility and observability results. Before going further, let us also emphasize that
this uniform admissibility result will be an important step in the proof of the con-
vergence of the discrete waves towards the continuous ones when working with
boundary data in L?(0,T).

Note that the discrete equation (2.1), as its continuous counterpart, is conserva-
tive in the sense that its energy

N N , —©; 2
Eh[(Ph](t):hz |at(Pj(f)|2+hz ((pj+l(f)h (pj(t)) : (2.2)
J=1 Jj=0

sometimes simply denoted by Ej,(¢) when no confusion may occur, is constant in
time:

Vi >0, Eu(t) = Ey(0). 2.3)

S. Ervedoza and E. Zuazua, Numerical Approximation of Exact Controls for Waves, 49
SpringerBriefs in Mathematics, DOI 10.1007/978-1-4614-5808-1_2,
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2.2 Spectral Decomposition of the Discrete Laplacian

In this section, we briefly recall the spectral decomposition of the discrete Laplacian.
To be more precise, we consider the eigenvalue problem associated with the
3-point finite-difference scheme for the 1 — d Laplacian:

=Awj, j=0, N+1,

2 (2.4)

{ _ Wit1 + w1 —2w;
wWo = WN+1 = 0.

A simple iteration process shows that if w; = 0 and w solves (2.4), then w; = 0
forall j € {0,---,N+ 1}. Hence all the eigenvalues are simple.

Furthermore the spectrum of the discrete Laplacian is given by the sequence of
eigenvalues

0<Ai(h) < Ap(h) <--- < An(h),

which can be computed explicitly

4 kh
() = o sin? (”T) Ck=1,--- N (2.5)
The eigenvector w* = (wh, -+ wk,) associated to the eigenvalue A;(h) can also be
computed explicitly:
wh = V2sin(mk jh), j=1,--- N. (2.6)

Observe in particular that the eigenvectors of the discrete system do not depend
on i > 0 and coincide with the restriction of the continuous eigenfunctions w*(x) =
V/2sin (krx) of the Laplace operator on (0, 1) to the discrete mesh.

Let us now compare the eigenvalues of the discrete Laplace operator A;, and the
continuous one Jyy:

e For fixed k, limy,_,o Ax(h) = m*k?, which is the k-th eigenvalue of the continuous
Laplace operator —dy, on (0, 1).
e We have the following bounds:

4
Fkznzgzk(h)gkznz forall O<h<l1, 1<k<N. (27)

e The discrete eigenvalues /A, (h) uniformly converge to the corresponding con-
tinuous ones kxr when k = o(1/h*/3) since, at first order,

}\/T(h)—kn‘ ~ KPR 2.8)

Let us now recall some orthogonality properties of the eigenvectors that can be
found, e.g., in [28]:
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Lemma 2.1. For any eigenvector w with eigenvalue A of Eq. (2.4) the following
identity holds:

ul Wit1 —Wj 2 N
RY [ = ARy | (2.9)
Jj=0 h j=1
The eigenvectors (Wk)ke{l,---,N} in (2.6) satisfy:
N
hY whw' = 8, (2.10)
j=1
and
N Wk — Wk W[ — W[
h (ARSI L) =48 2.11
;)( A A k Okt s (2.11)

where Oy is the Kronecker symbol.

2.3 Uniform Admissibility of Discrete Waves

For convenience and later use, we begin by stating a uniform admissibility result,
which can also be found in [28] and will be useful for studying the convergence of
the discrete normal derivatives of the solutions of Eq. (2.1) towards the continuous
ones.

Theorem 2.1. For all time T > 0 there exists a finite positive constant C(T) > 0

such that
T
J

for all solution @y, of the adjoint equation (2.1) and for all h > 0. Besides, we can
take C(T) =T + 2.

The proof of Theorem 2.1 is briefly given in Sect. 2.3.2. It is based on a multiplier
identity given in the next section.

2
‘PNT(” dr < C(T)E(0), 2.12)

2.3.1 The Multiplier Identity

Our results are based on the following multiplier identity that can be found in [28]:

Theorem 2.2. For all h > 0 and T > 0 any solution @y of Eq. (2.1) satisfies

h3§ T
ey
2j:0 0

2 2

(1) i, (2.13)

h

Qi1 — 0 Q;

rE O30 = [
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with

l Qjr1—Pj—1
Xu(t) =2hY jh <#) % ;. (2.14)
j=1

The proof of Theorem 2.2 uses the multiplier j(@;+1 — @;—1), which is the dis-
crete counterpart of xdy . Integrating by parts in space (in a discrete manner) and
time, we obtain (2.13). We refer to [28] for the details of the computations. We only
sketch it below since it will be useful later on in Chap. 4.

Proof (Sketch). Multiplying the Eq. (2.1) by jh(@j+1 — @;—1)/h, we have

N T o — (D
hZ/ o ; jh <w> dr
j=170

& (T (P — @1
:hZ/O ﬁ((PHI—Z(Pj'f‘(Pj—I)]h (%) dr.
j=1

After tedious computations, one shows (cf. [28])

N T 0. T N T
hZ/O @ jh (%) dr = Xh(t)’O +h2/0 10,0, di
Jj=1 j=1

2
_h_3§:/T Qi1 — 0,9, dt
2 i=Jo h
and
N =@
Y [ (05 =205+ 0y i (%) dr
j=170
T 2 N T N 2
en(1) / ((pm—(p,)
= —| dr—h ——— | dr
/0 h ng 0 h
Putting these identities together yields (2.13). O

2.3.2 Proof of the Uniform Hidden Regularity Result

Proof (Theorem 2.1). This is an immediate consequence of Theorem 2.2. It suffices
to bound the time boundary terms X;,(T) — X;(0) by the energy EJ, to get the result:



2.4 An Observability Result
1172
p i1 — it
2h

N ’ 1 N
|xh|sz[hz|a,¢.,-|] [ 5. |
=1 =
N l N 2 1/2
SZ[hZHWﬂ [ 2<(p]+1 B 1) ] < Ej.
= =1

This concludes the proof of Theorem 2.1.

2.4 An Observability Result

The goal of this section is to show the following result:
Theorem 2.3. Assume that y < 1. Then for all T such that
T >T(y) =2/cos(ny/2),

for every solution @y, of Eq. (1.80) in the class

Yi(y/h) = Span{w*, kh <}

uniformly as h — 0, we have

(Tcos2 (7_2”) —2cos (g) - g) En(0) < ./O.T ’%‘2 dr,

where Ej, is the discrete energy of solutions of Eq. (2.1) defined in Eq. (2.2).
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(2.15)

(2.16)

(2.17)

The proof of Theorem 2.3 is based on the discrete multiplier identity in Theo-
rem 2.2 (and developed in [28]). However, the estimates we explain below yield a
sharp result on the uniform time of observability for discrete waves with an explicit

uniform observability constant, thus improving the estimates in [28].

2.4.1 Equipartition of the Energy

We also recall the following proof of the so-called property of equipartition of the

energy for discrete waves:

Lemma 2.2 (Equipartition of the energy). For h > 0 and ¢y, solution of Eq. (2.1),

i1 — ;|

T
dr Yt‘ -
A +h()0

N T N T
—hz/ |8,,(pj|2dt—|—h2/
j=1"0 =070

(2.18)
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where
N

Yi(t) =hY, 0o @;. (2.19)

Jj=1

Again, for the proof of Lemma 2.2, we refer to [28].

2.4.2 The Multiplier Identity Revisited

From now on, we do not follow anymore the proofs of [28] but rather try to optimize
them to improve the obtained estimates.

We introduce a modified energy E, for solutions ¢, or Eq.(2.1). First, remark
that any ¢, solution of Eq. (2.1) can be developed on the basis of eigenfunctions of
—Ay, as follows:

on(t) =Y, eyl (2.20)
KN

with ,le(h) = \//’Lk(h) for k > 0 and ,LL,k(l’l) = —,le(l’l).

According to Lemma 2.1, its energy reads as

Eplon) =2 Y, |@u* Ak (h). (2.21)
[k|<N

Similarly, the energy of d; ¢, which is also a solution of Eq. (2.1), and that we shall
denote by Ej[d, @] to avoid confusion, can be rewritten as

Ep[0@n] =2 Y, [xl*A(R)>.
|k|<N

Note that, of course, Ej,[@;,] and Ej,[d, @p] are independent of time since ¢, and d; @y,
are solutions of Eq. (2.1).
We then introduce

8 n?
Enl@n] = Enl@n] — - Enlorou]- (2.22)
This modified energy is thus constant in time and satisfies
~ N kmh
Bilol =2 3 I hmeos’ (151, .2
k<N

We are now in position to state the following multiplier identity:

Theorem 2.4. For all h > 0 and T > 0, any solution ¢y, of Eq. (2.1) satisfies

o) |’

rie) + 70 = [ |2

0

d (2.24)
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with

h2
Zp(t) = X (1) + IYh(t), with Y;,(t) = h 2 Q0 ;. (2.25)
J=1
Proof. To simplify the notations, we do not make explicit the dependence in i > 0,
which is assumed to be fixed along the computations.
According to Lemma 2.2, since d;¢y, is a solution of Eq.(2.1), the following

identity holds:
hd (T
X [} vl

N T
D

Qi1 —0P; zdt

h
2/ a’(”f“ %9, dt——Yh(t)’T (2.26)
] 5 2 1o
where Y}, is as in Eq. (2.25).
Of course,
N T N T 90i —oo0: |
ny, [ aeasny, [HEEEEE 6= 78, 00
j=1"0 j=0"0
and then Eq. (2.24) follows from Egs. (2.26) and (2.13). O

2.4.3 Uniform Observability for Filtered Solutions

We now focus on the proof of Theorem 2.3. It mainly consists in estimating the
terms in Eq. (2.24) and in particular Z;(z).

2.4.3.1 Estimates on Y} (r)
Let us begin with the following bound on Y;:
Lemma 2.3. For all h > 0 and t > 0, for any solution ¢y, of Eq. (2.1),
T AGIESATA] (2.27)

Proof. Computing h%Y), we get

thh hzat(Pj h ;)
j=1

=h 2 % 0i(Qjr1—20;+¢; 1)

N . N O
= h2 z a;(p, <—(p]+1h (PJ) — l’l2 z (9,(;)] <—(pj h(p]1> .
=1

j=1
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But

< Eu(t),

hza(l) <(Pj+1 (Pj>

and thus estimate (2.27) follows immediately. O

2.4.3.2 Estimates on X}, (¢)

This is the most technical step of our proof. The idea is to use the Fourier decompo-
sition of solutions ¢, of Eq. (2.1) to bound X}, conveniently.

Proposition 2.1. For all h > 0, t > 0, and y € (0,1), any solution @}, of Eq.(2.1)
with data in ¥,(y/h) satisfies

Ey[gn]
ZE)'
cos ( >
Proof. Let us begin by computing £,[¢,] at some time ¢, for instance, t = 0, in terms
of the Fourier coefficients of @y (), d; @ (2). If

X5 (1)] < (2.28)

then E), can be written as

kmh | & (mh
z |ax|* A (h) cos (T) +> |by|? cos® (7) . (2.29)
=1

Proposition 2.1 is then a direct consequence of the following lemma:

Lemma 2.4. Let ay, and by, be two discrete functions which can be written as

N N
ap = z &kwk, bh = 2 bng.
k=1

Then, setting

X ( b)*2h§'h Al —4j=1) g,
h\dn,On) = j:lJ o Js

we have
N e 12/ n 1/2
|xh(ah,bh)|sz<2|ak|2,xk(h)cos2 (%)) <2|135|2> . (230)
k=1 (=1

In particular, if we assume that, for some y € (0, 1),
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ar=by=0, Yk {>y(N+1), (2.31)

then

| Xn(an, bn)| < [Z 4] Ae (k) cos” (I%h)
COS( ) )

(=1

N
+ 3 by cos? (f%h)] , (2.32)

Of course, Lemma 2.4 and in particular estimate (2.32), proved hereafter, imme-
diately yield (2.28). O

Proof (Lemma 2.4). Forall j € {1,--- N},

sin(krh)

aj+1 —dj—1 y
I =2y aycos(km jh) ;

2h =

Thus,

N

S k h)
Xi(an,bn) 4h2/h<2 ccos(krj) SnETH) 2  sin(¢7t jh)

Therefore, by orthogonality properties of the discrete cosine functions (the counter-
part of Lemma 2.1 with the cosine functions),

X (an,by) |

2
N
sin(krh)
<41 2h (kmjh)——=
z(z cos(n iy 5214 )

j=1

<4<2| (P (25 ) <2|bé|2>

where we used that, for all sequence (o) <k<n»

N [N 2
2hz (2 sin(¢ jh) )
j=1

N N 2 N
2y, <2 ockcos(knjh)> = Joul”.
k=1

j=1 \k=1

Note then that

() o () () v ()

The bound (2.30) immediately follows.
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If we assume (2.31), then by Cauchy—Schwarz inequality, Eq. (2.30) implies

1 N kmh T\ X .
X5 (an,by)| < W 3 A (h) cos? <T> +eos (25) X lbel
cos [ — ] k=1 (=1
and the last term satisfies:
N N
V2] . 1 Ao o (lmh
COS (7) éz |bf| < W 2 |bf| COS <T s
=1 CoS| — ) (=1
2
and estimate (2.32) follows immediately. a

2.4.4 Proof of Theorem 2.3

Proof (Theorem 2.3). Identity (2.24) and estimates (2.27) and (2.28) imply that any
solution ¢y, of Eq. (2.1) in the class ¥;,(y/h) satisfies

\Tﬁhm]—/f}%\zw

2 ~ h
< WEh((Ph) + EEh((Ph)' (2.33)
COS (7)

Therefore,

T— COS(#W) Enlon] - ’%Eh[q),,] < /OT ]%]2 dr.

But, since ¢y, belongs to the class #;,(v/h), the Fourier expressions of the energy
Ej[@] in Eq. (2.21) and E,[¢y] in Eq. (2.23) yield

2 i
cos (%”) Exlon] < Enlon), (2.34)

which concludes the proof of Theorem 2.3. a



Chapter 3

Convergence of the Finite-Difference Method
for the 1—d Wave Equation with Homogeneous
Dirichlet Boundary Conditions

3.1 Objectives

This chapter of the book is devoted to the study of the convergence of the numerical
scheme

I Qjn— h_12 (@410 =205+ @j—1.4) =0,

(t,j) € (0,T) x{1,...,N}, (3.1)
Pou(t) = oni1a(t) =0, t€(0,T),
(01(0),9:91(0)) = (@on, P11)s

towards the continuous wave equation

att(P_axx(P:(), (tvx) € (
o(t,0)=0(1,1)=0, t€(0,T), 3.2)
(¢(0),9:¢(0)) = (90, 91)-

Of course, first of all, one needs to explain how discrete and continuous solutions
can be compared. This will be done in Sect.3.2. In Sect. 3.3, we will present our
main convergence result. We shall then present some further convergence results in
Sect. 3.4 and illustrate them in Sect. 3.5.

3.2 Extension Operators

We first describe the extension operators we shall use. We will then explain how the
obtained results can be interpreted in terms of the more classical extension operators.

S. Ervedoza and E. Zuazua, Numerical Approximation of Exact Controls for Waves, 59
SpringerBriefs in Mathematics, DOI 10.1007/978-1-4614-5808-1_3,
© Sylvain Ervedoza and Enrique Zuazua 2013
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3.2.1 The Fourier Extension

For h > 0, given a discrete function a, = (a; ) jeq1,...ny (With N+1=1/h), since the

sequence w} is an orthonormal basis for the A(-, ) ¢2(rv)-norm due to Lemma 2.1,

there exist coefficients d; such that

M=

ap=Y awh, [recall that wk , = v2sin(km jh)] (3.3)

k=1

in the sense that, for all j € {1,...,N},

N
ajp=Y axV2sin(kmjh). (3.4)
k=1
Of course, this yields a natural Fourier extension denoted by IFj, for discrete func-
tions ay, given by Eq. (3.3):

N
Fp(ap)(x) = Y aV2sin(knx), x€ (0,1). (3.5)
k=1

The advantage of this definition is that now Fy(a;,) is a smooth function of x.

The energy of a solution ¢, of Eq.(3.1) at time ¢, given by Eq.(2.2), is then
equivalent, uniformly with respect to & > 0, to the H}(0,1) x L2(0,1)-norm of
(Fr(on),Fn(¢;)). This issue will be discussed in Proposition 3.3 below.

Another interesting feature of this Fourier extension is that, due to the discrete
orthogonality properties of the eigenvectors w* proved in Lemma 2.1 and their usual
L%(0,1)-orthogonality, i.e., fol wh (x)w! (x) dx = & ¢ for all k,£ € N, for all discrete
functions ay,, by, we have

N 1
hY ajubjn= /o Fp(an)Fp(by)dx.
Jj=1

This fact will be used to simplify some expressions.

3.2.2 Other Extension Operators

When using finite-difference (or finite element) methods, the Fourier extension is
not the most natural one. Given a discrete function a;, = (aj,h)je{l,...,N} (with N +
1 = 1/h), consider the classical extension operators P, and Q;, defined by

Puan)0) = ags+ (A=) o ),

forx € [jh, (j+ 1)h), j € {0,...,N}, (3.6)
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a;p forx e [(j—1/2)h,(j+1/2)h), j € {1,....N},
Qulan) (x) = {o’flérxe[o hJ/Z) [(N+J1/2)h,1], ’ (3.7

with the conventions ag, = ay41, = 0.

The range of the extension operator PP, is the set of continuous, piecewise affine
functions with (C') singularities in the points jh and vanishing on the boundary. This
corresponds to the most natural approximation leading to Hé (0, 1) functions and to
the point of view of the P1 finite element method. By the contrary, Q, provides the
simplest piecewise constant extension of the discrete function which, obviously, lies
in L?(0,1) but not in H}(0,1).

Note that the extensions F,(a;,) obtained using the Fourier representation (3.5)
and P, (ay,) do not coincide. However, they are closely related as follows:

Proposition 3.1. For eachh=1/(N+1) > 0, let a;, be a sequence of discrete func-
tions.

Then, for s € {0,1}, the sequence of Fourier extensions (Fj(ay))n~0 converges
strongly (respectively weakly) in H*(0,1) if and only if the sequence (Py(an))n>0
converges strongly (respectively weakly) in H*(0,1). Besides, if one of these se-
quences converge, then they have the same limit.

Moreover; there exists a constant C independent of h > 0 such that

1

¢ 1En@n)lle < [Balan)ll2 < CliEwan)l.2 (3.8)

1

¢ Enlan)lly < 11Bn(an)llyy < CIFnlan)llpy - 39)
Proof. Let us begin with the case s = 0.

Let us first compare the L?(0, 1)-norms of the functions Fy,(a;,) and P (ay,).
From the orthogonality properties of wX (see Lemma 2.1), we have

N
IF5(an ||L2 0.1) 2 s> =h Y lajal> (3.10)
=

Computing the L?(0, 1)-norm of IP;,(ay,) is slightly more technical:

! 2 & [t Aj+1,h —Ajh ?
[ st P av=3 ["lajx (LU0 o
0 =Jo h

I
.gz

1
[ Sntain(agn—ajn)+ 3@ = aj,h)z}

j=0
h$e > 2
=3 2 (@Gt ajn+ajaji
Jj=0
hS 2 2 h<s o 2
— 6 Z( j,h+aj+1’h+261j7hdj+1’h) + 6 Z(aj,h"'ajJrl,h)
j=0 j=0
h N
= ¢ Z@ntagn’+3 Zla,hl 3.11)

<.
I
=}

J
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It follows that the L*(0,1)-norms of Fj(a;) and P,(a,) are equivalent, hence
implying Eq.(3.8), and then the boundedness properties for these sequences are
equivalent.

This also implies that the sequence (IF,(a;))s>0 is a Cauchy sequence in L%(0, 1)
if and only if the sequence (IP;(a;)) is a Cauchy sequence in L%(0, 1), and then one
of these sequences converges strongly if and only if the other one does.

To guarantee that these sequences have the same limit when they converge, we
have to check that their difference, if uniformly bounded, weakly converges to zero
when i — 0.

Let y denote a smooth test function. On one hand, we have

1 N R 1 X
| @@ wide= Y [ o win s

On the other one, we have

1 N o (j+Dh a1 p—aj ;

/0 P (an) (x) y(x)dx = Y /]_h (%HW(}C—M)) w(x)dx
=

N

=h2 apnWin

j=1

with

I SR x—(j—=1)h 1 pUtA x— jh
WJ,h = E Gt l[/(x) (T dx-i‘ﬁ/jh l[/(x) 1-— A dx

1 rU+DA |x—jh|)
= 1— =20 dx
h J(j=vn v ( h

Using Eq. (3.4), we obtain

I N N
/0 Py (ap) (x) y(x) dx = 3 dxs <h > ‘I~/j7h>' (3.12)
: ]

Therefore,

N N 1
=Y s <h > wh, —/0 wh (x) w(x) dx>. (3.13)

Now, fix £ € N, and choose y/(x) = w'(x) = v/2sin(¢zx). In this case, using Taylor’s
formula, we easily check that
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sup | —w(jh)| < lhr.
je{l,..,N}

Since, for ¢ < N, see Lemma 2.1,

1 N
/ wk(x)wé(x)dxthWIEWZ(jh)=5,f,

we then obtain from Eq. (3.13) that for all / € N,

1
| Pu@n) )~ Fu(@) ) w' () dx — 0.
0 h—0
Since the set {w'};cy spans the whole space L*(0,1), if one of the sequences
(Fu(ap)) or (Py(ay)) converges weakly in L2(0,1), then the other one also con-
verges weakly in L2(0, 1) and has the same limit.
This completes the proof in the case s = 0.

We now deal with the case s = 1. First remark that
1 N
/O 10F(an)Pdr = . | 2K2n? (3.14)
k=1

from the Fourier orthogonality properties, and, using Lemma 2.1,
! 2 3o fapn—ap)t & 2
/0 |8x]P>h(ah)(x)| dx:hz (%) = Zlk(h)|dk,h| . (3.15)
: j=0 k=1

Since c1k> < A4 (h) < c2k?, these two norms are equivalent, hence implying Eq. (3.9),
and therefore the H{} (0, 1)-boundedness properties of the sequences (F(a;)) and
(Py(ay)) are equivalent.

If one of these sequences weakly converges in H(} (0,1), then the other one is
bounded in H}(0,1) and weakly converges in L?(0,1) to the same limit from the
previous result and then also weakly converges in H(% (0,1).

Besides, if one of these sequences strongly converges in Hé (0,1), it is a Cauchy
sequence in H (0, 1), and then the other one also is a Cauchy sequence in H}(0,1)
and therefore also strongly converges. O

Similarly, one can prove the following:

Proposition 3.2. For each h = 1/(N+1) > 0, let a;, be a sequence of discrete
functions.

Then the sequence of Fourier extensions (Fj,(ay))n~0 converges strongly (respec-
tively weakly) in L*(0,1) if and only if the sequence (Qp,(ay,))n>0 converges strongly
(respectively weakly) in L*(0,1). Besides, when they converge, they have the same
limit.
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Moreover; there exists a constant C independent of h > 0 such that

1
¢ IEnt@n)ll2 < 1Qulan)l2 < ClFnlan)ll 2 (3.16)

The proof'is very similar to the previous one and is left to the reader.

The above propositions show that the Fourier extension plays the same role as
the classical extensions by continuous piecewise affine functions or by piecewise
constant functions when considering convergence issues. We make the choice of
considering this Fourier extension, rather than the usual ones, since it has the ad-
vantage of being smooth.

The following result is also relevant:

Proposition 3.3. There exists a constant C independent of h > 0 such that for all
solutions @y, of Eq. (3.1):

1
S ERO). F (0l iz < Enln) < N Ful ) Fu@n) g2 G1D

Proof. The discrete energy of a solution ¢, of Eq. (3.1) at time ¢ exactly coincides
with the H}(0,1) x L2(0,1)-norm of (P;,(¢y),Qn(d,¢y)) at time ¢. Using the equiv-
alences (3.9) and (3.16), we immediately obtain Eq. (3.17). O

In the following, we will often omit the operator [, from explicit notations
and directly identify the discrete function a;, = (a; ;) je{1,..n) With its continuous
Fourier extension Fj, (ay,).

3.3 Orders of Convergence for Smooth Initial Data

In this section, we consider a solution ¢ of Eq.(3.2) with initial data (@° ') €
H?*NH(0,1) x H}(0,1). The solution ¢ of Eq. (3.2) then belongs to the space

@ € C([0,T);H*NH(0,1)nCl([0,T]:H} (0,1)) NC*([0,T];L(0,1)).

In order to prove it, one can remark that the energy

1
Elo](r) = /O (190 (t,%)]* + [2x0(1,) ) dx
is constant in time for solutions of Eq. (3.2) with initial data in H] (0,1) x L?(0,1).
We then apply it to d; ¢, which is a solution of Eq. (3.2) with initial data (@, dx o) €
H}(0,1) x L*(0,1).
The goal of this section is to prove the following result:
Proposition 3.4. Let (¢°,¢') € H>NH(0,1) x H}(0,1). Then there exist a con-

stant C = C(T') independent of (¢°,@") and a sequence (¢, ¢\) of discrete initial
data such that for all h > 0,
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0 1 0 1 2/3 0 1
H((ph7(ph)_((p P )HH(%XLZ SCh/ ||((P » P )||H2QH(%><H(% (318)

and the solutions ¢ of Eq. (3.2) with initial data (¢°,¢') and @), of Eq. (3.1) with
initial data (@Y, @) satisfy, for all h > 0 and t € [0, T,

H((ph(t)vat(ph(t)) - ((p(t)7al(p(t))”Hd xL? < Ch2/3 H((pov(pl)HHZQHd ><Hd , (3.19)

and

H(PN,h(-) + (1) <3 (¢ g

12(0,T)

1
h )HHzﬁH(} xHJ (3.20)

Remark 3.1. The result in Eq. (3.18) may appear somewhat surprising since when
approximating (¢°, ') € H> N H(0,1) x H}(0,1) by the classical continuous
piecewise affine approximations or truncated Fourier series, the approximations
(@), @) satisty

Cons@n) = (0. 0Nl 2 < ChII@" @D |y 32D

instead of Eq. (3.18).

However, the result in [45] indicates that, even if the convergence of the initial
data is as in Eq. (3.21), one cannot obtain a better result than Eq. (3.19). This is due
to the distance between the continuous and space semi-discrete semigroups gener-
ated by Eqgs. (3.2) and (3.1), respectively, and their purely conservative nature. To
be more precise, when looking at the dispersion diagram, the eigenvalues of the
semi-discrete wave equation (3.1) are of the form

Mi(h) = %sin (?) ,

whereas the ones of the continuous equation (3.2) are \/A; = kx. In particular, for
any € > 0,

sup {‘\/T(h)—kn‘}zo, while  sup {‘\/W—kn‘}:oo.

k§h72/3+£ k2h72/37£

Remark 3.2. The main issue in Proposition 3.4 is the estimate (3.20). Estimates
(3.19) are rather classical in the context of finite element methods; see, e.g., [2]
and the references therein.

Proof. Let (¢°,@') € H*NH}(0,1) x H}(0,1). Expanding these initial data on the
Fourier basis (recall that w*(x) = v/2sin(kmx)), we have

(p(): iﬁkwk, (p1 = ii)kwk.
k=1
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The solution ¢ of Eq. (3.2) can then be computed explicitly in Fourier:

o . ) . L, ibjy
o(t,x) =Y Geexplim)wh, we=km, ¢ = 5 <ak - —)
k=1 My

And the condition (¢°, @') € H*NH}(0,1) x H}(0,1) can be written as

Y (k*16|"+#2[9{[") <o or, equivalenty, S Mgl < (.22)
k=1 k=1

and both these quantities are equivalent to the H> N H} (0, 1) x H(0,1)-norm of the
initial data (@° ¢@!).

We now look for a solution ¢, of Eq.(3.1) on the Fourier basis. Using that
the functions wk correspond to eigensolutions of the discrete Laplace operator
for k < N, one easily checks that any solution of Eq.(3.1) can be written as
ZEH aw exp(ipy (h)t) with w(h) = 2sin(krh/2)/h. Keeping this in mind, we
take

n(h)
on(t) =Y, drexp(ipy(h))wl, (3.23)
lk|=1

where n(h) is an integer smaller than N that will be fixed later on.
We now compute how this solution approximates ¢:

lpa(e) = ()17

o n(h) _
= Y Rl Y R (g asin’ ((lik(h) lik)f)
n(h

|k|=n(h)+1 [k|=1 2
< c S k4»4»A 2 C”(h) k4h4»k44A 2
= u(h)? W_Z T Qel” + 2_,( KT |
=n(h)+1 k=1
1 2
474 0 1
§C<n(h) h +n(h)2) (0", 0 )HHzﬂdeHd, (3.24)
where we have used that for some constant C independent of 7 > 0 and k €
{1,...,N},
2 kmh
|1 (h) — x| = ’ZSiH (%) —kﬂ’ < CiR,
and

sin <w) ‘ < CT () — .
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The same can be done for d, @y,

19, @(2) = S (1) |72

0o n(h) ) 2
= 3 RRIO Y 00 et et
|k|=n(h)+1 k=1

1 2

4,4 0 .1

SC(n(m h +n(h)2> 1€0° @) 2y g - (3.25)
where we used that

e (h)e e — py e itnt + e (h) — | < CK*R?,

< 'ansin (M)

Estimates (3.24) and (3.25) then imply Egs. (3.18) and (3.19) when choosing n(h) ~
h?/ 3 a choice that, as we will see below, also optimizes the convergence of the
normal derivatives.

We shall now prove Eq. (3.20). This will be done in two main steps, computing
separately the integrals

/
JO

Estimates on I;. We shall first write the admissibility inequality proved in Theo-
rem 2.1 in terms of Fourier series.
Consider a solution ¢y, of Eq. (3.1) and write it as

2 T
dr, and 12=/ |0k, 1) — Qi (1, 1) dr.
JO

(3.26)

t
St 1) + 20

N
o)=Y, qsk,hei“k(h)lw‘k‘,
k=1

~ 1{ ~ éklh
== +— .
¢k7h 2 <¢k,h l,uk(h) )

where

The energy of the solution is then given by

N A2
Ep=2 Y A(h)|den| -
|k|=1

Hence the admissibility result in Theorem 2.1 reads as follows: for any sequence
(D)
2
T
J

N
dr<CS A (h)|denl” (3.27)
k=1

N ||
Z S oitu(hy WN
k=1 h
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But the difference dy @y, (t, 1) + @y /h reads as

n) K
&w(nlﬂ%@ =Y ety (axwk(1)+WTN>

lk|=1

) k
_ (h) o ha,wl* (1) m,((h)zﬂ_

k=1 W‘Nk | !

Thus, applying Eq. (3.27), we get

[

But forall k € {1,...,N},

axq)h(ta 1) +

2 n(h) Koy 2
Onn(t N ho w1
WO g < Y 204 (1+W—“> (62®)

||
|k]=1 N

hoow*(1)  kmhcos(kn)  kmh
wk  sin(kmh)cos(kw)  sin(kmh)’

and we thus have, for some explicit constant C independent of / and &, that for all
h>0andke{l,...,N},

how*(1)

k

‘1—1—
WN

‘ < C(kmh)?.

Plugging this last estimate into Eq. (3.28) and using A, (k) < Ck?, we obtain

T
I /
0

2

on(t) k) A 12164
2 <
Yol WA

Ik|=1

axq)h(ta 1) +

n(h)
< Cn(h)*h* Y, K el
k=1

< Cn(h)?h* H(<p°,<p1)H§ﬂdede . (329

Estimates on I,. The idea now is to see ¢y as a solution of Eq.(3.1) up to a per-
turbation. Note that this is a classical technique in numerical analysis and more
particularly in a posteriori error analysis.

Indeed, recall that

n(h) )
o= Z ¢keluk(h)tw\k\ (x).
k=1
This implies that
att(l)h_axx(l)h:fhv (tvx) ERX(Oal)
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with
n(h) )
fulet) =Y, qee W () (= Ay () + 2?) .

lk|=1

In particular, for all t € R,

& 4 kh\ \ 2
00y < 3 K0P (1= s (57
k=1
n(h)
<C Y Krt|¢el (kmh)*
lk|=1
n(h)
< Cn(n)'h* 3 Kt |l
|k|=1

< Cn()*1* [[(0° 0" [y s -

where the constant C is independent of & > 0.
Now, consider z;, = ¢, — @. Then z;, satisfies the following system of equations:

Onzn — duzn = f, teR,x€(0,1)
a(1,0) = 2,(1,1) =0, tER, (3.30)
z1(0,x) = 2)(x), dzy(0,x) =z (x), 0 <x < 1,

with (2,2}) = (¢, ¢}) — (¢°, '), which satisfies, according to Egs.(3.24) and
(3.25) fort =0,

0 14(2 1 474 0, 14]2
H(Z}th)HHdXLZ SC(m +n(h)"h ) ("¢ )HHZMH(}XH(} :
But this is now the continuous wave equation and one can easily check that the

normal derivative of z;, then satisfies the following admissibility result: for some
constant C independent of 2 > 0,

r 2
/0 |3xzh(t, 1)|2dt < C (”fh”il (O7T;L2(O71)) =+ H(ngzflz)HHd ><L2) .

For a proof of that fact we refer to the book of Lions [36] and the article [34].
This gives

T
b= [ 139 1) = (e, D
0

1 2
<C (n(h)z (h)“h“) "(¢07¢1)||H20H6XH6 . (331
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Combining the estimates (3.29) and (3.31), we obtain

A

The choice n(h) ~ h~2/3 optimizes this estimate and yields Eq. (3.20). This choice
also optimizes estimates (3.24) and (3.25) and implies Eqgs. (3.18) and (3.19) and
thus completes the proof. a

o) [ 1 4p4 0 oh|I?
g, 1) +— ’ dfﬁc(m‘m(m W) (e% )HHMngHg'

3.4 Further Convergence Results

3.4.1 Strongly Convergent Initial Data

As a corollary to Proposition 3.4, we can give convergence results for any sequence
of discrete initial data (@7, @) satisfying

lim (93, ¢4) = (0", 0")| gy 12 = 0- (3:32)

Proposition 3.5. Let (¢°,¢') € H} (0,1) x L2(0,1) and consider a sequence of dis-
crete initial data (¢, @}) satisfying Eq. (3.32). Then the solutions @, of Eq.(3.1)
with initial data (97, @) converge strongly in C([0,T]; H} (0,1))NC' ([0, T];L?(0, 1))
towards the solution ¢ of Eq. (3.2) with initial data (¢",@") as h — 0. Moreover,
we have
lim
h—0.J0

1 (t,l)—i—(PNh‘ dr = (3.33)

Proof Let( O o' € H}(0,1) x L*(0,1) and, given € > 0, choose (y°,y') € H*N
H(0,1) x H}(0,1) so that

H((pov(pl) - (WOaWI)HHd <12 <e.

We now use the discrete initial data (l//,?, l//,}) provided by Proposition 3.4. The
solutions ;, of Eq.(3.1) with initial data (., y;) thus converge to the solution
v of Eq. (3.2) with initial data (y°, ') in the sense of Egs. (3.19)—(3.20).

We now denote by ¢, the solutions of Eq. (3.1) with initial data (@7, ¢}) and ¢
the solution of Eq. (3.2) with initial data (¢, ¢!).

Since @ — Y, is a solution of Eq. (3.1), the conservation of the energy and the
uniform admissibility property (2.12) yield
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ONn— YNR
h

sup 91 300)(0)~ () O g+
€[0T

< Cl(@h0i) = (Wi Wil g 12

< (0 01) = (90 )y z2+ (0% @) = (W0 W) 112
[ v = v 1)

< ([ (08 0) = (0.0 [y sz &+ Cen [ (W00 |y i)

12(0,T)

Besides, recalling that y;, converge to y in the sense of Egs. (3.19)—(3.20), we have

dep(e, 1)+ 2t

lim sup {|(y, i) (1) = (W, W) (1)l g 2 +

h=0,c[0.7] L2(0,7)

We also use that the energy of the continuous wave equation (3.2) is constant in time
and the admissibility result of the continuous wave equation and apply it to ¢ — y:

s[l(l)pﬂ 19,9 0) (1) = (W, W) (1)l g1 2 + 95 0(1,1) = Dy (2, D)l 207y < Ce.
te|0,

Combining these three estimates and taking the limsup as 2 — 0, for all € > 0, we get

limsup ( sup ||(@n, 0 n) (1) — ((P,az(P)(l)”Hé Ny

h—0 t€(0,7T]
< Ce.
12(0,T)

This concludes the proof of Proposition 3.5 since € > 0 was arbitrary. O

(PNh()

i

+0:0(t,1)

3.4.2 Smooth Initial Data

In this section, we derive higher convergence rates when the initial data are smoother.
In order to do that, we introduce, for ¢ € R, the functional space H(éo) defined by

Hy(0,1) = {‘P— Y qewt, with Y K| < oo}
k=1 k=1

endowed with the norm || (p||i,(/ = Y K || (3.34)
O k=1
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These functional spaces correspond to the domains Z((—A4)"/?) of the fractional
powers of the Dirichlet Laplace operator —A,. In particular, we have H(OO) (0,1) =

L7(0,1), H (0,1) = Hy (0, 1) and H(;))l (0,1)=H"1(0,1).

As an extension of Proposition 3.4, we obtain:

Proposition 3.6. Let € (0,3] and (¢°, ") € Hf(;l (0,1) x H{O) (0,1). Denote by ¢
the solution of Eq. (3.2) with initial data (¢°, @"). Then there exists a constant C =
C(T,¥) independent of (¢°,@") such that the sequence @, of solutions of Eq. (3.1)

with initial data ((pff, (p,{) constructed in Proposition 3.4 satisfies, for all h > 0,

sup H((ph(t)uatq)h(t))_((p(t)vat(p(t))HH(}xLz

t€[0,7]
<CR'B (@%@l st st (3.35)
© o
and
(pNJl(.) 0 . < h2[/3 0 1 3.36
I + X(p(71) <C H((P » P )HH/+1><HA . (3.36)
12(0,T) © *"0)

In particular, for ¢ = 3, this result reads as follows: if (¢°,¢!) € H?o) (0,1) x

H(30) (0,1), the sequence ¢y, constructed in Proposition 3.4 satisfies the following
convergence results:

sup H((ph(t)vat(ph(t))_((P(t)7af(p(t))”Hd><L2 SChz"((p()?(Pl)HH4 xH3 (3.37)
t€[0,7] (0) 7(0)

Note that we cannot expect to go beyond the rate 4? since the method is consistent
of order 2.

and

On(e)
h

+ax<p(-,1>H <R ||(@% || L ps - (3.38)
12(0,T) (0) 7(0)

Proof (Sketch). The proof of these convergence results follows line to line the one
of Proposition 3.4.

Let us for instance explain how it has to be modified to get Eq.(3.37). First
remark that Eq. (3.22) now reads

oo

2042) A (2 o 0 1|2
‘HZ:lk Bl == (10, @) [z -

Estimates (3.24)—(3.25) can then be modified into
[[@n () — <P(t)||§(; +[aren(t) = ap(1)]72

1 2
4 6—20 0 ol
§C<h nk) n(h)”> "¢ )HHWXH?O)’

thus implying Eq. (3.35) immediately when taking n(h) ~ h~2/3,
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The proof of the strong convergence (3.36) also relies upon the estimate

_ 1 2
h+hL<C (h“n(h)"’ oy n(h)n) 160 @) gt -

where I1 and I, are, respectively, given as above by Eq. (3.26). Details are left to the
reader. ad

3.4.3 General Initial Data

In Propositions 3.4 and 3.6, the discrete initial data are very special ones constructed
during the proof. In this section, we explain how this yields convergence rates even
for other initial data.

Proposition 3.7. Let £ € (0,3] and (¢°, ¢") € Hf(;l (0,1) x H{y,(0,1) and consider

a sequence (q)}f, q),}) satisfying, for some constants Co > 0 and 6 > 0 independent
of h >0,

||(¢I??¢/})_(¢05(P1)||HSXL2 Scohe- (339)

Denote by @y, (respectively @) the solution of Eq. (3.1) (resp. Eq. (3.2)) with initial

data (9}, 9,) (resp. (¢°,0")).
Then the following estimates hold:

sup ||(¢h(f)=at¢h(f))_((P(t)aat(l’(f))HngH

1€[0,7]
<C (h”/ g (CRT ] n +Coh9> , (3.40)
and
’@V’Tm+¢x(-,l) gC(Wﬁ||(<p°,<p1)||H1;+le/ +C0h9). (3.41)
12(0,7) 0 o

Proof. The proof easily follows from Proposition 3.6 since it simply consists in
comparing ¢y, the solution of Eq. (3.1) given by Proposition 3.4, and ¢y, the solution
of Eq. (3.1) with initial data (q),?, q),}) But ¢, — ¢, solves Eq. (3.1) with an initial data
of H}(0,1) x L*(0,1)-norm less than Ch*/3||(¢°, @")|| ye+1, e +CCoh®.
(0) (0)
The first estimate (3.40) then follows immediately from the fact that the discrete

energy is constant for solutions of Eq. (3.1), whereas estimate (3.41) is based on the
uniform admissibility results proved in Theorem 2.1. O
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3.4.4 Convergence Rates in Weaker Norms

For later use, we also give the following result:

Proposition 3.8. Let (¢°,¢') € H(ZO) (0,1) x H(IO) (0,1). Denote by @ the solution
of Eq.(3.2) with initial data (¢°,@"). Then for all ¢ € (0,3], there exists a con-
stant C = C(T,{) independent of (¢°, ") such that the sequence @y of solutions
of Eq. (3.1) with initial data ((p/(l), (p,%) constructed in Proposition 3.4 satisfies, for all
h>0,

sup {|(@n(); 0 @n(1); 0t pn (1)) = (9(2), @ (2), 0 (1))l 2 gty
1€[0,T] (0) 770) TTH(0)

<3| (¢ ¢ (3.42)

1
)HH(%)XH(IO) :

In particular, if (q),?,q)}}) are discrete functions such that for some {y € (0,3], Cy
independent of h > 0 and 6 > 0,

197 91) — (", ¢1>!\H(z();/0x,,(1070 < Coh?, (3.43)

then denoting by ¢y, the corresponding solution of Eq. (3.1), we have

sup {|(9n(t), 0, @n(2),9u ¢ (1)) — (@(1),0:0(2), A @), 200 10 1yt0
1€(0,7T] (0) (0) (0)

<C (h”” @0 g +Coh") : (3.44)

Proof. The proof of Eq. (3.42) again follows the one of Proposition 3.4. This time,
following Eqs. (3.24)—(3.25), we get

lln () — (P(ﬂl\%z + 110k en(r) — 3z<P(t)Hf,(10;z

1 2
6—20,4 0 ol
<C ("(h) "+ n(h)”) (0" ¢ )HH(ZO)XH(IO) .

The proof of the estimate

sup |0 @n(t) — e (t)||,,—+ < CH*/*(¢°, @'
le[O%}” bt @n (1) — 9 @ ( )”Hmf S ||((P ¢ )HH(ZO)XH(IO)

can be done by writing

n(h) . . nd .
att(Ph(t) — Qn(p(t) = 2 (ﬁkw\k\ (_’uk(h)Zetle(h)t _|_‘ulgell-lkt) + 2 (ﬁkw‘k‘u,ge’“k’
|k|=1 n(h)+1

and by using the estimate
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—‘le(h)zei”k(h>t +,u]gei”kl S Ckshz.

The complete proof of Eq. (3.42) is left to the reader.
The proof of Eq. (3.44) for initial data satisfying Eq. (3.43) is very similar to the
one of Proposition 3.7 and is based on the following facts:

e For any y;, solution of the discrete wave equation (3.1), for all ¢ € Z, the

H(Qogf(o, 1) x H(lojg(o,l)-norm of (y,(t),0,y,(t)) is independent of the time

t > 0, as one easily checks by writing the solutions under the form
N . .
w(t) = 3 wh (I,A,kezukm)z " ﬁ,ﬁke—wmr) .
k=1

Applying this remark to (3, 9 y,) and to (0, y,, dy W) for wy, = ¢ — @y, we get
sup. [(04(0),204(6).2004(0)) = (9(0):00(0): 0000l 2010yt

1€[0,7] © "oy o)

200/3 0 .1
< (19 0.0 s

0 41 0 0 1 0
+ ||(¢hv¢h Andy) — ((pha(PhaAh(Ph)HH(ZO;fO XH<10)fome§o> .

e By construction,
165 = 20680 < €05 = 0] 20
hence

H (q)i(z)v ¢}}’Ah¢;l)) - ((p/(l)v (p}}7Ah(p/€l))HH(20;/0 XH(I();/O XH(;);:O

< CH(‘P}?JP;}) - (¢}?7¢’5)"H50;[0xH<10;[0 .

e We finally conclude Eq. (3.44) by using Eq.(3.43) and the estimate (3.42) for
t=0. O

3.5 Numerics

In this section, we briefly illustrate the above convergence results on the normal
derivatives. The rate of convergence of the discrete trajectories towards the contin-
uous ones is well known and well illustrated in the literature.

We thus choose an initial data (¢°, @') € H}(0,1) x L*(0,1).
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For N € N, we set h = 1/(N+1) and take (@7, ¢}) defined by (pj({h = ¢°(jh)
and (P,/!,h = f((j—l/z)h,(jJrl/z)h)(Pl(jh) for all j € {1,...,N}. We then compute ¢,
the corresponding solution of Eq. (3.1) and the corresponding discrete derivative at
x=1,ie, —@yu(t)/h.

Note that, actually, this discrete solution should rather be denoted as @y 4; since
we also discretize in time using an explicit scheme. More precisely, if (p,’l" A, denotes
the approximation of ¢y, at time kAt, we solve

oy =205 — ¢ — (A1) M. (3.45)

The CFL condition is chosen such that Ar/h = 0.2 so that the convergence of the
scheme (in what concurs solving the boundary—initial value problem) is ensured.

Since our goal is to estimate rates of convergence, we also need a reference data.
In order to do that, we expand the initial data (¢, ¢') in Fourier:

¢’ =

TM:

Ak 1 rok
aw”, 0} :Zbkw.
k=1

The corresponding solution ¢ of Eq. (3.2) is then explicitly given by

o)=Y, <€1k cos(kmt) + by sm(km)) wk,
k=1 km
so that
dop(t,1) =Y (dkcos(km) +13ksml(!;m)> V2(~1) k. (3.46)
k=1

Of course, we cannot compute numerically these Fourier series for the continuous
solutions of Eq. (3.2) since they involve infinite sums. So we take a reference num-
ber N, large enough and replace the infinite sum in formula (3.46) by a truncated
version up to Nyof. Nyef is taken to be large compared to N, the number of nodes in
the space discretization involved in the computations of @y ; () /h. We thus approx-
imate the normal derivative by

N. .
(0@t 1)) o = ff (ak cos(kmt) + by S‘“IE’;””) V2(—1)kr.

In the computations below, we take Ny = 1,000 for N varying between 200
and 400.
In Fig. 3.1 (left), we have chosen (¢, ¢') as follows:

@’ (x) =sin(mx), o'(x)=0. (3.47)

In this particular case, the continuous solution involves one single Fourier mode.
So, we could have taken Nyof = 1. Figure 3.1 (left) represents the L%(0,T)-norm
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of (v@(t,1))ef + @ni(t)/h for T = 1 versus N in logarithmic scales. The slope
of the linear regression is —1.99, thus very close to —2, the rate predicted by
Proposition 3.7.

We then test the initial data

0 o 1 . —X if x < 1/27
P0)=0, ¢ (x)_{—x—i—l ifx>1/2, (3.48)

and plot the error in Fig.3.1 (middle). The initial data velocity only belongs to
ﬂ£>oH(10/)278(0, 1), so the predicted rate of convergence given by Proposition 3.7

is —(1/3)". This is indeed very close to the slope —0.31 observed in Fig. 3.1 (right).

-9 -2.6 -3

-3.05
-2.65 a1
~95 o7 -3.15
-32
—2.75 -3.25
-10 -3.3
28 -3.35
-2.85 -34
-10.5 -3;1:
53 54 55 56 57 58 5.9 53 54 55 56 57 58 59 5.3 54 55 56 57 58 5.9

Fig. 3.1 Plot of [(dx@(t, 1)) e + @n.a(t) /Bl 120,y versus log(N) for N € {200,...,400}, Nyop =

1,000 and T = 1. Left: for the initial data (¢°,@') in Eq.(3.47), slope of the linear regression
= —1.99. Middle: for the initial data (¢°, ') in Eq. (3.48), slope = —0.31. Right: for the initial
data (¢°, ¢') in Eq. (3.49), with (9;¢(t,1)),of = —1 +1 in this case, slope = —0.5.

These numerical experiments both confirm the accuracy of the rates of conver-
gence derived in Proposition 3.7.
We then test the initial data

e’(x) =0, o'(x)=nx (3.49)

These data are smooth but ¢'(1) # 0. Hence ¢' only belongs to ﬂ£>oH(10/)278(0, 1)

and we thus expect a convergence rate of order h'/3. Note that in this case, the
normal derivative of the solution at x = 1 can be computed explicitly using Fourier
series and d,¢(t,1) = —1+1¢ (recall the formula (3.46)). Of course, we are thus
going to use this explicit expression to compute (dy@(t,1)),of = —1+1 in this case.

Note that the numerical simulations yield the slope —0.5 for the linear regres-
sion (see Fig. 3.1 (right)). This error term mainly comes from the fact that the con-
tinuous solution ¢ of Eq.(3.2) does not satisfy d,¢°(x) = —1 as the computation
(x@(t,1)) of = —1 4+t would imply for + = 0. This creates a layer close to t = 0
that the numerical method has some difficulties to handle. In Fig. 3.2, we represent
the normal derivative computed numerically for N = 300 and compare it with the
continuous normal derivative dy@(r,1) = —1+4r. As one can see, there is a boundary
layer close to t = 0.
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-1

%0 0.1 02 03 04 05 06 07 08 09 1 0 0005 001 0015 002 0025 0.03
t t
Fig. 3.2 Plot of —qy 4(¢)/h computed for N = 300 (black solid line) and of (0, @(t,1))pef = — 141

(red dash dot line) for (@°, @') in Eq. (3.49). Left: on the time interval (0, 1). Right: a zoom on the
time interval (0,0.03).

This last example illustrates the fact that the boundary conditions play an impor-
tant role for the regularity properties of the trajectory of the continuous model (3.2)
and therefore also have an influence on the rates of convergence of the correspond-
ing approximations given by Eq. (3.1). The above example also confirms the good
accuracy of the rates of convergence given in Proposition 3.7 when the regularity
properties are limited by the boundary conditions.



Chapter 4

Convergence with Nonhomogeneous Boundary
Conditions

4.1 The Setting

In this chapter, we consider the continuous wave equation

atty_ axxy O (tvx) € (OaT) X (Oa 1)1
y(t,0) =0, (f )=v(t), t€(0,T), 4.1
(¥(0,-),95(0,-)) = (5°,»"),
with
0% eL?(0,1)xH(0,1),  veL*0,T). 4.2)

Following [36] (see also [33, 35]), system (4.1) can be solved uniquely in the
sense of transposition and the solution y belongs to

C([0,T];L2(0,1)) x C'([0,T];H~1(0,1)).

Let us briefly recall the main ingredients of this definition of solution in the sense
of transposition and this result.
The key idea is the following. Given smooth functions f, the solutions ¢ of

atz(P—axx(P:fa (I,X)G(O T)X(Ovl)v
o(t,0) = @(1,1) =0, 1€ (0,7), 4.3)
((p(T’ ')7at(p(Ta )) = (070)7

which are smooth for smooth f, should satisfy

/()T/Ol)’.fdxdt _ —/()Tv(t)ax(p(t, 1

1
— [ @300+ 6100 )y G4)

S. Ervedoza and E. Zuazua, Numerical Approximation of Exact Controls for Waves, 79
SpringerBriefs in Mathematics, DOI 10.1007/978-1-4614-5808-1_4,
© Sylvain Ervedoza and Enrique Zuazua 2013
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Thus one should first check that if f € L'(0,T;L*(0,1)), then the solution ¢ of
Eq. (4.3) belongs to the energy space C([0,T];H}(0,1))NC'([0,T];L?(0,1)) and is
such that d,¢(t,1) € L?(0,T) with the following continuity estimate:

100, 9 9) | 1= (0,7:1 0.1) x2(0,1) T 19508 Dll20.7) < Cllfl0.r2200)) - (45

Of course, there, the first term can be estimated easily through the energy identity,
whereas the estimate on the normal derivative of ¢ at x = 1 is a hidden regularity
result that can be easily proved using multiplier techniques.

Assuming Eq. (4.5), the map

T 1
g(f):_/o v(;)ax(p(t,l)dt—/o yo(x)az(P(O,X)dx+<)’1,(P(07')>H71,Hg

is continuous on L'(0,T;L?(0,1)) and thus there is a unique function y in the
space L*(0,T;L*(0,1)) that represents .Z, which is by definition the solution y of
Eq. (4.1) in the sense of transposition. The solution y actually belongs to the space
C(]0,T];L*(0,1)) since it can be approximated in L=(0,T;L%(0,1)) by smooth
functions by taking smooth approximations of v, y°, and y!.

A similar duality argument shows that d,y belongs to C([0,T]; H~'(0,1)).

Let us finally mention the following regularity result (see [34]): if (y°,y!) €
H}(0,1) x L*(0,1) and v € H'(0,T) satisfies v(0) = 0, then the solution y of
Eq. (4.1) satisfies

yeC([0,T];H'(0,1))NC'([0,T];L*(0,1)) and Ay € C([0,T};H'(0,1)). (4.6)

Now, the goal of this chapter is to study the convergence of the solutions of

1 .
Iyjn— ﬁ()’jJrl,h =2yin+yj-14n) =0, (t,j) €(0,T) x{l,...,N},
You=0," yi1alt) = valo), 1€ (0,7), @D
(y1(0),9y4(0)) = (5, v1),

towards the solution y of Eq. (4.1), under suitable convergence assumptions on the
data (y),y}) and v, to (y°,y') and v.

As in Chap. 3, y;, will be identified with its Fourier extension F,(y;). This will
allow us to identify the H~'(0, 1)-norm of f;, as

1fille=1(0.0) = 12l g3 0,1y » Where 2y solves — duzy = fiy on (0,1), 24 (0) = z(1).

Note that, expanding these discrete functions on the Fourier basis, one can check
(see Proposition 4.1 below) that this norm is equivalent to ||Z]| Hl(0.1)> Where 2,

solves

| _ . ) . .
_ﬁ(ZjJth'i‘ijl,h_szJz):fj,ha JE{1,...,N}, Zop=2nt12=0.
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The outline of this Chap. 4 is as follows. Since we are working with the H (0, 1)-
norm, it will be convenient to present some further convergence results for the dis-
crete Laplace operator. In Sect. 4.3 we give some uniform bounds on the solutions
vy of Eq. (4.7). In Sect. 4.4 we derive explicit rates of convergence for smooth solu-
tions. In Sect. 4.5 we explain how these results yield various convergence results. In
Sect. 4.6, we illustrate our theoretical results by numerical experiments.

4.2 The Laplace Operator

In this section, we focus on the convergence of the discrete Laplace operator Ay,

(Anzn)j = %(Zjﬂ,h —2zjp+2zj—1p), JEA{L,...,N}, withzg), = zy41, =0.
(4.8)
In particular, we give various results that will be used afterwards.

Let us first recall that the operator —A, is self-adjoint positive definite on RY
according to the analysis done in Sect. 2.2. Besides, its eigenvectors w* and eigen-
values Ay (h) = py(h)? are explicit; the k-th eigenvector wX (x) = v/2sin(kmx) is in-
dependent of & > 0 and py(h) = 2sin(kmh/2)/h.

4.2.1 Natural Functional Spaces

In this section, we focus on the case of “natural” functional spaces, i.e., in our case
H{(0,1), L*(0,1), and H~1(0,1).
As already mentioned, we have the following:

Proposition 4.1. If f}, is a discrete function, then there exists a constant C indepen-
dent of h € (0,1) such that

1
C [ fallg-1 < ||(_Ah)71fh||H(} <C|fullyg-1- (4.9)

To simplify notations, for f € H~1(0,1), we shall often denote by (—d,,) "' f the
solution z € H}(0,1) of

—duz=/f on(0,1),  z(0)=z(1)=0.

Proof. Since f}, is a discrete function, it can be expanded in Fourier series as
follows:

N
fr=Y, fiwk.
k=1
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Then the expansions of z = (—dy) ' f;, and 7, = (—A,) ! f;, are known:

N
Z—ka k thzluklwk.

& ()
Hence
\fil* 2 Al w
Izll7) = 12 7 :
Ho /;1 [.Lk Hy /;1 [.Lk i (h)*
Since for all k € {1,...,N},
4 4
j<He T
T ()t 16
we easily get Proposition 4.1. a

We now prove the following convergence result:

Theorem 4.1. Let f € L*(0,1) and expand it in Fourier series as

f=3 ik, (4.10)
k=1
and set
N
=Y fink. (4.11)
k=1
Let then 7 be the solution of
—duz=f, on (0,1), z2(0) =2z(1) =0, (4.12)
and zj, of
—(Anzn)j = fin, JE{1,...,N}. (4.13)
Then
If = Sl + Iz = znll gy < ChIIfIl2 (4.14)
le=zll2 < CH* £ 2 (4.15)

Remark 4.1. Of course, Theorem 4.1 is very classical and can be found for many
different discretization schemes and in particular for finite-element methods; see for
instance the textbook [46].

Proof. Our proof is of course based on the fact that the functions w¥ are eigenvectors

of both the continuous and discrete Laplace operators. Note that it is straightforward
to check that

1f = fullg—r < ChIIf -
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We thus focus on the comparison between z and z;,. Again, we use the fact that
the expansions of z and z;, in Fourier are explicit:

z= i ikzwk7 p = i Ji 2wk. (4.16)
k=1 Mi & ()

Now, computing the H& -norm of z — z;, is easy:

» L AP S AP
le-alfy = X A (1- A ) 4 3 Iy

S P
J 204, 1 2
< CY |il*Kh ¥ > 1Al
k=1 k=N+1
where we have used that

1 w2\’
— 1——’<) < CK*h*, Vke{l,...,N}. (4.17)
u,?( i (h)?

Hence
1
2 274 2
Je=anlfy < (N4 05 ) Wt
Since N + 1 = 1/h, this concludes the proof of Eq. (4.14).

Similarly, one derives

1

2 2

le=all <€ (4 7 ) I11Bs.

which immediately implies Eq. (4.15). O
From Proposition 4.1 and Theorem 4.1 we deduce:

Theorem 4.2. Let f € H ’1(0, 1) and f, be a sequence of discrete functions such
that

tim £~ fylly-1 =0.
Then
. _ -1l [ -1 _
lim || (=) " f = (=4n) " |y = 0. (4.18)
Besides, if f € L*(0,1) and f;, satisfies, for some 8 > 0,
1f = fill 1 < Coh®,
then
(=00 = (=) fill g <€ (R If1l2 + Con®) . (4.19)
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Proof. The first part of Theorem 4.2 easily follows by the density of L?(0, 1) func-
tions in H~'(0,1), the uniform stability result of Proposition 4.1 and the conver-
gence result of Theorem 4.1, similarly as in the proof of Proposition 3.5. The details
are left to the reader.

The second part of Theorem 4.2 consists of taking fj, as in Eq. (4.11), for which
we have

1f =Fallgr <CrIS2 and [[(=A0) " Fa = (=9e) ™ Fl gy < CRISlz2-
Then Proposition 4.1 implies that
[(=an) " fi— (—Ah)flthHé <C|| = Full -1 -
Of course, these three last estimates imply Eq. (4.19). O

Finally, we mention this last result:

Theorem 4.3. Let f € L?(0,1) and z = (—0dx) ' f. Then there exists C such that

0:z(D) < CIA N2 1N g1 - (4.20)

Similarly, there exists C > 0 such that for all h € (0,1), if f, is a discrete function
and z, = (—Ap) " i, we have

N |2
‘T‘ <Clfull 2 I full g1 - 4.21)

Besides, taking f;, as in Eq. (4.11), we have

8xz(1)+ZNT”" <CVh|fll;2- (4.22)

Proof. We prove this result using the multiplier technique. Since —dyz = f, multi-
plying the equation by xdz, easy integrations by parts show

19uz(1)]? = —2 / Frdez+ / EX e

Of course, this implies Eq. (4.20) from the fact that ||z[| ;1 = [|f{l-1-
In order to prove estimate (4.21), we develop a similar multiplier argument.
Namely, we multiply the equation

_(Ahzh)j:fj,hv Je{laaN}a

by j(zj+1,n —2j—1,,)- We thus obtain

2
’ZN’* :_2}12 h(—Z’“th’ 1h>f;h+h2<—z’“hh Z”) .

j=0
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Hence

‘ZNh

which yields estimate (4.21).
We now aim at proving Eq. (4.22). First remark that z;, also solves

- xeh:fhv on (071)7 Zh(o):Zh(l):Ou

where

N
Jo= sz( Ha
j=1

But one easily has

W /ull2 <ClAl 2y 1= Fllmr S CRIAN 2 -
Indeed, from Eq. (4.17),

~ 2 & |l we ’ 210 p12
||fh_fh||H—l = 2_,3 - <‘uk(h)) SCh ||fHL27

and thus Eq. (4.14) yields Eq. (4.24).
Therefore, using Eq. (4.21),

10:2(1) = dzn (D < C(|IF = Fall 2 [1F = Fill o) > < VR 2

Besides,

wh e fi sin(kmh)
ath(l) + T = kg‘l [.,Lk(h)z (— )k (1 — W) km.

85

‘ < Cllfullz Izallgy +Cllznlizy < Cllfallz Wil +C N fullz-1

(4.23)

(4.24)

(4.25)

Note that this last expression coincides with the continuous normal derivative dxZ(1)

of the solution 7 of the continuous problem

krh

o sin(kmh
—0uZ = gn, on (0,1), where g, = ka ( ( )>Wk’ (4.26)

7(0) =3(1) =0.
Using that for some constant C independent of 2 and k € {1,...,N},

sin(krh)
2| = kmh

‘ < Ck*h?,
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we easily compute

1&nll2 <Clifllz,  gnllg—1 < Ch|Ifll2- (4.27)
Hence, from Eq. (4.20),

N

dean(1) + == | = 10:2(1)] < CVh||fl2-

Together with Eq. (4.25), this concludes the proof of Theorem 4.3. a

4.2.2 Stronger Norms

Recalling the definition of the functional spaces H(éo) (0,1) in Eq. (3.34), we prove
the counterparts of the above theorem within these spaces.
First, Proposition 4.1 can be modified into:

Proposition 4.2. Let ¢ € R. If fj, is a discrete function, then there exists a constant
C = C(¢) independent of h € (0, 1) such that

1 1
— < ||(—A L <C . 4.28
C HthH(fO) < [[(—4n) thH(/O)z < ||fh||H{0) (4.28)

The proof of Proposition 4.2 follows line to line the one of Proposition 4.1 and
is left to the reader.
The convergence results of Theorem 4.1 can be extended as follows:

Theorem 4.4. Let { e R and f € H(éo) (0,1) and z = (=)~ f be the corresponding
solution of the Laplace equation (4.12). With the notations of Theorem 4.1, setting

fnasin Eq. (4.11) and zj, = (—Ay,) ' f;,, we have
— - — < Ch 4.29
If thH(éo)l-i-HZ Zh||H(é$l < HfHH(ZO)a (4.29)
2=zl < CH? X 4.30
le= 2l < 1l (430)
Here again, the proof of Theorem 4.4 is very similar to the one of Theorem 4.1

and is left to the reader.
We now focus on the convergence of the normal derivatives:

Theorem 4.5. Let ¢ > 0 and f € H(ZO) (0,1) and z = (—dw) "' f be the corresponding
solution of the Laplace equation (4.12). With the notations of Theorem 4.1, setting
fnasin Eq.(4.11) and zj, = (—Ap,) ' f3,, we have

9x2(1)+ZNT’h < Cpmin{+1/2.0/2+12} ||f||H<f¢0)- 4.31)
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Proof. The proof of Eq.(4.31) follows the one of Eq.(4.22), except for the esti-

mates (4.24) on f, in Egs. (4.23) and (4.27) on g, defined in Eq. (4.26).
Using that forall >0 and k € {1,...,N},

(- Gi) ) oo

~ 12 1 _
If=Fl<c (W+Ch4max{l,N4 2‘}> 15, -

we easily derive that

In particular, if ¢ € (0,2],
cr | f iy thus yielding

F=nll2 < Chfnfn%) and if ¢ > 2,

f_.thLZ S

= Fillz < MO

Similarly,
Hf_thH*l < cpmin{t+12} ||fHH{0) )
We thus obtain, instead of Eq. (4.25),

|0c2(1) = Auzp(1)] < CmMEH/2:L/241.2) 11, -

Estimates on d,z;(1) + zy/h can be deduced similarly from estimates on g,
(defined in Eq. (4.26)) and are left to the reader. O

Remark 4.2. Very likely, estimate (4.31) can be improved for £ > —1/2 into
Z .
az(1)+ S| < o122 432)

For instance, using that, if f = ¥, fiw, the solution z of Eq. (4.12) can be ex-
panded as z = ¥ fi/u?w* and we get

k
az(1) = 3 2 )
X g

provided the sum converges. Since for all k € N,

8xwk(1)‘ C
——|<—,
My Mk
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by Cauchy-Schwarz, for any ¢y > —1/2, we obtain
[dz(D)] <Gy HfHH(/g)

instead of Eq. (4.20).
Of course, we can get similar estimates for the discrete solutions z;, = (—Ah)’1 fn
and obtain, for all £(p) > —1 /2, a constant Cy, independent of /2 > 0 such that for all

discrete function f}, and z;, = (—A,) "' fi,

IN,h
ALY D )
L= Cllfillyy
instead of Eq. (4.21).
Using these two estimates instead of Eqgs. (4.20) and (4.21) and following the
proof of Theorem 4.5, we can obtain the following result: for all £ > —1/2 and
€ > 0, there exists a constant C; . = C(¢,€) such that f € H(ZO),

duz(1) + Z1\17,/1 < Cé7£hmin{£+1/27e,2} ”f”H(é()) ) (4.33)

This last estimate is better than Eq. (4.31) when ¢ € (—1/2,0) and when ¢ € (1,2).

4.2.3 Numerical Results

This section aims at giving numerical simulations and evidences of the convergence
results Eq. (4.31) for the normal derivatives of solutions of the discrete Laplace
equation. We do not present a systematic study of the convergence of the solution
in L?(0,1) norin H}(0, 1) since these results are classical and can be found in many
textbooks of numerical analysis; see, e.g., [4, 46].

In order to do that, we choose continuous functions f and z solving Eq. (4.12).

For N € N, we then discretize the source term f into f, simply by taking f;,(j) =
f(jh) for j € {1,...,N} and compute z; the solution of —A,z, = fj, with z9), =
Zy+1,, = 0. We then compute dyz(1) +zy 5/ h.

Our first test function is

_sin(2zx)  3sin(7mx)

f(x) = —sin(27x) + 3sin(7x), for z(x) = i p— (4.34)

The plot of ‘8xz(1) +ann/ h| versus N is represented in logarithmic scales in
Fig. 4.1, left. Here, we have chosen N € [100,300]. The slope of the linear regression
is —1.99 and completely corresponds to the result of Theorem 4.5.
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-11.8 -5.3
—12f% -5.4
-12.2 55
-12.4

-5.6
-12.6

-57
-12.8
-13 -5.8
-13.2 . -5.9
134 i

53 54 55 56 57 58 59 53 54 55 56 57 58 59

Fig. 4.1 Plot of !axz(l) +2nn/ h! versus N in logarithmic scales. Left, for f as in Eq. (4.34), the
slope is —1.99. Right, for f as in Eq. (4.35), the slope is —1.00.

We then test

flx)= (x—i——ll)3’ corresponding to z(x) = —m + % - 2 (4.35)
Numerical simulations are represented in Fig. 4.1, right.

This function f is smooth, but it does not satisfy f(0) = f(1) = 0. Thus it is only
inNgsoH (10/)278 (0,1) and the slope predicted by Theorem 4.5 is —1~ and completely
agrees with the slope observed in Fig. 4.1 right.

These two examples indicate that the rates of convergence of the normal deriva-
tives obtained in Theorem 4.5 are accurate.

4.3 Uniform Bounds on yj

The goal of this section is to obtain uniform bounds on yj, in the natural space for the
wave equation with nonhomogeneous Dirichlet control, that is C([0,7];L*(0,1)) N
C'([0,T]:H~1(0,1)):

Theorem 4.6. There exists a constant C independent of h > 0 such that any solution
yn of Eq. (4.7) with initial data (y),y}) and source term vy, € L*(0,T) satisfies

sup {|(va(#), dv(t) 20,1 %11 (0,1)
t€[0,7]

<C (H(yguyilz)HL2(071)><H71(071) + ”vh”Lz(OI)) : (436)

The proof of Theorem 4.6 is done in two steps: one focusing on the estimate on
yi and the other one on d,y;, respectively, corresponding to Propositions 4.3 and 4.4.

As we will see, each one of these propositions is based on a suitable duality
argument for solutions of the adjoint system.
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4.3.1 Estimates in C([0,T]; L*(0,1))

We have the following:

Proposition 4.3. There exists a constant C independent of h > 0 such that any solu-
tion yy, of Eq. (4.7) satisfies

0 1
yllz=0.7:22 0.1y = € (HthLZ(o,l) + HthH*I(O,l) + ”"hHLZ(O,T)) : (4.37)
We postpone the proof to the end of the section. As in the continuous case, Propo-

sition 4.3 will be a consequence of a suitable duality argument.
Namely, let f;, € L!(0,T;L%(0,1)) and define ¢, as being the solution of

1
Ku®jn =17 [$jr1n+0j-1h—20j4] = fin,
(t,7) €(0,T) x{1,....,N},  (4.38)

Go.n(t) = dng14(t) =0, t€(0,7),
¢jn(T)=0,0¢;4(T)=0, j=1,...,N.

Then, multiplying Eq. (4.7) by ¢, solution of Eq. (4.38), we obtain
N T NoT q
0=hy /o Ouyjn®jndt —hy, /0 ﬁ[)’jJrl,h +¥j-1h— 2yl 9jndt
Jj=1 j=1
N T N T |
=hy /o YjhOuGjndt —h Y, /0 Vi @i+ 9-1h—20;4)dt
j=1 j=1

y roogr ON 1
+h2(at)’j,h¢j,h_)’j,hat¢j,h)‘0 —/0 YN+1,—— dt
i

h
N T N
=Y, [ e +h 3 08,0014(0) = 3%,9:4(0)) (439)
j=1"0 j=1
_/th(t)q)N’h(t) dr.
0 h

Note that identity (4.39) is a discrete counterpart of the continuous identity (4.4).
Remark that this can be used as a definition of solutions of Eq.(4.7) by transpo-
sition, even if in that case, solutions of Eq. (4.7) obviously exist due to the finite
dimensional nature of system (4.7).
Formulation (4.39) will be used to derive estimates on solutions y;, by duality.
But we shall first prove the following lemma:

Lemma 4.1. For ¢y, solution of Eq. (4.38), there exists a constant C independent of
h > 0 such that

08l 2= (0,713 0.1)) T 19 Onll=~(0.7:220.1)) < CllfullLr0.7:22(0.1)) (4.40)
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Proof. The first inequality (4.40) is an energy estimate, whereas Eq. (4.41) is a hid-
den regularity property.

and

L
h

< CHthLl(o,T;L2(0,1))- 4.41)
12(0,T)

Multiplying Eq. (4.38) by d;¢; » and summing over j, we obtain

N N
1
B Oudjndrdjn—h, o (074 1h+ 05 15— 200] 00
Jj=1

Jj=1

N
=0 find®jn- (4.42)
j=1

The left-hand side of Eq. (4.42) is the derivative of the energy

d (hy 2 h e (B0 \?\ _ 1 dE[9)]
a (5}21""@%” a5 () ) = e

J=1

whereas the right-hand side satisfies

N 12 N 1/2
< <” > |fj,h|2> (h > |3z¢j,h|2>
i=1 i=1

N 1/2
< <h > |f,,h|2> VEB:]0)-

N
B findidjn
=

Equation (4.42) then implies

1/2
‘d\/_ ‘ <h2|f,h ) . (4.43)

Integrating in time, we obtain that for all # € [0, T,

r /N 12
\/Eh(f)S/O <h2,1|fj,h(f)lz> dr.

Finally, recalling the properties of the Fourier extension operator in Sect. 3.2, we
obtain Eq. (4.40).
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Estimate (4.41) can be deduced from the multiplier approach developed in the
proof of Theorem 2.2 by multiplying Eq. (4.38) by j(¢j41,n — ¢j—1,4):

N T . .
hz/ fj7hjh<¢j+l,hh¢jl,h> dt
=10
N T . .
:hz /0 attq)j,hjh <—¢j+1’h 7 ¢;1,h) dr

—hZ/ [¢J+1h+¢1 Lh = 2¢j,h:| ih <—¢J+1h % ”) dr. (444

The right-hand side of Eq. (4.44) has already been dealt with in the proof of Theo-
rem 2.2 and yields

N T b
hZ/O 3n¢j,hjh(¢1+17hh¢1 Lh) &
_hz/ |:¢/+1h+¢/ 1h— 2¢j,h:| jh(q),/'Jrl,h;q)jl,h)

2 h3 N T
- a2y [
T T
- [ By -xi0)] .
0 0

0 Pivih— 9 Pjn zdt
h

T oy n(t)

where, similarly as in Eq. (2.14), X;,(¢) is given by
N . —0;
—onY jh (¢j+l,h2h¢jl7h> 30,
j=1
From the conditions ¢,,(T) = d;¢,(T) = 0 in Eq. (4.38), X;,(T) = 0. Besides, as in

Eq. (2.15), one has |X;,(0)| < Ej(0).
On the other hand,

N T
(91— 9 1h>
h,_zl/o f,,hjh(— dr

/N 1/2
=< / <h )Y |fj7h|2> VEy(1)dt
0 =

< sup {\/AT}/ <h2|f,h|>l/zdt.

tG()T

Therefore, from Eq. (4.40), there exists a constant independent of % such that
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/T Ona ()
Jo
1/2 2

h
T N
<c| [ (sZ il o)

which implies Eq. (4.41). O

2
h3N

T
dl+32/0

Jj=0"

0 Piv1h—0Pin

2
dr
h

Proof (Proposition 4.3). Lemma 4.1 and identity (4.39) allow us to deduce bounds
on yy,. Indeed,

1
1l = 0,722 0,1)) = sup / ya(x) f(x)dx.
feL'(0,7:22(0,1)) /0

HfHLl(((LT);LZ(O)l))

But there yj, is the Fourier extension Fj(y,) (recall Sect. 3.2); hence it involves only
Fourier modes smaller than N. We thus only have to consider the projection of f
onto the first N Fourier modes. But this exactly corresponds to discrete functions f},.
Therefore,

N T
vall = (0.7:120,1)) = sup | {hZ/O y]',hfj,hdt}-
=

FrELN(0,T312(0,1
Hfh ”Ll ((0,7);L2(0,1)) <1

But, introducing ¢y, the solution of Eq. (4.38) with source term f;,, using Lemma4.1,
we obtain:

> [ S T o)
hj_Zl/o Yjnfindt = _hj_z,l(y97hal¢j7h(0)_yjl‘,h¢j,h(0))+/() vi(1) NZ dr

< CHY%HH(OJ) Hatd’h(o)HH(o,l) +CHY};HH71(O’1) ||¢h(0)||H(§(0,1)

On .1

Hlvallz oy ||,

12(0.T)
<C (HyZHLz(OJ) + Hy;l,HHq(oJ) + ||Vh||L2(o,T>) I frllzr0.7:0200,1) -

This yields in particular Eq. (4.37). O

4.3.2 Estimates on 9.y,

We now focus on getting estimates on 0, yj,.

Proposition 4.4. There exists a constant C independent of h > 0 such that any solu-
tion yy, of Eq. (4.7) satisfies
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”al)’h”L""(O,T;H*l(O,l)) <C (||)’2||L2(o,1) + ||Y}11HH—1(0,1> + th“Lz(OI)) . (445

Similarly as for Proposition 4.3, this result is obtained by duality, based on the
following identity: if ¢;, solves the adjoint wave equation (4.38) with source term
fu =gy with g, € L1(0,T;HL(0,1)), we have:

N T
hZ/O Vjinoigjndt = hz () 10191(0) = ¥} 46,.4(0))
=

+ / ¢Nh dr. (4.46)

The proof of Proposition 4.4 is sketched at the end of the section, since it is very
similar to the one of Proposition 4.3.
Hence, we focus on the following adjoint problem:

1
I Pjn— n (@i 10+ 0j—1.h—20j4] =g,

(t,j) € (0,T)x {1,...,N},  (4.47)
Qo (t) = Ony14(t) =0, 1€ (0,7),
¢;n(T)=0,0¢;0(T) =0, j=1,...,N.

We shall thus prove the following:

Lemma 4.2. For ¢y, solution of Eq. (4.47), there exists a constant C independent of
h > 0 such that

H‘Ph”Lw(o,T;H(} ©o.1) T ||al¢h(O)HL2(O,1) <C ”gh”Ll(OI;H(} (0.1)) (4.48)

Proof. To study solutions ¢y, of Eq. (4.47), it is convenient to first assume that gj, is
compactly supported in time in (0,7) and use the density of compactly supported
functions in time in L' (0, 7; H} (0, 1)).

Let us introduce y;, satisfying o, y;, = ¢y, which satisfies

and

ON 1

<C ”gh”L‘(OI;H(} 0,1)) - (4.49)
L2(0,T)

1
MnVYjn— 7 (Wistn+Vimin—2Win] =8&jn

(t,7) €(0,T) x {1,...,N},  (4.50)
Vou(t) = Wnpiu(t) =0, 1€ (0,T),
l[/]"h(T):O, a[l//j,h(T):O, j=1,...,N.

Obviously, using Lemma 4.1, we immediately obtain
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YN,

”Wh”L‘” 0,7;H3(0,1)) + ||atWhHL°° 0.7:22(0,1)) T H = Cth”Ll(O,T;Lz(OJ))

12(0,T)

<Cllgnllro7:m100.0))-

To derive more precise estimates on ¢, we multiply Eq. (4.50) by —(d;yj 14+

N1 —20,Wjn)

a ﬁi AV — AW Z@i Vit V=2’
i \2 & h 2 "

N

- 8itih—8&in\ [ OWirin—Wjn

=hY ( A ) ( h )

J=0 J=1

Arguing as in Eq. (4.43), this allows to conclude that

sup { Z<9zllf,+1hh 3:%}:) +§§<Wj+l,h+W2217h_2Wj7h)2}

t€[0.7] j=1
2

k
2
1/2
g/+1h 8j.h
( hz - )) dr | . 4.51)

Using Eq. (4.38) and d; y, = ¢, and again the equivalences proven in Sect. 3.2, we
deduce

100l L= (0,7 12 0.1)) + 195 Wi+ gnll = (0,7):22(0,1)) < Cllgnllo.7:12 0.1)) »

where we use the equation of ;. In order to get Eq. (4.48), we only use the fact that
gn(0) =0.

To deduce Eq. (4.49), we need to apply a multiplier technique on the Eq. (4.47)

directly.
Multiplying Eq. (4.47) by j(@; 14— ®j—1,,), we obtain, similarly as in Eq. (2.13),

T 3 N
| w35 [
0
T T N . — .
:/O Eh(t)dt—Xh(O)—h/O zjh(W) dginds,  (452)
=

where X, is as in Eq. (2.14). To derive Eq. (4.49), it is then sufficient to bound each
term in the right-hand side of this identity.

onalt) |
h

AOi1n—bin|
h
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First remark that

T T N ) e 2 T N
/Eh(t)dt:h/ 2(@) dt+h/ > 10:9jl7 d
0 0 j=o0 0 j=0

T N a . _a X 2 T N
i Z<Jﬂﬁu%_ﬂuﬁ arh [ vl

j—o Jj=0
2

_h/ <3zllfj+1h 9zllfjh> dt+h/ 2 (Wj+17h+llfli217h—2‘l’j,h> dr

T . + . —2v;
+h/0 Zgﬁ,hdwzh/o 2 ("’-’“”’ W;ﬂ”’ W"’h> gjndt.
=0 J0 5

In particular, from Eq. (4.51), we obtain

T T N )
Etdt—h/ - dr
, B [ 3

Let us then bound X;,(0). Since g,(0) =0,

< o ((9+14(0) = 9;-1,4(0)
o) =3, (PO ) 50,0

= 2h il jh <¢j+17h(0)2—h¢117h<0)) PR
S 0014(0) =i 14(0)\ [ Wit1.4(0) 4+ Wi_1.4(0) —2y;,(0)
=2h h .
%’( ) ( )

2
< Cllgllzro.r:m10.1)) -

h2
It follows then from Eq. (4.51) that
2
|Xh(0)| <C ”thLl(O,T;Hg 0,1)"

We now deal with the last term in Eq. (4.52):

T N q) _q).
1:=2h i (2L LR 56 dr
/01'_2‘1] ( % tgj,h

Integrating by parts we get
= —h/ 2 Gin((G+1)0gj410— (j—1)digj—1,4) dt

U Ohgiin—dg
_ _h/O z¢j7h ((a;gjl,h+atgj+1,h)+]h< tg,/+1,hh 18 j 1,h>) dr.
B j:1
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Taking into account that, by assumption, g,(0) = g,(T) =0,

_ rd [ 8j+1.h —8j—1.h
I=h A N 00jn( (gj—1h+8jr1n)+jh | Z——==2) ) dr.
JO =1

h

But d;9; » = 9 Y 4, and then Eq. (4.50) yields:
T N . .
(&1 h—&j—1.h
I = h/o > gjn ((gj17h+gj+l,h)+]h <—j+ — L )) dr
Jo 5

T N
LT Wi h—2Wip
+h /0 > <%+ w;lz = >(gj17h+gj+1,h)dt-
=1

TN /. . . . .
Vitth t Vi—ih =2Win\ ., [ &j+1h —8j—1h
h h dr.
- /0 ;( 2 / h

Since

Ty o (&j+1h—&j—1h
h A zgj,h (8j-1.h+8j+1n) + jh - dr
—h/ Zg/hg]+1hdt

due to estimates (4.51), we obtain

I— h/ Zg]hg/Jrlhdt

< CHgHLl 0,T3H}(0,1)) "

These estimates, combined with Eq. (4.52), finally give

/OT ¢N,Z(t) dt+h3 N/

—h/ 2 18jl* — 8jgj+1) dt

A1 h—bin|
h

2
< Cllglzror:m 0.1

or, equivalently,

¢N At

d 1+~ 2/ ]9t¢/+1h—3z¢;h’ dt

A

) 2 lgjr1.0—gjnl*d
0 j=0

< Cllglz oz 0. (4.53)

97



98 4 Convergence with Nonhomogeneous Boundary Conditions

Remark then that

N T ) T N )
hZ/ 09410 — 019 1] df—h/ N I8 —gjnl dt
o Jo 5

N T ’ T N )
:hZ/ |0n W1 — Wl dt—h/ S lgiin—gjnl de
j=070 0 j=o

T (Wit V=2V Vit V= 2y
=hy 5 — 5 dt
=Jo h h

N T
2.0t Win— 2V
+2h2/0 (WH Y Yo >(gj+1,h_gj,h)dtv
=0

h2
N T ; . ;
Virth+Wio1h—2Wjn
_ZhZ/ ( = ;lz ' 2 )(gj+l,h_gj7h)dt7
=00
with the notation y_; ;, = —y1 5 and Yyo 4 = —Yn

In view of Eq. (4.51), we have

N T ’ T N )
hZ/ |0:j 1.0 — 00 dt—h/ > lgjt1h—gjnl*dt
j=070 0 j=0

2
SC”g”Ll(

0,T;H} (0,1)) *
Estimate (4.49) then follows directly from Eq. (4.53). O
Proof (Proposition 4.4). Since yy, is a smooth function of time and space (recall that

vy, has been identified with its Fourier extension; see Sect. 3.2),

9 yall L= ((0,r): -1 0.1)) = sup AhYng-
geL!((0,7);H} (0,1)) 70
1

”gHLl((())T);H(%(O,l))
As in the proof of Proposition 4.3, we can take the supremum of the functions
g € L'(0,T;H}(0,1)) that are Fourier extensions of discrete functions. Therefore,
using Lemma 4.2 together with the duality identity (4.46), we immediately obtain
Proposition 4.4. a

4.4 Convergence Rates for Smooth Data

4.4.1 Main Convergence Result

Our goal is to show the following result:
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Theorem 4.7. Let (y°,y') € H}(0,1) x L*(0,1) and v € H'(0,T) be such that
v(0) = 0 and y the corresponding solution of Eq. (4.1) with initial data (y°,y') and
boundary condition v.

Then there exists a discrete sequence of initial data (yg, y,l,) such that the solution
yn of Eq. (4.7) with initial data (yg,y}l) and boundary data v satisfies the following
convergence rates:

e Convergence of yy,: the following convergence estimates hold:

sup. [34(6) =) <€ (600 gy o112 Wl ). 59
1€[0,T] 0

If we furthermore assume that v(T) = 0,

(™) =3z < 2 (|63 o+ 0l ). 459)

e Convergence of d,yy: the following convergence estimates hold:

sup (10, (1) = (1) -1 < O (|03 o+ Wl ) - 4:56)
1€[0,T] 0

Remark 4.3. The above convergences (4.54) and (4.56) may appear surprising since
the rates of convergence of the displacement and of the velocity are not the same
except when v(T') = 0. We refer to Sect. 4.4.2 for the details of the proof.

More curiously, the rates of convergence for the displacement are not the same
depending on the fact that v(T') = 0 or not. This definitely is a surprise. In the proof
below, we will see that this is due to the rate Eq. (4.22) of convergence of the normal
derivative for solutions of the Laplace operator.

The proof is divided in two main steps, namely one focusing on the convergence
of y, towards y and the other one on the convergence of d;y, to dy, these two
estimates being the object of the next sections.

Also, recall that under the assumptions of Theorem 4.7, the solution y of Eq. (4.1)
liesin C([0,T]; H'(0,1)), its time derivative d;y belongs to C([0,T];L*(0,1)) and Ay
to C([0,T|; H~1(0,1)).

As in the case of homogeneous Dirichlet boundary conditions, we will write
down

W=yt = sk (4.57)
k=1 k=1
whose H}(0,1) x L2(0,1)-norm coincides with

163 [z = 2 PR+ T [5H2 < o
k=1 k=1
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We will then choose the initial data (y),y}) of the form

N N
= 5wk yh= mnwk. (4.58)

4.4.2 Convergence of y,

Proposition 4.5. Under the assumptions of Theorem 4.7, taking (yg, y},) as in
Eq. (4.58), we have the convergences (4.54) and Eq. (4.55).

Proof. To estimate the convergence of yj, to y at time 7, we write

1
-0l = s { o -smerf. @9
R
TL2(0,1)S

We thus fix ¢7 € L%(0,1) and compute

IR (4.60)

We expand ¢r on its Fourier basis:

=3 o, D] <o (4.61)
k=1 k=1

4.4.2.1 Computation of fol ¥(T)or

Let us now compute fol y(T)¢r. In order to do that, we introduce ¢ solution of

01t ® — A =0, (t,x) € (0,T) x (0,1),
o(t,0)=¢(r,1)=0, r€(0,7), (4.62)
@(T) =0, (T ):

Then, multiplying Eq. (4.1) by ¢, we easily obtain

/y ¢T—/ ()xq)(rldr+/ ¥03,9(0) /y<p (4.63)

But v(t) = [ dv(s)ds, thus yielding

/OT v(t)oup(,1)dr = ./O'T av(t) (/IT (s, 1) ds) dr.
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We therefore introduce @(t) = j,T @(s)ds. One then easily checks that

1 T 1 1
/Oy(T)q)T:./O 8,v(t)8x¢>(t,l)dt—/0 y08,,<15(0)—|—./0 Vo, @(0

where @ solves

0@ — e ®=—¢r, (t,x) €(0,T)x(0,1),
D(t,0)=d(1,1)=0, t€(0,7),
D(T)=0, 3,®(T)=0.

We also introduce z7 the solution of

— xeT:q)Ta OD(O,l), ZT(O):ZT(l):O,

so that
Y=z
satisfies
altql_axle:Oa (tvx) € (OvT) X (071)
¥(,0)=Y(,1)=0, re(0,T),
Y(T)=zr, d¥(T)=0.
and

1 T 1 1
/0 W(T)or :/0 (1), 1) dr — /0 W03, (0) + /0 Vo w (0

+/0T (1) duzr (1) d

and, using that z7 is independent of time,

1 T -1 1
/ W(T)or = / (1) 9 (1,1) dr — / V03, ¥(0) + / Va0
JO JO JO JO

+v(T)oxzr (1).

4.4.2.2 Computation of fol yu(T)or

Expanding y,(T) in discrete Fourier series, we get

1 1
/O)’h(T)¢T:/ T)rn= hZ)’/h )9;. T

101

(4.64)

(4.65)

(4.66)

(4.67)

(4.68)

(4.69)
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where
N ~
dirn= 2wk, je{l,....N}. (4.70)
k=1
Then, similarly as in Eq. (4.64), we can prove

1 T Dy py N N
/0 wn(T)or = — /0 9:"0)7’ dt—h Zly(;,han @;,(0)+h Zly,}',hat @, ,(0),
: : = j=

4.71)
where @, is the solution of

1
0 @iy — 7 (@10 —2D@jp+ DPj14) = =0T,

(t,/) € (0,T)x{1,....N},  (4.72)
Do (1) = Pyy1(t) =0, t€(0,7),
®,(T) =0, 0,®;(T) = 0.

Note that, due to the orthogonality properties of the Fourier basis, we can write
& 0
—hzyj‘,hazt‘p/h +h2)’j 10 @;n(0 / Y09 @3 (0 +/ Y10, @3 (0)
Jj=1

1 1
_/0 yoat,(Dh(O)-i-/O ylatq)h(o)a

and thus Eq. (4.71) can be rewritten as

1 T @
/Oy,,(T)¢T:—/O av(r) ﬂdt—/ 09, @, (0 +/ y'9,®,(0).  (4.73)

Then setting
zrh = (=41 s (4.74)

we obtain

1 T lPN,h 1 0 1 !
[ nmer == [ avo =t a= om0+ [ yamo) @15
IN,T.h

h k)

—v(T)
where W, is the solution of

1
On¥jn— 2 (leJth—Z‘Pj’h—l— 'P/'fl,h) =0,
(0,7) x{1,....,N},  (4.76)
Fo,1(t) = Hyi1,n(t) =0, 1€ (0,T)
¥ (T) = zr.n, %¥(T) = 0.
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4.4.2.3 Estimating the Difference [y y(T)¢r — fg yu(T)or
First, since z7 solves the Laplace equation (4.66), zr € H*NH{(0,1) and
||ZT||H2mH(§ ~ |72
Since ¢7 € L*(0,1), using Theorems 4.1 and 4.3,

||zz.n —erHl < Chl|or]l,2, 4.77)

Z
dezr (1) N”’ < CcVh|gr||2- (4.78)
Hence using Proposition 3.8, we obtain

sup H (lIIh; atlflha aﬂlflh) - (lIIa 8l‘lII; atllII)HHl xI2xH!
1€[0,7] 0

< Ch?*3||or]|2 - (4.79)

W
+ 0¥ (e, 1)+ (1)
h 2(0.7)

We thus deduce that

‘/ ov(t) (—+a ¥(r,1 )dt—i—./olyo(&,,‘f’h(O)—8,,‘1”(0))
- [v@ano —a,ﬂo»' <2 1gr ]2 (0% ggsezz + Wl ) -

According to Egs. (4.69), (4.75), and the bound Eq. (4.78), this implies

‘/ T))or

(f Iv(T >|+h2/3<H<y°,yl>H,W+anm)) lorlze.

Using now identity (4.59), we obtain the following result:
Iyn(T) =¥l 2 < € (VAT + 3 005 gz + 7))
which implies that, if v(7') =0,
I (T) =Tz < O (1| 6° ") g+ ¥l )

whereas otherwise

I3n(T) = 3(T)lz <€ (200 g gz + VAW ) -
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4.4.2.4 Conclusion

Note that all the above estimates hold uniformly for 7" in bounded intervals of time.
This concludes the proof of Proposition 4.5. a

4.4.3 Convergence of dsyy,

Proposition 4.6. Under the assumptions of Theorem 4.7, taking (yg, y,l,) as in
Eq. (4.58), we have the convergence (4.56).

Proof. The proof of Proposition 4.6 closely follows the one of Proposition 4.5 and
actually it is easier. We first begin by the following remark:

1 1
(1) =9l = sp L [ a(rior— [ axrior |
‘PTGH(% JO JO

H¢T”H(%§1

Hence we fix ¢r € H}(0,1). We expand it in Fourier series:

=Y o', with 977 = Zkz %> (4.80)
k=1

k=1

We thus introduce

N ~
Orn =3, G’

k=1
Using the fact that d,y;, belongs to the span of the N-first Fourier modes,

1 1
| am(mior = [ an(myors. 4.81)
0 0

Hence we are reduced to show

1 1
‘/ 8ty(T)¢T—/ Iyn(T)9rn
JO 0

< P (6% 3 ez + 170 ) Nr - (4.82)

Again, we will express each of these quantities by an adjoint formulation and
then relate the proof of Eq. (4.82) to convergence results for the adjoint system.
Indeed,

/&y ¢T—/ v(1)okp(r,1) dr—/ ¥03,9(0) +/ Vo0),  (4.83)
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where ¢ solves

i — @ =0, (tvx) € (OvT) X (071)7
o(1,0) = ¢(1,1) =0, t€(0,7), (4.84)
(@(T), 0 (T)) = (¢r,0).

Then, introducing @(r) = [” ¢(s)ds, we easily check that @ solves

O @ — I ®@ =0, (t,x) € (0,T) x (0,1),
D(1,0) = d(1,1) =0, t€(0,T), (4.85)
(®(T),0:P(T)) = (0,—¢r).

Besides, identity (4.83) then becomes

1 T 1 1
/ a(T)or = / (1) A D(1,1) di + / 103, ®(0) — / Vo ®(0).  (4.86)
0 0 0 0

Similarly, we have

1 T Dy 1 N L
[ an(@ors == [ avi =L @ya+ [ o 0)= [ siai0), @87
where @), solves

1
7 (i1 p+ i1 p—2@j) =0,
(t,7) € (0,T) x{1,...,N},  (4.88)
Dy (1) = Dy 4(t) =0, t€(0,T),
(D(T), 0, DPy(T)) = (0,— 7).
Also remark that, since ¢ is formed by Fourier modes smaller than N, @, has

this same structure. Due to the orthogonality properties of the Fourier basis and the
choice of the initial data in Eq. (4.58), we have

atl ‘Dj,h -

1 T Dy ), - '
[ an(@ons=— [ avi =X @yars [ o000~ [y ai0). @489
We are thus in the setting of Proposition 3.8 since ¢r € H(% and one easily checks

|07 — 07,2 < Ch 1071 -
‘We thus obtain

()]
sup [/(3, @y, 0 ®y) — (3D, 3 D)|| 2, 1 + ||0xD(1,1) + %’%)

t€[0,7]

L2(0,T)
< Ch*3 | or|| il (4.90)
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Then, using the identities (4.86) and (4.89), we get

1 T
‘ / (T pr — / dn(T)or
0 0

< o7y (16°5)gezz + Wt ) - “91)

Combined with Eq. (4.81), this easily yields Eq. (4.82). O

4.4.4 More Regular Data

In this section, our goal is to explain what happens for smoother initial data (y°,y!)
and v, for instance, for (y°,y') € H2NHL(0,1) x H}(0,1) and v € H*(0,T) with
v(0) = d,v(0) = 0. More precisely, we are going to prove the following:
Theorem 4.8. Let (g € {1,2} and fix (,°,y') € H§(0,1) x H(0,1) and v €
H*1(0,T) satisfying v(0) = dv(0) = 0 if o = 1, or v(0) = 9v(0) = J,v(0) =0 if
by=2. Let (yg,y}l) be as in Eq. (4.58) and y;, the corresponding solution of Eq. (4.7)
with Dirichlet boundary conditions vy, = v.
Then there exists a constant C > 0 independent of h > 0 and t € [0, T such that:
e For the displacement yy, for all t € [0,T),

Iyn(o) = ¥(o)l,2 < Crot 7 (\!<y°7y1>\!,,;g)+lxﬂgg) ! |V|Hzo+l<o,r>)
+Ch'2|u(1)). (4.92)

e For the velocity d,yy, for allt € [0,T],

1903 (1) = Ay (1)l g1 < CHP0 3 <||(y0,yl)||Hfg)“XH(fg) + ||v||Hzo+l<o,T)>
+Ch2|9(1)]. (4.93)

Proof. The proof follows the one of Theorem 4.7.

Let us then focus on the convergence of the displacement and follow the proof of
Proposition 4.5. We introduce ¢7 € L?(0,1), zr as in Eq. (4.66), ¥ the solution of
the homogeneous wave equation (4.68) with initial data (z7,0) and, similarly, ¢7 , as
in Eq. (4.70), zr, as in Eq. (4.74), and ‘¥, the solution of the discrete homogeneous
wave equation (4.76) with initial data (z74,0). Since z7 € H(ZO) (0,1) and ||zr ||H(20) o~

l|¢7 |2, applying (4.15), we get
ez —zr|| 2 <CP* |97z (4.94)

Proposition 3.8 then applies and yields
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1(0: ¥, 9 i) — (¥, 01 ¥) o1 SCHOTE oo

HH’[O xH

In particular,

’./Olyo(&z%(()) —9P(0)) - ./Olyl(a,%(O) - a,ly(o»’

<R B o[ 1600 (4.95)

‘ fo+1_ il -
Hgy xH)

According to identities (4.69) and (4.75), we shall then derive a convergence

estimate on ’ ”
t
/ o (8x‘f’(t, 1)+ %()) dr.
Jo

In order to do that, we write d;v = jé dyv and introduce

é(t):/tT'P(s)ds, g,,(;):/thf,,(s)ds,

so that
/OT 3 (aﬂl(r’ 1)+ IHVT"(I)> dr = /OT Av (&é (r,1)+ W) dr.

Of course, £ and &), can be interpreted as solutions of continuous and discrete wave
equations: & solves

o0& — € =0, (t,x) € (0,T) x (0,1)

x) € (
E(,0)=£&(t,1) =0, t€(0,7T), (4.96)
é(T) =0, até(T = —Zr,

whereas &, solves

1
I &jn— 0 (&j1n—2&0+&i-10) =0,

J) € (
go,h(t) - &NJrl,h(t) = 0’ re (OvT)a
En(T) =0, d&u(T) = —zr.n-

Then, due to Eq. (4.94), the convergence results in Proposition 3.7 yield

0k + SO < g .

12(0,T)
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This implies in particular that

/OT v (axav(t, 1)+ %T”(t)) dr

Hence, if ¢y = 1, i.e., ()0, € H(20> (0,1) x Hly(0,1) and v € H*(0,T) with
v(0) = d;v(0) = 0, combining Egs. (4.95) and (4.98) in identities (4.69) and (4.75),
we get

< CI*3 | or |2 19Vl 12(0,7) - (4.98)

||yh(T) _y(T)”LZ(OJ) < Ch*’3 (H(yo’yl)HH(zo)xH(lo) + HVHHZ(OI)) +Ch1/2|v(T)|.
(4.99)

The Case £y = 2. In this case, v € H>(0,T), we introduce { = [ & and §, =
T &, so that

/OT av (axlp(t, 1)+ WNZ(I)) dt = /OT Oy <3xC(t, 1)+ CN‘;’I(”> dr. (4.100)

Obviously, the function { can be characterized as the solution of a wave equation,
namely,

04 € — 0wl =zr, (1,x) € (0,T) x (0,1)
£(,0)=¢(,1)=0, re(0,7), (4.101)
§(1)=0, 9,4(T) =0.

We thus introduce wr solution of

a)cxWT =Zr, On (071)7 WT(O) :WT(l) :07 (4102)
so that
E=C—wr
solves
& —0.C =0, (t,x) € (0,T) x (0,1)
£(,00=¢(t,1)=0, 1€(0,T), (4.103)
&(T)=wr, {(T)=0
Doing that
T T -
/0 v L (1,1)di = /0 v L (1,1)dt — dowr (1) v(T). (4.104)

Similar computations can be done for ;. We thus obtain that

T T ?
/ OtV cNJl (t) dr = / AtV cNJl (t) dr — YN ath(T)u (4.105)
0 h 0 h h
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where wr ;, = (Ap)~! zr,, and &, solves

3n5j,h—% (ngth_zgj,h"' gjfl,h) =0,

_ 3 (t,/) € (0,T)x{1,....N},  (4.106)
Con(t) = Cn+1.4(t) =0, 1€ (0,T)

Gu(T) =wrp, 9G(T) =

We now derive convergence estimates. Recall first that zz € H (20> (0,1) and the con-

vergences (4.94). Since zr € H(ZO), setting Zr, its projection on the N-first Fourier
modes, we have

ez —zrll 2 < CHllarllg < Ch lorl),z 4.107)

Setting Wz, = (A) 'z 4, Theorems 4.4 and 4.5 yield

IN

bwr =rall g < CH llarllg, < CHlorlz2,

—_— (4.108)

h

A

8wa(1) +

O orl g, < CH 2.
According to the estimate (4.94), we thus have
HZTJI _ZTJlHL2 < cr’ HZTHH(ZO) < Ch’ llorl;2 -

Using then estimate (4.21),

< C ozl

WNTh  WNTh
h T h

and thus
WN.Th

dowr (1) + 28| < R g 2 (4.109)
Besides, due to Eqs. (4.94) and (4. 107),
ez — 21| 2 < CR* |97 ),2
which readily implies
lwrn— WT,hHH(; <CR* 97|z,
and thus, by Eq. (4.108),
W _WTHH(} <CI || or |2 -

Using then Proposition 3.6,

a0+ 80| <arforle, @110

12(0,T)
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Combined with the convergences (4.109) and (4.110), identities (4.100), (4.104),
and (4.105) then imply

/OT o <8X‘P(t, )+ IPN;l'(t)> dt‘

< C? ||l 2 |Gl 2+ Ch? (|9 [| 2 |0 (T) < CH* [ 0r |2 V]l - (4111

Combining Eqgs.(4.95) and (4.111) in identities (4.69) and (4.75), we get
Eq. (4.92) when ¢y = 2.

The proof of the estimate (4.93) on the rate of convergence for d,yj, relies on very
similar estimates which are left to the reader. a

4.5 Further Convergence Results

As a corollary to Theorems 4.6 and 4.7, we can give convergence results for any
sequence of discrete initial data (y2, y}l) and boundary data vy, satisfying

lim [[(575.33) = 0% 21 =0 and lim [lvy —v] 207y =0 (4.112)
Proposition 4.7. Let (y°,y') € L?(0,1) x H~'(0,1) and v € L*(0,T). Then con-
sider sequences of discrete initial data (yg,y}l) and vy, satisfying Eq. (4.112). Then
the solutions yy, of Eq. (4.7) with initial data (yg, y,ll) and boundary data vy, con-
verge strongly in C([0,T];L*(0,1))NC"'([0,T]; H1(0,1)) towards the solution y of
Eq. (4.1) with initial data (¥°,y") and boundary data v as h — 0.

Proof. Similarly as in the proof of Proposition 3.5, this result is obtained by us-
ing the density of H}(0,7) in L?(0,T) and of H}(0,1) x L2(0,1) in L?(0,1) x
H~'(0,1). We then use Theorem 4.7 for smooth solutions and the uniform stability
results in Theorem 4.6 to obtain Proposition 4.7. Details of the proof are left to the
reader. O

Another important corollary of Theorem 4.7 is the fact that, if the initial data
(°,y!) belong to HY(0,1) x L?(0,1) and the Dirichlet data v lies in H} (0,T), any
sequence of discrete initial (yg, y},) and Dirichlet data v;, satisfying

10838 = 6% 9| 2mr + v = vill 20,7y < Coh?, (4.113)

for some constant Cy uniformin >0 and 6 > 0, yield solutions y;, of Eq. (4.7) such
that yy, (T') approximates at a rate h™™2/3.9} the state y(T), where y is the continuous
trajectory corresponding to initial data (y°,y!) and source term v.

Proposition 4.8. Ler (y0,y') € H}(0,1) x L?(0,1) and v € H}(0,T) and consider
sequences (9,y}) and vy, satisfying Eq. (4.113).
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Denote by yy, (respectively y) the solution of Eq.(4.7) (resp. (4.1)) with initial
data (9),y}) (resp. (°,y')) and Dirichlet boundary data v, (resp. v).
Then the following estimates hold:

[GA(T),0yn(T)) = (T), (Tl 12 11
<cn’l? (H()’Oa)’l)HdeLz + HvHH(;(o,T)) +CCoh®. (4.114)

Remark 4.4. In the convergence result Eq. (4.114), we keep explicitly the depen-

dence in the constant Cy coming into play in Eq.(4.113). In many situations, this

constant can be chosen proportional to ||(y*,y")|| 1, ;2 + V]l 13 (o,r)- In particular,
i :

in the control theoretical setting of Chap. 1 and its application to the wave equation
in Sect. 1.7, this dependence on Cy is important to derive Assumption 1 and more
specifically estimate (1.29).

Proof. The proof follows the one of Proposition 3.7. The idea is to compare y with
V1, the solution of Eq. (4.7) constructed in Theorem 4.7 and then to compare J; and
v, by using Propositions 4.3 and 4.6. a

Remark 4.5. Note that under the assumptions of Proposition 4.8, the trajectories
yu converge to y in the space C([0,7];L?(0,1))NC'([0,T];H~'(0,1)) with the
rates (4.54)—(4.56) in addition to the error Coh?.

Of course, Proposition 4.8 is based on the convergence result obtained in Theo-
rem 4.7. Similar results can be stated based on Theorem 4.8, for instance:

Proposition 4.9. Let (o € {0,1,2}. Let (,°,y') € Hy™(0,1) x H(0,1) and v €

Hgo+1 (0,T) and consider sequences (),y,) and vy, satisfying Eq. (4.113).

Let (yg,y}l) as in Eq.(4.58) and yy, the corresponding solution of Eq. (4.7) with
Dirichlet boundary conditions v,

Denote by yy, (respectively y) the solution of Eq. (4.7) (resp. Eq. (4.1)) with initial
data (9,y}) (resp. (3°,y")) and Dirichlet boundary data v, (resp. v).

Then the following estimates hold:

(T, Ahyn(T)) = (V(T), y(T))| 2 g1

4
< et <||(y°,y1>||,,(fg)+1 ity + V00 (O’T)> +CCh?. (4.115)
Remark 4.6. Proposition 4.9 can then be slightly generalized for ¢y € [0,2] by inter-
polation.
4.6 Numerical Results

In this section, we present numerical simulations and evidences of Proposition 4.9.
Since our main interest is in the non-homogeneous boundary condition, we focus
on the case (y°,y!) = (0,0) and (Y, y}) = (0,0).
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We fix T = 2. This choice is done for convenience to explicitly compute the
solution y of Eq. (4.1) with initial data (0,0) and source term v. Indeed, for T =2,
multiplying the equation (4.1) by ¢ solution of Eq. (3.2) with initial data (¢, ') €
H{(0,1) x L?(0,1) and using the two-periodicity of the solutions of the wave equa-
tion (3.2), we obtain

2

[ 30 wa- [ aneea= [ vnaet)a.

Based on this formula, taking successively (¢°, @') = (w,0) and (0, wk) and solv-
ing explicitly the equation (3.2) satisfied by ¢, we obtain

y2)=Y <\/§(—1)k /O ® () sin(kt) dt> Wk,

k

aIn2) =Y <\/§(—1)k“kn /0 zv(t)cos(knt)dt) wh.

k

We will numerically compute the reference solutions using these formulae by re-
stricting the sums over k € {1,..., Ny} for a large enough Ns. We will choose
Nier = 300 for N varying between 50 and 200.

We then compute numerically the solution y, of Eq.(4.7) with initial data
(»),y}) = (0,0) and source term v(¢).

Of course, we also discretize the equation (4.7) in time. We do it in an explicit
manner similarly as in Eq. (3.45). If y';l denotes the approximation of yj, solution of
Eq. (4.7) at time kAt, we solve

0
k+1 ko k-1 24 ok Ar\? k k
Vho =20, — (A) Ay, — n F, F' = O
v(kAr)

The time discretization parameter At is chosen such that the CFL condition is
At/h = 0.3. With such low CFL condition, the effects of the time-discretization
can be neglected.

We run the tests for several choices of v and for N € {50,...,200}:

vi(t) =sin(mr), 1€(0,2), () =sin(nr)?, 1€(0,2),
v3(t) = sin(mr), 1€(0,2), va(t) =1t, 1 €(0,2),
vs(t) = tsin(mt), t€(0,2).

In each case, we plot the L?-norm of the error on the displacement and the H~'-norm
of the error on the velocity versus N in logarithmic scales: Fig. 4.2 corresponds to
the data v;. We then compute the slopes of the linear regression for the L?-error
on the displacement and for the H~'-error on the velocity. We put all these data in
Table 4.1.
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4 42 44 46 48 5 52 T4 42 44 46 48 5 52
Fig. 4.2 Plots of the errors versus N in logarithmic scales for v;. Left, the L2(0,1)—err0r
lva(T) —y(T)| ;2 for T = 2: the slope of the linear regression is —1.96. Right, the H~'(0, 1)-error

[10:yn(T) — Ayy(T)|| -1 for T = 2: the slope of the linear regression is —1.98.

Table 4.1 Numerical investigation of the convergence rates.

Data Computed L slope Computed H~! slope Exp. L? slope Exp. H~ ! slope
V| —1.96 —1.98 —2 —2
V2 —1.87 —1.70 —5/3~ —5/3~
V3 —0.99 —0.95 —1- —1-
V4 —0.97 —0.95 —1/2 -1~
Vs —1.82 —1.47 —5/3~ —3/2

Columns 2 and 3 give the slopes observed numerically (respectively, for the L2-error on the dis-
placement, for the H~!-error on the velocity), whereas columns 4 and 5 provide the slopes (re-
spectively, for the L?-error on the displacement, for the H~!-error on the velocity) expected from
our theoretical results

Table 4.1 is composed of five columns. The first one is the data under considera-
tion. The second and third ones, respectively, are the computed slopes of the linear
regression of, respectively, the L>-error on the displacement and for the H~!-error
on the velocity. The fourth and fifth columns are the rates expected from the analysis
of the data v and Proposition 4.9:

® V| € Hg (0,2): we thus expect from Eq. (4.115) a convergence of the order of 42,
This is indeed what is observed numerically.
e v, is smooth but its boundary condition vanishes only up to order 1. Hence

V€ Hg /2-¢ (0,2) forall € > 0 due to the boundary conditions. Using Remark 4.6,
the expected slopes are —5/3~, which is not far from the slopes computed
numerically.

e The same discussion applies for v3, which belongs to Hg / 278(0, 2) forall € > 0.
Hence the expected slopes are —1~, which again are confirmed by the numerical
experiments.

e 4 almost belongs to Hg / 278(0, 2) except for what concerns its nonzero value at
t = 2. But the value of v is an impediment for the order of convergence only for
the displacement; see Theorem 4.8. We therefore expect a convergence of the
L2-norm of the error on the displacement like /%, whereas the convergence of
the H~'-norm of the error on the velocity is expected to go much faster, as 2! .
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The numerical test indicates a good accuracy on the convergence of the H~!-
norm on the velocity error. The convergence of the L?-norm of the displacement
is better than expected.

e Vs is smooth and satisfies v5(0) = d;vs(0) = 0 and vs(2) = 0 but dyvs(2) # 0.
According to Theorem 4.8, we thus expect that the L?-norm of the error on the

displacement behaves as when vs belongs to Hg/zi (0,1),i.e.,as w3, However,

the H~'-norm of the error on the velocity should behave like h3/2 according to
Eq. (4.93). This is completely consistent with the slopes observed numerically.

In each case, the numerical results indicate good accuracy of the theoretical
results derived in Theorem 4.8 and Proposition 4.9.



Chapter 5
Further Comments and Open Problems

5.1 Discrete Versus Continuous Approaches

We have developed the time-continuous and space discrete approaches for solving
a control problem (and a data assimilation one) and we have proved that:

e The continuous approach works well for a limited number of iterations. In other
words, the error between the continuous control and the approximated one de-
creases for a number of iterations. But, if one goes too far in the iteration process,
beyond a threshold that theory predicts, the result can be completely misleading.
Indeed, one eventually converges to a discrete control that is far away from the
continuous one because of the high-frequency spurious oscillations. Thus, getting
precise estimates on the threshold in the number of iterations is very important.
But this is hard to do in practical applications since this requires, in particular,
explicit bounds on the observability constants, something that is unknown in gen-
eral and in particular for problems with variable coefficients, multidimensional
problems with complex geometries, etc.

The main advantage of the continuous approach is that it can be applied by
simply combining the control theoretical results of the continuous model and the
numerical convergence results for the initial-boundary value problem without
any further study of the control theoretical properties of the numerical approxi-
mation scheme.

e The discrete approach yields good results after a given number of iterations (very
close to the one of the continuous approach) and has the great advantage that
the error keeps diminishing as the number of iterations increases. Thus there
is no risk in going beyond any threshold in the number of iterations. However,
guaranteeing that the discrete approach converges, contrarily to the continuous
approach, requires the study of the control theoretical properties of the discrete
systems and, in particular, the proof of a uniform observability result, uniformly
with respect to the mesh size. This requires a good understanding of the dynam-
ics of the solutions of numerical schemes and often careful filtering devices to
eliminate the high-frequency spurious oscillations.

S. Ervedoza and E. Zuazua, Numerical Approximation of Exact Controls for Waves, 115
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e The main advantage of the discrete approach is that one may consider faster
minimization algorithms, like conjugate gradient methods or more sophisti-
cated ones, which converge often much faster. This justifies why the thorough
study of uniform observability properties still is a major issue when numerically
computing controls.

5.2 Comparison with Russell’s Approach

The steepest descent algorithm applied in the continuous setting using the HUM
approach leads to the following sequence of solutions of the adjoint problem

k—1
o* = <Z (I—pAT)-"> pYo,

j=0

which, as k tends to infinity, approximates the solution of the adjoint system deter-
mining the exact control. Indeed, when letting k — oo, we get

lim ¢ = (1= (1= pA7)) ™' pyo = A7 'y0.
Of course, this holds when the operator (I — pAr) is of norm strictly smaller than 1.
This is precisely implied by the assumption that p > 0 is small enough and the fact
that Ar is positive definite; see (1.47).
On the other hand, the approach developed in [9], inspired in Russell’s iteration,
which allows to get the control as a consequence of the stabilization property, leads
to (see also [25] in the context of data assimilation)

=Y (Lr)"o0,
>0

where Ly is an operator of £(X) of norm strictly smaller than 1 and Ly is computed
through the resolution of two wave equations (one forward and one backward) on
(0,T) (where T > T*) with a damping term.

The numerical method proposed in [9] then follows the same strategy as our
so-called continuous approach:

e Study the convergence of the sequence ¥ = Z'j:O(LT)j Yo, in the spaces X and

Z(A). At this stage, the authors use that BB* maps Z(A%/?) into Z(A).

e Approximate L7 by some discrete operator Ly, based on the natural approxima-
tions of the wave equation.

e Compare ¥§, = 2’;:0 (Lrn) yon with Hf.

e Optimize the choice of k.

The method in [9] enters in the class of continuous methods. Note however that

the continuous approach we proposed, inspired in HUM rather than on Russell’s
principle, does not require BB* to map Z(A%/?) into Z(A).
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In the continuous setting, the algorithm based on the time-reversal approach
derived in [29] when recovering a source term is very close to Russell’s approach:
indeed, it corresponds to computing iterates of an operator of norm strictly smaller
than one and deduced from the resolution of two dissipative wave equations. In that
context, one easily understands that the approach in [25] enters the framework of
the continuous approach based on [29].

5.3 Uniform Discrete Observability Estimates

The discrete approach relies in an essential manner upon the uniform observability
estimates (1.37) of the semi-discrete approximations of the continuous model, i.e.,
Assumption 3, which, as we have said, is not an easy task to prove in practice.

In particular, to our knowledge, there are only few results which hold in general
geometric settings and for regular finite-element method (not necessarily on uni-
form meshes), namely the ones in [12, 41]. However, these two works do not yield
estimates on the time under which uniform observability holds. This is due to their
strategy, based on resolvent estimates as a characterization of observability; see for
instance [40]. The scale of filtering employed in these works to guarantee uniform
discrete observability estimates is very likely not optimal. Its improvement is an
interesting open problem.

Therefore, getting uniform observability estimates still is a challenging issue
when considering general geometric setting guaranteeing the observability inequal-
ity (1.5) of the continuous model, in particular with respect to the time and the scale
of filtering required for guaranteeing uniform discrete observability estimates.

5.4 Optimal Control Theory

Optimal control problems and the design of feedback control systems are topics
that are closely related to the questions we have analyzed. Similarly to the numer-
ical algorithms for exact control problem we studied here, we could also address
the problem of numerically computing feedback control operators. As one could
expect, getting discrete optimal feedback controls which converge to the continuous
one usually requires the so-called uniform stabilizability property (see [19, 30, 32]),
ensuring that the exponential decay rate of the energy of the solutions, both contin-
uous and discrete, is bounded from below uniformly with respect to the mesh-size
parameter. This issue is very closely related to the uniform discrete observability
estimates (1.37). In [14], following the approach of [26], we explained how dis-
crete observability inequalities can be transferred into uniform stabilizability results
for the corresponding damped equations by the addition of a suitable numerical
viscosity. This should provide convergent approximations of optimal feedback op-
erators, as it has been done in [44].
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However, to our knowledge, getting explicit rates on the convergence of these
feedback controllers is an open problem.

5.5 Fully Discrete Approximations

Our approach is very general and can also be applied to fully discrete systems under
very similar assumptions. For instance, one can formulate the analogs of Assump-
tions 1 and 2 that take into account the required convergence properties of the fully
discrete numerical approximation scheme, whereas Assumption 3 consists of a uni-
form (with respect to the space-time mesh-size parameters) observability result for
the fully discrete systems.

Note that, according to the results in [18], the corresponding fully discrete
version of Assumption 3, which reads as uniform observability estimates for the
fully discrete system, can be deduced as a consequence of the time-continuous
(and space discrete) analogs.
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